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This study examines the comparison between traditional and AI-driven recruitment 

methods for leadership roles within Indian Human Resource Management (HRM). The 

purpose of the research is to evaluate the efficiency, cost-effectiveness, and impact of 

these recruitment strategies, with a particular focus on leadership hiring. A quantitative 

approach is employed, utilizing surveys administered to HR professionals, to assess key 

recruitment metrics such as time-to-fill positions, quality of hire, employee retention, and 

recruitment costs. 

The findings reveal that traditional recruitment methods, including job portals, recruiting 

agencies, and campus recruitment, continue to dominate in leadership hiring, with high 

familiarity and trust among HR professionals. However, while these methods are 

effective, they are also time-consuming and costly. On the other hand, AI-driven 

recruitment methods such as resume screening, video interviewing, and automated 

scheduling show potential in improving recruitment efficiency, particularly for frontline 
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roles. However, AI’s ability to evaluate behavioral and leadership competencies is still 

limited, especially for complex leadership roles. 

The study also assesses the financial aspects of both recruitment methods, showing that 

traditional recruitment incurs high direct and indirect costs due to manual processes and 

lengthy hiring cycles. In contrast, AI recruitment requires significant upfront investment 

but offers long-term cost savings by automating repetitive tasks and reducing reliance on 

large recruitment teams. However, organizations must overcome challenges related to AI 

adoption, including technological infrastructure, data privacy concerns, and a lack of AI 

expertise. 
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CHAPTER I:  

INTRODUCTION  

 

1.1 Background of Study  

Leadership recruitment has long been recognized as a critical function within 

Human Resource Management (HRM), directly influencing an organization’s strategic 

growth, employee productivity, and long-term sustainability. Traditionally, organizations 

have relied on conventional hiring methods such as executive search firms, professional 

networking, internal promotions, and competency-based interviews to identify and recruit 

leadership talent. These methods, while widely practiced, are often time-consuming, 

costly, and susceptible to human biases. Additionally, the evolving nature of business 

environments, rapid digitalization, and globalization have necessitated a shift towards 

more efficient and data-driven hiring practices. In India, where leadership talent is in high 

demand across industries such as IT, banking, and manufacturing, the effectiveness of 

traditional hiring methods is being questioned. Organizations are increasingly exploring 

technology-driven alternatives to improve recruitment efficiency, reduce biases, and 

enhance decision-making. 

With advancements in artificial intelligence (AI), recruitment processes have 

undergone a significant transformation. AI-driven recruitment solutions leverage machine 

learning algorithms, natural language processing (NLP), and predictive analytics to 

streamline talent acquisition. Automated applicant tracking systems (ATS), AI-based 

psychometric assessments, and intelligent candidate screening tools are now being 

integrated into leadership hiring strategies to enhance efficiency and improve candidate-

job matching. Unlike traditional recruitment, AI-based methods promise data-driven 

decision-making, faster processing of applications, and reduced recruiter bias. In the 
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Indian HRM landscape, AI-powered recruitment is increasingly being adopted by 

multinational corporations and large enterprises to optimize leadership hiring. However, 

the extent to which AI outperforms traditional recruitment practices in leadership hiring 

remains an area of ongoing academic and industry debate. 

Despite the promise of AI-based recruitment, concerns remain regarding its 

ability to assess leadership capabilities effectively. Traditional hiring methods allow 

human recruiters to evaluate qualitative traits such as emotional intelligence, strategic 

thinking, adaptability, and leadership vision—factors that may not be accurately assessed 

by AI-driven algorithms. Additionally, AI hiring systems rely on large datasets for 

training, and their effectiveness is dependent on the quality of the data used. Concerns 

about algorithmic transparency, ethical considerations, and potential biases in AI-driven 

hiring further complicate its widespread adoption. While AI enhances efficiency and 

scalability in leadership recruitment, its limitations in assessing non-quantifiable 

leadership competencies raise questions about its reliability as a standalone recruitment 

tool. This necessitates a comparative analysis of AI-driven and traditional recruitment 

strategies to determine their relative effectiveness in hiring for leadership positions. 

The Indian corporate sector presents unique challenges in leadership recruitment. 

The demand for skilled leaders has increased with the growth of industries such as 

technology, e-commerce, and finance. However, organizations continue to struggle with 

leadership succession planning, talent shortages, and high attrition rates. Traditional 

recruitment methods often face limitations in identifying and attracting high-quality 

candidates efficiently, while AI-driven hiring is still in its early stages of adoption, with 

organizations encountering challenges related to implementation, data privacy, and 

acceptance among HR professionals. The lack of empirical research comparing the 

effectiveness of AI-driven and traditional recruitment methods in Indian HRM highlights 
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the need for a data-driven, quantitative assessment to determine which approach offers 

superior outcomes in leadership hiring. 

Given these considerations, this study adopts a quantitative approach to 

systematically compare the effectiveness of traditional and AI-driven recruitment 

strategies for leadership roles in Indian HRM. The research will evaluate key 

performance indicators such as time-to-hire, cost-effectiveness, leadership retention, and 

hiring success rates using statistical methods. Through a structured empirical analysis, the 

study aims to provide objective insights into the strengths and limitations of both 

recruitment approaches. The findings will contribute to HRM literature and offer 

practical recommendations for HR professionals and business leaders seeking to optimize 

their leadership recruitment strategies in an increasingly AI-driven environment. 

 

1.2 Evolution of Leadership Recruitment in HRM 

Over the past two decades, traditional leadership recruitment practices have 

significantly transformed due to rapid technological advancements in Human Resource 

Management (HRM). Historically, leadership hiring relied on manual screening, 

newspaper advertisements, and executive search firms. However, introducing Artificial 

Intelligence (AI), data analytics, and digital recruitment platforms has reshaped how 

organizations identify and evaluate leadership candidates. 

According to Nyathani (2022), AI-powered recruitment has become essential to 

HR digital transformation. Organizations now leverage AI for resume screening, 

predictive analytics, and chatbot-driven candidate engagement, reducing time-to-hire 

while enhancing efficiency. This transition from manual screening to automated AI-

driven assessments has streamlined the selection of leadership candidates, ensuring that 

only the most qualified individuals are shortlisted (Nyathani, 2022). 
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Similarly, Husen et al. (2024) highlight that adopting e-HRM systems and AI-

enhanced decision-making has become a strategic necessity for organizations aiming to 

stay competitive. These digital tools personalize candidate assessment, reduce bias, and 

enhance predictive hiring metrics, allowing recruiters to make data-driven hiring 

decisions (Husen et al., 2024). 

A notable evolution in traditional recruitment has been the rise of virtual hiring 

and remote assessments. Rama et al. (2024) argue that the COVID-19 pandemic 

accelerated the adoption of AI-driven video interviews and remote assessment centres, 

allowing leadership candidates to undergo virtual evaluation processes. This shift has 

enabled organizations to expand their talent search globally, breaking geographical 

barriers in leadership recruitment (Rama et al., 2024). 

Social media and employer branding have also become more critical in leadership 

hiring. According to Tharani (2024), organizations now leverage LinkedIn, Glassdoor, 

and company career pages to build strong employer brands, attract top talent, and conduct 

passive hiring. This marks a significant departure from traditional reliance on recruitment 

agencies and job postings (Tharani, 2024). 

Another key advancement is the integration of psychometric and behavioural 

assessments in leadership recruitment. Biea et al. (2023) discuss how AI-driven 

personality assessments, cognitive tests, and gamified leadership simulations have 

replaced traditional subjective interview methods. These tools enhance objectivity and 

allow companies to evaluate candidates' strategic thinking, emotional intelligence, and 

problem-solving skills (Biea et al., 2023). 

Furthermore, Fulzele et al. (2022) emphasize the impact of Information and 

Communication Technology (ICT) on recruitment in specialized industries like 

petroleum and gas. Organizations now use cloud-based HR platforms, digital job fairs, 



 
 

5 

and AI-powered reference checks to optimize leadership hiring processes (Fulzele et al., 

2022). 

Despite these advancements, challenges remain. Tayal et al. (2023) caution that 

while AI-driven recruitment brings efficiency, ethical concerns, data privacy issues, and 

potential biases in AI algorithms must be carefully managed (Tayal et al., 2023). 

 

1.3 The Rise of AI in Recruitment: A Transformational Shift 

Integrating Artificial Intelligence (AI) in recruitment has revolutionized 

leadership selection by enhancing decision-making efficiency, reducing hiring costs, and 

improving candidate evaluation. Traditional human-led hiring relies on subjective 

judgment, personal biases, and time-intensive screening processes. At the same time, AI-

driven recruitment automates and optimizes resume screening, candidate assessments, 

and predictive hiring analytics. However, despite these advancements, AI recruitment 

systems must balance efficiency with ethical considerations, transparency, and human 

oversight. 

One of AI recruitment's most significant efficiency gains is reduced hiring time. 

AI-powered Natural Language Processing (NLP) and Predictive Analytics allow HR 

professionals to screen and match leadership candidates with high accuracy, significantly 

cutting down recruitment timelines. Research by Biradar et al. (2024) indicates that AI-

driven hiring has reduced recruitment time by up to 85% in some companies while 

lowering costs by 30%. Similarly, AI tools improve hiring accuracy and retention rates, 

ensuring that leadership selections align with long-term organizational goals. 

AI also enhances candidate assessment by integrating machine learning models 

that evaluate past hiring data, performance metrics, and leadership competencies 

(Shenbhagavadivu, Poduval & Vinitha, 2024). Unlike traditional hiring methods that 
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heavily depend on manual resume screening and interviewer intuition, AI recruitment 

systems rely on data-backed insights to predict leadership potential, ensuring more 

objective and efficient selection decisions. In a study on AI implementation in multi-

company recruitment practices, AI-driven tools significantly increase diversity in hiring 

outcomes and improve candidate experiences by eliminating human biases (Biradar et al., 

2024). 

Moreover, AI recruitment is particularly effective in leadership hiring because it 

analyses vast candidate pools and identifies high-potential candidates (Jha, Jha & Gupta, 

2020). AI-based applicant tracking systems (ATS) efficiently filter out unqualified 

applicants, allowing HR professionals to focus on high-calibre leadership candidates. AI 

recruitment also incorporates behavioural and psychometric assessments, providing 

comprehensive candidate profiling based on workplace behaviour, leadership style, and 

cognitive abilities (Yassine & Said, 2023). 

Despite these advantages, AI-driven recruitment presents challenges, particularly 

regarding ethical concerns and potential algorithmic bias. AI models depend on historical 

hiring data, which may reinforce biases rather than eliminate them if not correctly 

monitored (Paramita, Okwir & Nuur, 2024). Additionally, while AI expedites hiring, 

some organizations express concerns that the human element in leadership hiring is 

diminished, leading to misalignment with corporate culture and values. Research suggests 

that AI should not replace human decision-making entirely but rather act as a 

complementary tool that enhances hiring accuracy while maintaining HR oversight (Odili 

et al., 2024). 

The integration of Artificial Intelligence (AI) in recruitment, particularly through 

Natural Language Processing (NLP) and Predictive Analytics, has significantly 

transformed leadership candidate evaluation and selection in Indian Human Resource 
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Management (HRM). AI-driven tools enhance efficiency, reduce biases, and offer data-

backed insights. However, challenges such as algorithmic bias and ethical concerns 

persist, requiring continuous refinement of AI models to ensure fair and transparent 

hiring practices. 

AI has streamlined leadership candidate evaluation by automating screening 

processes, enhancing decision-making accuracy, and improving efficiency (Norman & 

Pahlawati, 2024). AI-driven Natural Language Processing (NLP) enables recruiters to 

analyze resumes and job descriptions, extracting key competencies, leadership potential, 

and cultural fit (Khan, Hussain & Ahmad, 2023). These systems facilitate data-driven 

decision-making, ensuring that leadership roles are filled by the most qualified candidates 

rather than those with the strongest personal networks. AI also plays a crucial role in 

predictive analytics, evaluating historical hiring data, performance metrics, and 

leadership attributes to forecast a candidate’s potential success in an organization. This 

technology reduces subjectivity in hiring decisions and ensures a more structured 

approach to leadership selection. 

One of the key advantages of AI recruitment technologies is their ability to 

minimize unconscious bias in hiring decisions (Thakur, Hinge & Adhegaonkar, 2023). AI 

systems assess candidates purely based on skills, experience, and behavioral patterns, 

reducing subjective factors like gender, ethnicity, and age that often influence hiring 

decisions (Kshetri, 2021). AI-enabled blind hiring mechanisms, such as automated 

resume screening and structured AI interviews, ensure merit-based leadership selection. 

However, despite these advancements, algorithmic bias remains a concern. If AI is 

trained on historically biased data, it may reinforce discriminatory patterns rather than 

eliminate them. For instance, Amazon’s AI-driven recruitment system was found to favor 
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male candidates due to training on male-dominated historical hiring data. This highlights 

the importance of continuous monitoring and bias mitigation strategies in AI recruitment. 

Despite its benefits, AI in recruitment presents several challenges, particularly 

concerning data accuracy and transparency. AI models require high-quality, unbiased 

training data to function effectively. If the data is skewed, it may create false positives or 

negatives in leadership hiring (Norman & Pahlawati, 2024). Moreover, concerns 

regarding data privacy and ethical AI adoption have emerged as organizations 

increasingly rely on AI for candidate evaluation and decision-making (Mujtaba & 

Mahapatra, 2019). Another major challenge is the lack of human touch in leadership 

hiring. While AI can analyze structured data efficiently, soft skills assessment, leadership 

intuition, and cultural fit evaluation still require human judgment (Sasi, 2024). Thus, AI 

should complement rather than replace human decision-making in leadership selection. 

 

1.4 Traditional vs. AI-Based Recruitment: A Comparative Examination 

The emergence of AI-driven recruitment models has significantly transformed 

leadership hiring, bringing notable improvements in efficiency, accuracy, and cost-

effectiveness when compared to traditional hiring approaches. Traditional recruitment 

heavily relies on manual screening, networking, and subjective judgment, whereas AI-

driven models leverage machine learning, predictive analytics, and natural language 

processing (NLP) to automate and optimize leadership selection processes. 

One of the most significant advantages of AI recruitment is its efficiency in 

handling large volumes of applicants within a short time. Biradar et al. (2024) found that 

AI-driven hiring reduced recruitment time by up to 85% in major corporations, a 

significant improvement over traditional manual hiring processes. Similarly, Kurek et al. 

(2024) highlight that zero-shot recommendation AI models enhance job-candidate 
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matching, making AI recruitment far more scalable than human-led methods. Traditional 

hiring, in contrast, is time-intensive and labor-intensive, requiring HR professionals to 

manually sift through resumes, conduct interviews, and evaluate leadership potential. 

While traditional methods may allow for personalized candidate engagement, they lack 

scalability when processing large applicant pools. 

Another key area where AI-driven recruitment surpasses traditional methods is 

accuracy in candidate evaluation. AI models use predictive analytics and machine 

learning to analyze historical hiring data, leadership competencies, and performance 

metrics, enabling data-backed decision-making. Prasad (2024) reports that AI-driven 

talent acquisition systems improved predictive hiring performance, achieving an accuracy 

score of 8.4/10 compared to 5.8/10 in traditional hiring. On the other hand, traditional 

recruitment methods often rely on intuition and subjective assessments, which can lead to 

inconsistencies and hiring biases. Soni (2024) emphasizes that AI improves equity and 

transparency in hiring decisions by reducing human biases and standardizing candidate 

evaluation criteria. However, AI is not completely free from bias, as algorithms trained 

on historical hiring data may inadvertently replicate discriminatory patterns, making bias 

mitigation strategies essential (Mujtaba & Mahapatra, 2024). 

AI-driven recruitment also demonstrates greater cost-effectiveness by reducing 

manual labor, optimizing candidate selection, and minimizing hiring costs. Biradar et al. 

(2024) found that AI decreased recruitment expenses by up to 30%, primarily by 

automating repetitive HR tasks such as resume screening, skill matching, and interview 

scheduling. Traditional recruitment, however, involves higher costs due to its reliance on 

HR personnel, recruitment agencies, and extended hiring cycles. Expenses related to job 

advertisements, travel for leadership interviews, and interview panel costs make human-

led hiring a financially demanding process. 
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Despite these advantages, AI-driven recruitment presents challenges related to 

algorithmic bias, data privacy, and ethical considerations. Soni (2024) warns that while 

AI reduces explicit human biases, it can still inherit biases from past hiring data, 

reinforcing inequalities if not carefully managed. Mujtaba & Mahapatra (2024) highlight 

the need for fairness audits, transparency in AI decision-making, and regular bias 

mitigation efforts to prevent unethical hiring outcomes. Moreover, Prasad (2021) argues 

that AI-driven models lack human intuition and emotional intelligence, which are critical 

for leadership hiring. Traditional recruitment, while less efficient and costlier, allows HR 

professionals to assess leadership intuition, cultural fit, and interpersonal skills, which AI 

may struggle to evaluate effectively. 

Adopting AI-assisted recruitment tools has significantly altered how recruiters 

make decisions compared to manual assessment methods. The key differences lie in 

cognitive workload, decision accuracy, bias reduction, and behavioural tendencies during 

recruitment. While traditional hiring relies heavily on intuition, personal experience, and 

subjective judgment, AI-driven recruitment leverages data analytics, machine learning, 

and automation to enhance decision-making efficiency. 

One of the significant cognitive differences between AI-assisted and manual 

recruitment is the processing of information and candidate assessment. AI-driven systems 

filter and rank candidates based on pre-defined metrics such as skills, experience, and 

behavioural traits. Uttarwar et al. (2019) highlight that AI-based recruitment tools reduce 

human cognitive load by automating repetitive screening tasks, allowing recruiters to 

focus on high-value decision-making rather than time-consuming manual resume 

evaluations. In contrast, traditional recruitment relies on human judgment, which can lead 

to fatigue, cognitive biases, and inconsistent assessments. 
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Another key difference is in bias reduction and objectivity in decision-making. AI 

recruitment models are designed to eliminate human biases by standardizing the hiring 

process. Seppälä & Małecka (2024) argue that AI technologies challenge conventional 

biases in recruitment by enforcing standardized evaluation criteria rather than relying on 

gut feelings or unconscious bias. However, AI is not entirely free from bias, as Soleimani 

et al. (2021) found that cognitive biases in AI systems often emerge from biased training 

datasets, leading to potential algorithmic discrimination. In contrast, manual assessment 

methods allow recruiters to override system-generated biases and introduce subjective 

and non-standardized decision-making. 

The behavioural aspect of recruitment also changes with AI integration. 

Traditional hiring often involves interpersonal interactions, interviews, and subjective 

assessments of candidate fit. AI-based systems, however, utilize personality recognition 

algorithms, video analysis, and automated behavioural assessments to determine 

leadership potential. Kamble & Kulkarni (2022) found that AI-driven behavioural 

assessments using convolutional neural networks (CNNs) achieved above 95% accuracy 

in recognizing personality traits, demonstrating that AI can standardize behavioural 

profiling more efficiently than human-led assessments. 

Another key cognitive shift is in decision confidence and recruiter autonomy. AI-

assisted recruitment provides data-backed recommendations, reducing uncertainty in 

hiring decisions. However, Kaya & Bogers (2023) highlight that some recruiters express 

reluctance to rely entirely on AI recommendations, as they lack trust in AI-generated 

results and prefer human intuition for final hiring decisions. This reluctance suggests that 

a hybrid recruitment approach may be the most effective model, where AI assists but 

does not replace human judgment. 
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1.5 Challenges in Leadership Hiring: An Indian Contextual Analysis 

Leadership talent acquisition in Indian Human Resource Management (HRM) 

faces unique industry-specific challenges across manufacturing, IT, finance, and the 

automobile sectors. Key barriers include skill shortages, outdated recruitment processes, 

high attrition rates, and biases in leadership selection. AI-driven recruitment solutions 

offer potential improvements by automating hiring workflows, enhancing candidate 

assessment, and optimizing talent acquisition strategies. 

One of the significant challenges in manufacturing and SMEs is the lack of 

affordable leadership talent. Many small and medium enterprises struggle with high 

hiring costs, resistance to digital HR solutions, and inadequate leadership training 

frameworks. According to Subramanian, Suresh & Shah (2024), Indian SMEs face 

structural difficulties in talent acquisition, particularly when transitioning to modern 

HRM systems post-pandemic. Without AI-powered recruitment tools, many firms lack 

the capability to efficiently assess and attract skilled leaders. 

Similarly, the automobile industry in India faces challenges in developing digital 

leadership for the era of Industry 4.0. As highlighted by Gouda & Tiwari (2024), the 

shortage of IT-skilled leaders, inefficient HRM technologies, and weak industry-

academic collaboration prevent automobile companies from securing leadership talent 

with the necessary technical and strategic expertise. The slow adoption of AI-driven 

workforce planning tools has further widened this skills gap, making it difficult for 

companies to identify, train, and retain high-potential leaders. 

In the Indian IT sector, the rapid pace of technological evolution has resulted in 

high attrition rates and stiff competition for leadership talent. IT firms struggle with 

delayed hiring cycles, inefficient leadership evaluation processes, and a lack of structured 

leadership pipelines. Ganguly (2024) notes that the growing demand for tech-driven 
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leadership in IT has created a leadership vacuum, with many companies failing to secure 

long-term executive talent. Additionally, Nawaz (2019) found that many Indian IT firms 

still rely on slow, manual recruitment methods, which increase hiring costs and delay 

strategic workforce planning. 

The finance sector, particularly banking, faces another set of barriers in leadership 

hiring. Many banks still depend on legacy recruitment frameworks and outdated selection 

processes, leading to a narrow leadership talent pool. According to Srivastava (2023), 

public sector banks in India struggle with limited access to diverse leadership candidates, 

slow hiring processes, and inefficient decision-making models. This has made it difficult 

for financial institutions to attract leaders with expertise in digital banking, fintech, and 

risk management. 

AI-driven recruitment solutions offer significant potential in overcoming these 

industry-specific barriers. In manufacturing and SMEs, AI can reduce hiring costs and 

improve leadership pipeline management by automating talent assessment, tracking 

leadership development, and predicting future workforce needs. AI-powered HRM tools 

provide data-driven insights on leadership potential, helping businesses streamline hiring 

and career progression planning (Subramanian, Suresh & Shah, 2024). 

For the automobile industry, AI can address the leadership skills gap by 

integrating workforce analytics and predictive hiring technologies. Gouda & Tiwari 

(2024) suggest that AI-driven recruitment models can analyze leadership competencies in 

real-time, ensuring that candidates with digital transformation skills and strategic vision 

are shortlisted for leadership roles. By utilizing AI-powered assessment tools, automobile 

firms can enhance talent agility and transition smoothly into Industry 4.0. 

In IT, AI-driven applicant tracking systems (ATS), machine learning-based 

candidate matching, and AI-powered leadership assessment tools can significantly 
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improve hiring efficiency. Nawaz (2019) found that AI-driven recruitment reduced hiring 

timelines in IT companies, allowing HR teams to shortlist candidates faster, match 

leadership skills accurately, and optimize hiring budgets. AI can also enhance succession 

planning in IT leadership, ensuring that organizations have a steady pipeline of future 

executives. 

For finance and banking, AI-based recruitment solutions can help expand the 

leadership talent pool and reduce hiring biases. Srivastava (2023) emphasizes that AI-

powered predictive analytics and NLP-based candidate screening can significantly 

improve leadership selection efficiency, allowing banks to attract digitally proficient 

leaders with expertise in fintech, regulatory compliance, and risk management. 

The adoption of AI recruitment tools in Indian firms has significantly altered 

traditional hiring processes, particularly in leadership recruitment. While AI-driven tools 

enhance efficiency, candidate evaluation, and bias reduction, their integration has faced 

organizational resistance and mixed acceptance among HR professionals. Key concerns 

include trust in AI decision-making, fear of job displacement, and the complexity of AI 

system integration. 

One of the primary sources of resistance comes from HR professionals' reluctance 

to fully trust AI-driven hiring decisions. Many recruiters in Indian firms believe that AI 

lacks human intuition, emotional intelligence, and the ability to assess cultural fit. 

According to Mehrotra & Khanna (2022), HR managers in IT firms expressed skepticism 

about AI’s ability to evaluate leadership candidates beyond their technical qualifications, 

leading to a preference for manual intervention in final hiring decisions. Additionally, HR 

professionals often struggle with the transparency of AI models, as AI-driven 

recommendations are not always clearly explainable, making recruiters hesitant to rely 

solely on these tools. 
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Another major factor contributing to resistance is the fear of job displacement. As 

AI takes over resume screening, initial candidate assessments, and predictive hiring 

analytics, HR professionals worry about their roles becoming obsolete. Nawaz (2019) 

found that AI-driven hiring systems have partially replaced human intervention in 

recruitment processes in Indian software firms, leading to concerns about job security and 

reduced decision-making autonomy. However, Amuthan & Arumugam (2022) argue that 

AI adoption does not necessarily replace HR professionals but instead restructures their 

role, allowing them to focus on strategic workforce planning and leadership development 

rather than administrative tasks. 

Organizational challenges in AI adoption also include the cost of AI 

implementation and the need for upskilling HR teams. Many Indian firms, especially in 

traditional industries such as manufacturing and finance, find it difficult to integrate AI 

recruitment tools due to budget constraints and a lack of digital infrastructure. Prasad 

(2021) highlights that AI-driven hiring systems require ongoing technical support, 

training, and continuous monitoring to ensure unbiased decision-making, adding to 

operational complexities. 

Despite these challenges, AI recruitment tools have also seen positive acceptance 

in leadership hiring, particularly among data-driven organizations. Ochmann & Laumer 

(2020) found that organizations that successfully implemented AI-driven hiring 

experienced higher efficiency in candidate shortlisting, improved hiring accuracy, and 

reduced unconscious bias in leadership selection. AI-based predictive analytics and 

Natural Language Processing (NLP) tools allow HR professionals to identify leadership 

potential based on structured competency models, leading to more objective and 

evidence-based hiring decisions. 
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1.6 Performance Metrics for Evaluating Leadership Recruitment Strategies 

The integration of AI-driven recruitment methods has significantly influenced key 

performance indicators (KPIs) such as time-to-hire, retention rates, and leadership 

effectiveness. By utilizing predictive analytics, Natural Language Processing (NLP), and 

machine learning, AI-based recruitment systems enhance efficiency, improve candidate-

job matching accuracy, and contribute to leadership success in organizations. 

One of the most notable impacts of AI recruitment is the reduction in time-to-hire. 

Traditional hiring processes often involve manual screening, multiple interview rounds, 

and lengthy decision-making, leading to delays in leadership acquisition. In contrast, 

Biradar et al. (2024) found that AI recruitment reduced time-to-hire by up to 85% in 

leading corporations such as Unilever, IBM, and Siemens. This acceleration was 

achieved through the use of AI-powered applicant tracking systems (ATS), automated 

resume screening, and AI-based video interviews, which eliminated human biases and 

administrative bottlenecks. Similarly, Sasi (2024) reported that AI recruitment reduced 

hiring cycles by 40% by enabling faster shortlisting and scheduling automation, allowing 

HR teams to focus more on strategic decision-making rather than repetitive 

administrative tasks. 

AI recruitment has also demonstrated a positive correlation with retention rates, 

particularly in leadership positions. Many organizations face high turnover rates due to 

poor candidate-job fit and leadership misalignment. AI-driven tools help predict long-

term candidate success by analyzing historical employee performance data, leadership 

competencies, and organizational culture fit. According to Biradar et al. (2024), AI 

recruitment improved leadership retention rates by 16% as organizations were able to 

select candidates whose skills, values, and growth potential matched company needs. In 
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the IT sector, AI recruitment helped reduce offer rejections and increased candidate 

engagement, leading to better onboarding success and lower early attrition rates. 

In terms of leadership effectiveness, AI enhances the accuracy of talent 

identification and executive performance forecasting. Nawaz (2019) conducted a study 

on AI recruitment in CMMI-level software firms in Bangalore and found that AI-based 

selection processes improved leadership hiring accuracy by 30% compared to traditional 

methods. This improvement was attributed to structured leadership assessments, AI-

driven competency mapping, and predictive performance analytics, which helped 

organizations make data-driven hiring decisions. Additionally, Soni (2024) developed an 

AI-powered hiring framework that analyzed behavioral traits, work history, and 

leadership potential and found that AI-based recruitment models outperformed human-

led assessments by 25% in identifying effective leaders. 

The integration of AI-driven recruitment analytics has revolutionized how 

organizations measure and predict leadership success. By leveraging predictive analytics, 

machine learning, and HR data analytics, AI enables companies to assess leadership 

potential, performance metrics, and long-term success factors with greater accuracy and 

efficiency. AI-driven insights not only optimize leadership hiring but also improve 

succession planning and leadership development strategies. 

One of the key advantages of AI recruitment analytics is its ability to process 

large volumes of candidate data and identify high-potential leaders. Shenbhagavadivu, 

Poduval & Vinitha (2024) highlight that AI-powered tools improve candidate assessment 

accuracy by utilizing natural language processing (NLP) and predictive modeling. These 

tools analyze past leadership performance, behavioral tendencies, and key competencies 

to predict how well a candidate will succeed in an executive role. This approach helps 
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HR teams reduce reliance on intuition-based hiring and instead make data-driven 

leadership selections. 

AI also enhances performance prediction in leadership roles by identifying 

patterns in successful leaders’ career trajectories. Natarajan et al. (2024) found that AI-

driven predictive analytics can forecast leadership effectiveness by examining factors 

such as decision-making skills, adaptability, and historical job performance. By applying 

machine learning algorithms, AI recruitment analytics provides organizations with 

customized leadership success indicators, ensuring that only the most suitable candidates 

are promoted or hired. 

Another major benefit of AI in leadership hiring is its role in improving retention 

and succession planning. Sasi (2024) discusses how AI-based recruitment analytics can 

identify early indicators of leadership turnover risk, allowing companies to proactively 

engage and retain top executives. By analyzing workforce trends, engagement metrics, 

and performance feedback, AI tools help HR professionals develop leadership 

development programs that align with organizational goals and employee career 

aspirations. 

Furthermore, AI enhances diversity and inclusion in leadership hiring by 

removing unconscious biases from recruitment decisions. Raji et al. (2024) found that AI-

assisted recruitment increases representation of diverse leadership candidates by focusing 

on skills and competencies rather than demographic characteristics. AI-driven analytics 

also ensure equal opportunities in executive hiring, leading to a more inclusive and high-

performing leadership team. 
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1.7 Strategic Implications of AI in Leadership Recruitment 

AI-enabled recruitment processes have significantly transformed talent 

acquisition, workforce diversity, and leadership pipeline development. Organizations 

leveraging machine learning, predictive analytics, and AI-driven hiring tools benefit from 

greater efficiency, improved candidate-job matching, and long-term succession planning. 

However, AI adoption raises concerns about algorithmic bias, transparency, and HR 

adaptation to AI-driven decision-making. 

One of the key advantages of AI in talent acquisition is its ability to enhance 

efficiency and precision in candidate selection. Traditional recruitment processes often 

involve manual resume screening, subjective hiring decisions, and lengthy timelines. 

Prasad (2024) found that AI-powered recruitment systems achieved an 8.4/10 efficiency 

score compared to 5.8/10 in traditional hiring, demonstrating AI's superiority in candidate 

sourcing, screening accuracy, and predictive talent analytics. AI tools streamline hiring 

by automating resume parsing, job-candidate matching, and interview scheduling, 

allowing HR professionals to focus on strategic talent management rather than 

administrative tasks. 

AI-driven recruitment also plays a pivotal role in workforce diversity and 

inclusion. Many organizations struggle with unconscious bias in hiring decisions, which 

can result in a lack of representation in leadership roles. Liu & Murphy (2022) highlight 

that AI-enabled hiring frameworks, when designed with bias mitigation algorithms, 

significantly improve gender diversity in IT workforce recruitment. By utilizing blind 

resume screening, structured AI-led interviews, and diversity-focused candidate 

assessment models, AI recruitment tools promote fairness and inclusivity. However, AI 

systems must be regularly audited to prevent algorithmic bias that may reinforce existing 

hiring disparities. 
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Another critical area where AI provides strategic value is leadership pipeline 

development. Organizations often struggle with succession planning and leadership 

forecasting, leading to reactive hiring rather than proactive talent management. Natarajan 

et al. (2024) found that AI-powered predictive analytics for talent management helped 

organizations identify high-potential leaders early, optimize training programs, and 

improve executive retention rates. AI recruitment tools assess behavioural patterns, 

leadership competencies, and career progression trends, enabling companies to develop a 

future-ready leadership pipeline rather than relying on external executive searches. 

Furthermore, AI-enabled recruitment allows organizations to future-proof their 

workforce by integrating skills-based hiring. As industries evolve, AI-driven hiring 

ensures that candidates are selected based on emerging skills, digital competencies, and 

adaptability rather than relying on traditional qualification-based hiring models. Takhi, 

Gosain, and Singh (2020) emphasize that AI-enabled Kaizen-driven talent acquisition 

improves workforce planning and alignment with long-term business goals, making 

recruitment more data-driven and performance-oriented. 

Integrating AI-based hiring models in Indian enterprises has transformed 

organizational decision-making and workforce planning strategies. AI-driven recruitment 

leverages predictive analytics, machine learning, and automated data processing to align 

hiring practices with long-term talent acquisition goals and business objectives. However, 

while AI offers efficiency, challenges related to fairness, algorithmic bias, and recruiter 

trust remain critical considerations. 

One of the primary advantages of AI-enabled hiring is its ability to optimize 

workforce planning through data-driven decision-making. Purohit & Banerjee (2024) 

highlight that AI-based recruitment enhances hiring efficiency, reduces hiring biases, and 

improves alignment with corporate workforce strategies. By analyzing historical hiring 
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data, employee performance metrics, and talent availability, AI recruitment tools provide 

real-time insights for workforce forecasting. Indian firms adopting AI hiring solutions 

benefit from automated candidate screening, faster hiring cycles, and predictive analytics 

that help anticipate future leadership and talent needs. 

AI also plays a critical role in decision-making efficiency in recruitment 

processes. Traditional HR hiring models rely on manual resume screening and subjective 

assessments, which can be time-consuming and inconsistent. AI-based hiring models, on 

the other hand, use Natural Language Processing (NLP) and algorithmic matching to rank 

candidates based on skills, experience, and job fit. Hu (2023) examines Unilever’s AI-

powered recruitment system, demonstrating significant cost and time savings while 

improving HR performance. The study found that AI-assisted hiring resulted in a more 

streamlined and objective decision-making process, allowing HR teams to focus on 

strategic workforce planning rather than administrative screening. 

Another strategic advantage of AI hiring models is their ability to enhance 

employee referral programs and optimize internal workforce mobility. Choudhary & 

Pandita (2024) propose an Agile-AI Referral Optimization Framework (AROF) that 

leverages AI to strengthen employee networks, reduce recruitment costs, and improve 

candidate quality. By integrating AI-based referral models, Indian enterprises can reduce 

hiring risks, promote internal talent mobility, and ensure a diverse leadership pipeline. 

However, despite its benefits, AI hiring models present challenges in fairness and 

transparency. Krishnakumar (2019) highlights that AI recruitment decisions, though data-

driven, may inadvertently reinforce biases embedded in historical hiring practices. The 

study emphasizes the importance of AI fairness assessments to ensure that algorithmic 

hiring models maintain diversity, equity, and compliance with Indian labour regulations. 
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1.8 Research Problem 

Recruitment practices in Indian Human Resource Management (HRM) have 

evolved significantly, particularly in the hiring of leadership roles. Traditionally, 

organizations have relied on methods such as manual resume screening, referrals, job 

postings, and networking to identify suitable candidates. While these approaches have 

been fundamental to talent acquisition, they are often criticized for being time-

consuming, subjective, and prone to biases. Additionally, traditional recruitment methods 

frequently lead to long hiring cycles, increased costs, and inconsistencies in candidate 

evaluation, posing significant challenges in selecting the most suitable leadership talent 

for organizations operating in a highly competitive and dynamic business environment. 

The introduction of Artificial Intelligence (AI)-driven recruitment strategies has 

been heralded as a transformative shift in HRM. AI-powered recruitment tools leverage 

machine learning, natural language processing (NLP), and predictive analytics to 

automate various aspects of hiring, including resume screening, candidate ranking, and 

interview scheduling. These technologies are designed to enhance recruitment efficiency 

by reducing time-to-hire, improving candidate-job fit, and eliminating unconscious biases 

in decision-making. Despite these potential benefits, concerns persist regarding data 

privacy, algorithmic bias, lack of human intuition, and resistance to AI adoption among 

HR professionals. Moreover, leadership hiring requires an assessment of soft skills, 

strategic thinking, and cultural fit, elements that AI-driven tools may not fully capture 

with the same depth as traditional human-led evaluation processes. 

A critical gap exists in understanding the comparative effectiveness of traditional 

versus AI-driven recruitment strategies in leadership hiring within the Indian HRM 

context. While research has examined AI’s role in entry-level and mid-level recruitment, 

its effectiveness in leadership hiring remains underexplored, particularly through a 
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quantitative lens. The Indian HRM landscape presents unique challenges and 

opportunities, with some industries—such as IT, banking, and pharmaceuticals—

demonstrating high AI adoption readiness, while others, particularly traditional and 

government-driven sectors, face technological and cultural constraints in integrating AI 

into recruitment. Additionally, organizations must navigate ethical dilemmas, regulatory 

considerations, and the skepticism of HR professionals and business leaders regarding 

AI’s reliability in executive hiring decisions. 

Given these complexities, it is essential to conduct a quantitative assessment 

comparing traditional and AI-driven recruitment strategies to determine their 

effectiveness in leadership hiring within Indian HRM. Key areas requiring empirical 

evaluation include recruitment efficiency, cost-effectiveness, retention rates, candidate 

experience, diversity, and employer branding. Without data-driven insights, organizations 

risk making recruitment decisions based on assumptions rather than empirical evidence. 

Therefore, this study aims to bridge this research gap by providing a systematic and 

quantitative comparison of both recruitment paradigms, equipping HR professionals, 

policymakers, and business leaders with the knowledge needed to optimize leadership 

hiring practices in the evolving Indian HRM sector. 

 

1.9 Purpose of Research  

The purpose of this research is to conduct a quantitative assessment of traditional 

and AI-driven recruitment strategies for leadership roles within Indian Human Resource 

Management (HRM). As the recruitment landscape evolves, organizations are 

increasingly seeking efficient, cost-effective, and unbiased hiring solutions to secure top 

leadership talent. Traditional recruitment methods, including manual resume screening, 

referrals, and structured interviews, have long been used to assess leadership candidates. 
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However, these approaches often suffer from time inefficiencies, subjectivity, and high 

costs, limiting their effectiveness in a competitive job market. The emergence of 

Artificial Intelligence (AI)-driven recruitment has introduced data-driven decision-

making, automation, and predictive analytics, promising enhanced efficiency and 

inclusivity in leadership hiring. Despite these advancements, the comparative 

effectiveness of these two recruitment paradigms remains underexplored, particularly in 

the Indian HRM context. 

This study aims to analyze and compare the efficiency, cost-effectiveness, and 

long-term impact of traditional and AI-driven recruitment practices on leadership hiring. 

Specifically, it seeks to evaluate key recruitment metrics such as time-to-hire, retention 

rates, candidate-job fit, and organizational return on investment (ROI). Furthermore, the 

research will assess the readiness of Indian HRM to adopt AI in leadership recruitment, 

examining factors such as technological infrastructure, HR professionals' acceptance, and 

industry-specific challenges. By adopting a data-driven approach, this study intends to 

provide empirical insights into the benefits, limitations, and practical implications of AI 

adoption in executive recruitment. 

Additionally, the research seeks to identify challenges and opportunities 

associated with implementing AI-driven hiring solutions. Issues such as data privacy 

concerns, algorithmic bias, and resistance to automation will be explored to understand 

their impact on AI adoption in leadership hiring. Through a quantitative research 

methodology, the study will collect survey and financial data from HR professionals and 

organizations across diverse industries in India to quantify recruitment efficiency, hiring 

success rates, and organizational preparedness for AI adoption. 

Ultimately, this research aims to provide actionable recommendations for HR 

practitioners, policymakers, and business leaders, enabling them to make informed 
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decisions on optimizing recruitment strategies for leadership roles. By bridging the gap 

between academic research and industry application, the study will contribute to 

enhancing strategic HRM practices, fostering AI adoption in leadership recruitment, and 

ensuring that hiring processes align with organizational growth objectives. 

 

1.10 Significance of the Study  

This study is significant as it provides both academic insights and practical 

implications for recruitment strategies in Indian Human Resource Management (HRM), 

specifically in leadership hiring. As organizations continue to explore efficient and cost-

effective recruitment methods, understanding the comparative impact of traditional and 

AI-driven hiring strategies becomes crucial. The increasing reliance on Artificial 

Intelligence (AI) in talent acquisition has introduced both opportunities and challenges, 

necessitating a data-driven evaluation of its effectiveness in leadership recruitment. By 

conducting a quantitative comparative analysis, this research aims to provide empirical 

evidence that can guide HR professionals, business leaders, and policymakers in 

optimizing recruitment practices. 

From an academic perspective, this study addresses a critical gap in HRM 

research by offering a comprehensive analysis of AI-driven recruitment for leadership 

roles. While prior research has explored AI’s role in general hiring, limited studies have 

quantitatively compared its impact on leadership hiring outcomes. This study contributes 

to HRM literature by evaluating key recruitment metrics such as time-to-hire, retention 

rates, cost efficiency, and leadership effectiveness. Additionally, it examines the 

readiness of Indian organizations to adopt AI-driven hiring solutions, shedding light on 

technological, organizational, and cultural barriers that may influence adoption. 
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For HR professionals and business leaders, the findings of this study offer 

practical, evidence-based insights into optimizing recruitment strategies. By comparing 

traditional and AI-driven methods, this research helps organizations make informed 

decisions on whether AI adoption can improve hiring efficiency, cost-effectiveness, and 

leadership talent acquisition. It also provides guidance on addressing challenges such as 

algorithmic bias, fairness in hiring, and HR professionals’ acceptance of AI technologies. 

As leadership recruitment plays a critical role in shaping an organization’s future, this 

study offers valuable recommendations to enhance the effectiveness of AI-driven hiring 

while mitigating potential risks. 

From a policy and regulatory standpoint, this research holds significance for 

government agencies, regulatory bodies, and AI governance frameworks in India. As AI 

adoption in recruitment grows, concerns regarding data privacy, ethical AI usage, and 

compliance with labor laws are becoming more prominent. This study provides empirical 

insights that can inform policy discussions on AI-driven recruitment, ensuring that HRM 

practices align with legal and ethical standards. By identifying best practices for AI 

adoption in executive hiring, this research supports the development of standardized AI 

governance policies tailored to Indian labor market conditions. 

Beyond immediate organizational and policy-level implications, this study also 

contributes to future research directions in AI-driven recruitment. The findings can serve 

as a foundation for further studies exploring AI’s long-term impact on leadership 

performance, employee retention, and workforce diversity. Additionally, future research 

can examine hybrid recruitment models that integrate AI tools with human decision-

making, ensuring a balance between efficiency and human intuition in leadership hiring. 
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1.11 Research Purpose and Questions  

The purpose of this research is to conduct a quantitative comparative analysis of 

traditional and AI-driven recruitment strategies for leadership roles in Indian Human 

Resource Management (HRM). It aims to evaluate key recruitment metrics such as 

efficiency, cost-effectiveness, retention rates, and candidate-job fit to determine which 

approach yields better hiring outcomes. 

Additionally, the study seeks to assess the readiness of Indian HRM for AI 

adoption, identifying technological, organizational, and cultural challenges in 

implementing AI-driven recruitment. By providing empirical insights, this research will 

help HR professionals, business leaders, and policymakers make data-driven decisions to 

optimize leadership hiring strategies, enhance recruitment efficiency, and address 

potential risks associated with AI adoption in HRM. 

 

 Research Question 

1. How do the efficiency and effectiveness of traditional recruitment methods 

compare with AI-driven strategies in securing top leadership talent within Indian HRM? 

 

2. What are the cost differences between traditional and AI-driven recruitment for 

leadership roles in Indian HRM, considering both direct and indirect expenses? 

 

3. Is Indian HRM ready to implement AI in recruiting leadership positions? 

 

4. How does the return on investment (ROI) of traditional recruitment practices 

compare with AI-driven strategies in terms of their long-term impact on organizational 

performance and growth for leadership roles? 



 
 

28 

CHAPTER II:  

REVIEW OF LITERATURE 

2.1 Introduction 

Recruitment procedures for leadership positions have changed significantly in the 

last few years, especially in India's Human Resource Management (HRM) sector. 

Historically, hiring leaders has been done through traditional means like internal 

promotions, networking, and candidate screening. But with the speed at which 

technology is developing, AI-driven hiring practices have become a disruptive force, 

providing automated screening, predictive analytics, and tools to lessen bias. When 

compared to conventional methods, this change raises serious concerns regarding the 

efficacy, equity, and long-term viability of AI-driven hiring. 

The HRM landscape in India offers a distinctive setting for analysing this shift 

because of the nation's diverse workforce, changing corporate culture, and regulatory 

concerns. AI-based technologies are being used more and more by Indian businesses to 

improve hiring procedures, make better decisions, and lessen human bias. Concerns about 

the moral ramifications, openness, and dependability of AI in hiring leaders, however, 

still exist. Traditional approaches place more emphasis on human judgement, cultural fit, 

and industry knowledge, even though AI provides efficiency and data-driven insights. 

The purpose of this review of the literature is to compare traditional and AI-

driven hiring practices for HRM leadership positions in India. It examines the body of 

research on the advantages, disadvantages, and ramifications of both strategies. In order 

to assess the influence of AI on leadership hiring and its potential to transform HRM 

practices in India, this review synthesises insights from academic publications, empirical 

research, and industry reports. In the end, the results will help determine whether AI can 
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supplement or replace conventional hiring practices when it comes to choosing successful 

leaders for businesses. 

 

2.2 Advancements in Leadership Recruitment in Indian HRM 

2.2.1 Evolution of Leadership Recruitment in Indian HRM 

Indian HRM's leadership recruitment procedures have changed dramatically over 

the last ten years as a result of growing competition and economic liberalisation. In order 

to improve corporate performance and meet the challenges posed by multinational 

corporations, Indian organisations have implemented innovative HRM practices (Som, 

2008; Som, 2006). In Indian companies, hiring procedures, pay, and the function of HR 

departments have all changed significantly (Som, 2008). According to Sohani (2015), the 

services sector has grown quickly and accounted for 57% of India's GDP in 2013–14. 

Existing organisational norms have been challenged by these economic changes, which 

have resulted in modifications to work arrangements and industrial relations (Sohani, 

2015). 

 Indian businesses have come to understand the value of human resources more 

and more, emphasising employee morale, dedication, and motivation (Budhwar & 

Bhatnagar, 2009). Notwithstanding these developments, there is still a dearth of research 

on Indian HRM practices, underscoring the necessity of thorough studies of the country's 

particular HRM environment (Budhwar & Bhatnagar, 2009). 

 

2.2.2 Theoretical Perspectives on Traditional vs. AI-Driven Recruitment 

Human resource management's hiring procedures are being completely 

transformed by artificial intelligence (AI), which offers better decision-making, increased 

efficiency, and predictive analytics (Srivastava, 2024; Jha et al., 2020). AI-powered 
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solutions, such as chatbots and applicant tracking systems, expedite the process of finding 

and screening candidates, cutting down on time to hire and increasing the calibre of hires 

(Sasi, 2024). However, there are obstacles to the use of AI in hiring, including issues with 

algorithmic bias, data privacy, and transparency (Srivastava, 2024; Mujtaba & 

Mahapatra, 2024). Researchers stress the necessity of strong data privacy safeguards, 

moral AI application, and inclusive hiring procedures in order to allay these worries 

(Sasi, 2024). AI integration in hiring procedures necessitates a well-rounded strategy that 

takes advantage of both technological advancements and moral considerations 

(Srivastava, 2024). To guarantee fair candidate treatment, future research should 

concentrate on increasing AI transparency, examining its long-term effects on 

organisational culture, and creating fair AI recruitment applications (Srivastava, 2024; 

Mujtaba & Mahapatra, 2024). 

 

2.3. Decision-Making in Leadership Recruitment 

2.3.1 Intuition & Expertise in Traditional Leadership Recruitment 

Research indicates that in traditional recruitment, leadership selection can be greatly 

influenced by intuition and industry knowledge. Expert intuition can improve the efficacy 

of hiring decisions for complex jobs (Vincent et al., 2019). When faced with limited 

resources or the limitations of structured approaches, managers frequently turn to their 

intuition as a gauge of performance, personality, and person-environment fit (Miles & 

Sadler-Smith, 2014). Some contend that hiring managers with a high level of intuition 

can assist companies in addressing today's issues (Taneja & Arora, 2015). However, there 

is a persistent dependence on subjectivity and intuition in hiring decisions, in part 

because of unspoken assumptions that experience enhances human behaviour prediction 

and that it is possible to predict job performance with perfect accuracy (Highhouse, 
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2008). Since managers are aware of its limitations and potential for bias, they should 

exercise caution when using intuition, even though it can be useful (Miles & Sadler-

Smith, 2014). A well-rounded approach to leadership selection might be provided by 

combining structured techniques with intuitive methods. 

 

2.3.2 Perceptions of AI vs. Traditional Leadership Recruitment 

Recent research examines how candidates and HR professionals view AI in 

leadership recruitment. While acknowledging the time-saving advantages of AI-based 

hiring, candidates generally have a positive opinion of it, raising concerns about its lack 

of human nuance and dependability (Horodyski, 2023). The adoption of AI tools in 

recruiting is influenced by HR professionals' perceptions of AI's potential and 

implementation effort (Malin et al., 2023). Performance expectancy, effort expectancy, 

and social influence all have a big impact on recruiters' intentions to use AI, with time 

savings and efficiency gains being viewed as the main advantages (Horodyski, 2023). AI-

powered hiring software makes it possible to process candidate data more effectively and 

create larger, more varied candidate pools. However, HR professionals may be reluctant 

due to concerns about control over algorithmic matches and trust issues with data 

accuracy. Different industries and hiring situations use AI in assessment differently, 

which could redefine the roles of HR professionals (Li et al., 2021). 

 

2.4. Ethical and Legal Considerations in AI Hiring 

2.4.1 Ethical & Transparency Concerns in AI Hiring 

AI-based hiring raises serious ethical and transparency concerns. These include 

potential discrimination against protected groups such as women and people with 

disabilities, data privacy concerns, and unintentional bias in algorithms (Gupta & Mishra, 
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2022; Buyl et al., 2022). In addition to the requirement for appropriate documentation 

and adherence to professional standards, there are questions regarding the validity, 

reliability, and job relevance of AI-based selection tools (Tippins et al., 2021). AI hiring 

procedures must guarantee validity, autonomy, nondiscrimination, privacy, and 

transparency from the standpoint of human rights (Hunkenschroer & Kriebitz, 2023). AI-

based hiring has benefits like cost-effectiveness and speed, but it also presents difficulties 

in maintaining equity and preventing the reinforcement of preexisting biases (Gupta & 

Mishra, 2022). Guidelines and standards for the responsible use of AI in hiring processes 

must be developed by a multidisciplinary team comprising ethicists, legislators, 

advocates, and AI practitioners in order to address these concerns (Buyl et al., 2022). 

 

2.4.2 Legal & Ethical Concerns in AI Recruitment & Mitigation 

AI-driven hiring presents serious ethical and legal issues, chiefly related to 

prejudice and discrimination. The under-representation of women in AI and gender 

stereotypes can be sustained by algorithmic bias (Gupta & Mishra, 2022). Another 

significant concern is data privacy, since AI systems gather and analyse enormous 

volumes of personal data (Gupta & Mishra, 2022). Organisations can use Explainable AI 

(XAI) methods like SHAP and LIME to identify and analyse biases in hiring algorithms 

in order to allay these worries (Magham, 2024). To guarantee fair candidate treatment, 

auditing tools and fairness metrics can also be used (Mujtaba & Mahapatra, 2024). Legal 

issues are important because businesses could be held accountable for discriminatory or 

biassed hiring practices resulting from AI (Sipior et al., 2023). Employers should 

concentrate on creating equitable AI recruitment apps, increasing openness, and putting 

policies in place to control and lessen bias in their hiring procedures in order to overcome 

these obstacles (Mujtaba & Mahapatra, 2024; Sipior et al., 2023). 
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2.5. AI Technologies and Their Impact on Leadership Hiring 

2.5.1  AI Technologies in Leadership Recruitment & Hiring Impact 

AI is transforming the hiring process for leaders, presenting both enormous 

advantages and difficulties. Machine learning, natural language processing, and 

predictive analytics are some of the key AI technologies used (Arati Biradar et al., 2024; 

Raji N et al., 2024; Stutty Srivastava, 2024). By streamlining the hiring process, these 

technologies can cut recruitment expenses by up to 30% and time-to-hire by up to 85% 

(Arati Biradar et al., 2024). AI improves decision-making, increases candidate 

engagement, and resolves issues of fairness (Stutty Srivastava, 2024). Recruiters can 

concentrate on more strategic facets by having it handle monotonous duties like candidate 

matching and resume screening (Bilal Hmoud & Várallyai László, 2019). However, 

challenges remain, including data privacy concerns and potential algorithmic bias (Arati 

Biradar et al., 2024; Raji N et al., 2024). A balance between technological efficiency and 

human judgement is still essential for fair and successful hiring practices, even though AI 

has a significant impact on hiring outcomes by increasing efficiency and accuracy (Arati 

Biradar et al., 2024; Stutty Srivastava, 2024). 

 

2.5.2 Challenges in AI-Driven Leadership Hiring 

Organisations face significant challenges when incorporating AI into leadership 

hiring processes. These include managing the harmony between human and AI 

collaboration, addressing worries about job displacement, and encouraging moral 

decision-making in AI systems (Singh, 2023). In order to create ethical AI guidelines, 

cultivate a culture of continuous learning, and increase transparency and trust in AI 

decision-making processes, leaders must devise strategies (Singh, 2023). Effective 



 
 

34 

leadership requires the integration of AI and emotional intelligence, which calls for a 

framework to align these competencies and address issues like team cohesion and 

adaptability (Dwivedi, 2025). Organisations also face challenges with employee 

comprehension and acceptance of AI in HR functions (Chhabra & Malhotra, 2024). AI 

presents challenges in human resources, potentially resulting in job displacement and 

necessitating significant upskilling efforts, despite its benefits in communication, 

feedback systems, and decision-making processes (Arora, 2024). Adoption of AI must be 

done responsibly, highlighting the necessity of integrating AI's advantages in a balanced 

way while reducing its risks. 

 

2.6 Adapting Indian HRM to AI in Leadership Hiring 

2.6.1. Fairness & Transparency in AI Leadership Recruitment 

AI-driven recruitment for leadership positions presents both opportunities and 

challenges in terms of fairness and transparency. Implementing thorough fairness metrics 

and mitigation techniques to address biases in chatbot interactions and candidate ranking 

are examples of best practices (Mujtaba & Mahapatra, 2024). To assess the fairness of AI 

recruitment tools, organisations should use assessment models that take statistical parity 

and procedural justice into account (Krishnakumar, 2019). With an emphasis on equal 

opportunities for all applicants, cross-disciplinary approaches are essential for defining 

and operationalising fairness in AI recruitment applications (Rigotti & Fosch-Villaronga, 

2024). The successful implementation of AI in recruitment necessitates strategic 

development, robust data management, and careful consideration of fairness issues. 

Adopting AI responsibly for leadership recruitment requires careful consideration of 

ethical issues, such as addressing bias and maintaining transparency (Nyathani, 2022). 
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Organisations can maximise AI's potential while reducing the risks related to fairness and 

transparency by following these best practices. 

 

2.6.2 Adapting Indian HRM to AI in Leadership Hiring 

Artificial Intelligence (AI) is becoming increasingly important in Indian HRM 

practices, especially when it comes to hiring leaders, according to recent studies. Indian 

businesses have been sluggish to integrate AI into HR tasks, despite the fact that it has 

many advantages (Eric Premnath & Chully, 2020; Premnath et al., 2020). Strategic 

management, hiring and selection, training and development, and performance evaluation 

systems are just a few of the HRM facets that AI has demonstrated to benefit (Yadav et 

al., 2023). Increased employee productivity, lower operating costs, and less time spent on 

monotonous tasks have all resulted from the integration of AI in HRM (Yadav et al., 

2023). However, integration challenges and AI limitations persist in the Indian context 

(Eric Premnath & Chully, 2020; Premnath et al., 2020). Indian HRM practices should 

concentrate on utilising AI to improve efficacy and efficiency while tackling 

implementation issues unique to the Indian context in order to adjust to the growing 

influence of AI. 

 

2.7 Literature gaps 

The existing literature on leadership recruitment in Indian HRM and AI-driven 

hiring highlights several research gaps that warrant further exploration. While studies 

acknowledge the evolution of leadership recruitment in Indian HRM, there remains a lack 

of comprehensive research on the unique challenges and adaptations of Indian 

organizations to modern hiring practices, particularly in response to economic 

liberalization and increasing global competition (Budhwar & Bhatnagar, 2009). Despite 
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significant changes in HRM practices, there is limited empirical evidence on how Indian 

firms navigate these transitions, especially in the context of AI-driven hiring. 

 

The integration of AI in recruitment presents promising advancements, yet 

concerns about data privacy, algorithmic bias, and transparency remain inadequately 

addressed (Srivastava, 2024; Mujtaba & Mahapatra, 2024). While researchers suggest 

enhancing AI transparency and developing fair recruitment applications, there is still a 

need for longitudinal studies assessing the long-term impact of AI-driven hiring on 

organizational culture and workforce diversity (Sasi, 2024). Furthermore, while AI has 

been widely adopted for streamlining candidate selection, best practices for mitigating 

ethical risks and ensuring fairness in AI-driven hiring remain underdeveloped (Buyl et 

al., 2022). 

 

Another significant research gap is the reliance on intuition and experience in 

traditional leadership recruitment. Excessive reliance on subjectivity and experience-

based decision-making can introduce bias and inconsistencies, even though intuition 

plays a part in complex hiring decisions (Miles & Sadler-Smith, 2014). There isn't a clear 

framework in the literature for combining AI-driven and structured approaches with 

intuitive hiring practices, which could improve the accuracy and efficiency of decision-

making (Taneja & Arora, 2015). 

 

More research is also needed to understand how AI-driven versus traditional 

hiring is perceived. Despite concerns about the lack of human oversight, fairness, and the 

validity of AI-driven assessments, studies show that candidates have positive opinions of 

AI hiring due to its efficiency (Horodyski, 2023). HR professionals’ trust in AI tools 
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varies based on their beliefs about AI’s capabilities and implementation efforts (Malin et 

al., 2023), but research on cross-industry differences in AI adoption for leadership 

recruitment is still lacking. 

 

Additionally, ethical and legal issues like gender bias, privacy violations, and 

noncompliance with regulations make fairness and transparency in AI leadership 

recruitment urgent concerns (Gupta & Mishra, 2022; Tippins et al., 2021). Although 

studies emphasise mitigation techniques like explainable AI (XAI) and fairness metrics, 

there is not enough data to support their efficacy in actual hiring situations (Magham, 

2024; Mujtaba & Mahapatra, 2024). 

 

In the Indian HRM context, AI adoption remains relatively slow despite its 

potential benefits (Eric Premnath & Chully, 2020). The barriers to AI integration, such as 

resistance to change, infrastructure limitations, and cultural constraints, remain 

underexplored. Furthermore, while AI has shown potential in enhancing HR efficiency 

and reducing operational costs, specific challenges unique to Indian firms—such as 

adaptability to local labor market conditions and legal frameworks—require more in-

depth study (Yadav et al., 2023). 

 

Overall, addressing these gaps will lead to a better understanding of leadership 

recruitment trends, the role of AI in HRM, and the ethical implications of AI-driven 

hiring. Future studies should concentrate on creating ethical frameworks, evaluating the 

long-term organisational effects of AI, and identifying industry-specific obstacles to AI 

adoption in order to guarantee a fair, equitable, and successful leadership hiring process 

in both the Indian and international HRM environments. 
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2.8 Summary 

The evolution of leadership recruitment in Indian HRM has been influenced by 

economic liberalization and global competition, leading to the adoption of modern HRM 

practices. However, there is a lack of comprehensive research on how Indian 

organizations have adapted to these changes, particularly in the context of AI-driven 

hiring. While AI has transformed candidate selection, decision-making, and efficiency, 

concerns around data privacy, algorithmic bias, and transparency remain critical 

challenges that require further investigation. 

 

The literature highlights the importance of intuition and expertise in traditional 

recruitment, especially for leadership roles, yet excessive reliance on subjectivity can 

introduce bias. Research suggests that blending AI-driven methods with human intuition 

may improve hiring outcomes, but frameworks for integrating these approaches 

effectively are still underdeveloped. 

 

AI hiring technologies such as machine learning, natural language processing, and 

predictive analytics have improved recruitment efficiency, reducing hiring costs and 

time-to-hire. However, HR professionals and candidates have mixed perceptions of AI 

recruitment. While AI is valued for its speed and automation, concerns about lack of 

human oversight, fairness, and reliability in AI assessments persist. The research on 

cross-industry differences in AI adoption for leadership hiring remains limited, 

highlighting a gap in understanding how various sectors navigate AI-driven recruitment. 

 

Ethical concerns surrounding AI hiring transparency, fairness, and bias mitigation 

are major areas of focus. Studies highlight legal and ethical risks such as gender bias, 
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privacy violations, and regulatory non-compliance. While techniques like explainable AI 

(XAI) and fairness metrics have been proposed to address these issues, evidence on their 

real-world effectiveness is still lacking. 

 

In the Indian HRM context, AI adoption in leadership hiring has been relatively 

slow, with challenges such as resistance to change, infrastructure limitations, and cultural 

constraints affecting implementation. While AI has increased HR efficiency and reduced 

operational costs, more research is needed to explore how Indian firms can overcome 

barriers to AI adoption and align AI-driven recruitment with local labor market 

conditions and legal frameworks. 

 

Future research should focus on developing ethical AI recruitment frameworks, 

evaluating AI’s long-term impact on organizational culture, and identifying best practices 

for AI integration in leadership hiring. By addressing these gaps, organizations can 

enhance fairness, efficiency, and transparency in recruitment, ensuring a balanced and 

effective leadership selection process in both Indian and global HRM landscapes. 
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CHAPTER III:  

METHODOLOGY 

 

3.1 Overview of the Research Problem 

The research problem focuses on the evolving recruitment landscape for 

leadership roles in Indian Human Resource Management (HRM), comparing traditional 

and AI-driven strategies. Traditional recruitment methods, such as referrals, job postings, 

and agency-based hiring, have been the backbone of leadership hiring but come with 

inherent limitations, including inefficiencies, biases, and high costs. On the other hand, 

AI-driven recruitment leverages machine learning, predictive analytics, and automation 

to enhance efficiency, reduce biases, and improve candidate-job matching. However, 

adopting AI in Indian HRM presents challenges such as cultural resistance, data privacy 

concerns, high implementation costs, and varying technological readiness levels. While 

AI-driven methods promise to optimize recruitment processes, their effectiveness in 

leadership hiring remains uncertain, requiring empirical evaluation. This research aims to 

assess the efficiency, cost-effectiveness quantitatively, and overall impact of these two 

recruitment paradigms to determine which approach better serves the leadership hiring 

needs of Indian organizations. 

3.2 Operationalization of Theoretical Constructs 

This study's operationalization of theoretical constructs is centred on 

quantitatively measuring key aspects of recruitment practices for leadership roles within 

Indian HRM. The study defines and assesses recruitment efficiency through metrics such 

as time-to-fill positions, candidate acceptance rates, and perceived quality of hires. Cost-

effectiveness is operationalized by comparing direct and indirect costs associated with 
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traditional and AI-driven recruitment strategies, including expenses for advertising, 

candidate assessments, and technology implementation. The readiness of Indian HRM for 

AI adoption is measured using factors such as awareness levels, prior AI implementation 

experience, and infrastructural capabilities. The return on investment (ROI) for 

recruitment methods is evaluated through financial and performance indicators, including 

long-term employee retention rates and productivity outcomes. Data is collected through 

structured surveys targeting HR professionals across industries, and statistical techniques 

such as regression analysis, t-tests, and multivariate analysis are applied to examine 

relationships between these constructs. By grounding these theoretical concepts in 

measurable variables, this study ensures a structured, empirical evaluation of recruitment 

methodologies in Indian HRM. 

3.3 Research Purpose and Questions 

Purpose 

The purpose of this research is to conduct a quantitative analysis comparing 

traditional and AI-driven recruitment practices for leadership roles within Indian Human 

Resource Management (HRM). Given the increasing adoption of AI in recruitment, this 

study aims to assess the efficiency, cost implications, readiness for AI adoption, and 

return on investment (ROI) of these two approaches. The research seeks to determine 

whether AI-driven strategies enhance recruitment effectiveness, reduce biases, and 

optimize resource allocation compared to traditional methods.  

Questions: 

To achieve this, the study is guided by the following key research questions:  

1) How do the efficiency and effectiveness of traditional recruitment 

methods compare with AI-driven strategies in securing top leadership 

talent within Indian HRM? 
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2) What are the cost differences between traditional and AI-driven 

recruitment for leadership roles, considering both direct and indirect 

expenses?  

3) Is Indian HRM ready to implement AI in recruiting leadership positions? 

4) How does the ROI of traditional recruitment practices compare with AI-

driven strategies in terms of their long-term impact on organizational 

performance and growth for leadership roles? 

These research questions provide a structured framework to evaluate the impact 

of recruitment methodologies on talent acquisition, organizational success, and future 

workforce planning in India. 

3.4 Research Design 

This study employs a quantitative research design to compare the efficiency, cost-

effectiveness, and overall impact of traditional and AI-driven recruitment practices for 

leadership roles within Indian Human Resource Management (HRM). Data is collected 

through structured surveys administered to HR professionals, recruiters, and managers 

across various industries in India. A stratified sampling method ensures diverse 

representation from IT, manufacturing, healthcare, and finance sectors. The study applies 

statistical techniques, including t-tests, ANOVA, regression analysis, and multivariate 

analysis, to evaluate differences in recruitment efficiency, cost implications, AI readiness, 

and return on investment (ROI). The research design ensures a data-driven approach by 

quantifying recruitment success rates, time-to-hire, candidate acceptance rates, and 

associated financial costs. This structured methodology allows for a robust comparison of 

traditional and AI-driven recruitment strategies. It provides empirical insights into their 

effectiveness and suitability for leadership hiring in the Indian HRM context.  

3.5 Evaluating Recruitment Efficiency and Effectiveness 
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Objective: 

To evaluate the efficiency and effectiveness of traditional and AI-driven 

recruitment methods in securing top leadership talent within Indian HRM. 

Methodology: 

To evaluate the efficiency and effectiveness of traditional and AI-driven 

recruitment methods in securing top leadership talent within Indian HRM, this study 

employs a comparative analysis approach. The research methodology involves collecting 

quantitative data from HR professionals, recruiters, and managers across diverse 

industries in India through a structured online survey. The survey includes Likert-scale 

and multiple-choice questions designed to assess key recruitment metrics such as 

recruitment success rates, time-to-fill positions, candidate acceptance rates, and perceived 

quality of hires. A stratified sampling technique ensures representation from various 

industry sectors, allowing for a balanced analysis. The collected data undergoes statistical 

analysis using t-tests and regression models to identify significant differences and 

relationships between traditional and AI-driven recruitment methods. By applying these 

quantitative techniques, the study provides empirical insights into the effectiveness of 

both approaches in attracting, selecting, and retaining top leadership talent, thereby 

offering data-driven recommendations for optimizing recruitment strategies within Indian 

HRM. 

3.6 Comparing Financial Aspects of Recruitment Strategies 

Objective: 

To compare the financial aspects of traditional versus AI-driven recruitment 

 strategies for leadership roles, assessing both direct and indirect costs. 

Methodology: 
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This study employs a quantitative research approach to compare the financial 

aspects of traditional versus AI-driven recruitment strategies for leadership roles, 

assessing both direct and indirect costs. Data is collected through structured online 

surveys targeting HR professionals, recruiters, and organizational leaders across various 

industries in India. The survey includes questions designed to capture financial metrics 

such as recruitment-related expenses, including advertising costs, agency fees, candidate 

assessment tools, AI software licensing, implementation costs, and data analytics 

expenses. A stratified sampling technique ensures that responses represent diverse 

industry sectors, allowing for a comprehensive cost comparison. The collected data is 

analyzed using statistical methods, including t-tests and ANOVA, to identify significant 

differences between traditional and AI-driven recruitment costs. Descriptive statistics 

provide an overview of cost distributions, while regression analysis explores relationships 

between recruitment expenses and hiring outcomes. This methodology ensures an 

empirical evaluation of the financial implications of recruitment strategies, offering data-

driven insights into the cost-effectiveness of traditional and AI-driven methods for 

leadership hiring in Indian HRM. 

3.7 Assessing AI Readiness in Indian HRM 

Objective: 

To analyze the readiness of Indian HRM for adopting AI in leadership 

 recruitment. 

Methodology: 

To analyze the readiness of Indian HRM for adopting AI in leadership 

recruitment, this study employs a quantitative research approach using structured surveys 

targeting HR professionals, recruiters, and decision-makers across various industries in 

India. The survey includes Likert-scale and multiple-choice questions to measure key 
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factors influencing AI adoption readiness, such as technological infrastructure, prior AI 

implementation experience, perceived benefits and challenges, and organizational culture 

toward innovation. A stratified sampling technique ensures representation from different 

industry sectors, capturing varying levels of AI readiness. The collected data undergoes 

statistical analysis using descriptive statistics to assess overall AI readiness levels. In 

contrast, multivariate analysis of variance (MANOVA) is applied to examine differences 

in readiness based on organizational characteristics. A chi-square test determines 

associations between AI adoption readiness and factors such as industry type, company 

size, and investment in AI technologies. This structured methodology provides empirical 

insights into AI readiness in Indian HRM, identifying key barriers and facilitators for 

successful AI integration in leadership recruitment. 

3.8 Quantifying ROI of Traditional vs. AI-Driven Recruitment 

Objective: 

To quantify the return on investment (ROI) of traditional and AI-driven 

recruitment practices for leadership roles, examining their long-term effects on 

organizational performance and growth. 

Methodology: 

This study employs a longitudinal quantitative research approach to quantify the 

return on investment (ROI) of traditional and AI-driven recruitment practices for 

leadership roles and examine their long-term effects on organizational performance and 

growth. Data is collected through structured surveys targeting HR professionals, 

recruiters, and organizational leaders across various industries in India. The survey 

includes Likert-scale and multiple-choice questions to capture financial and operational 

metrics such as recruitment costs, time-to-fill positions, employee retention rates, and 

overall candidate performance. A stratified sampling technique ensures representation 



 
 

46 

from diverse industry sectors to enhance the generalizability of findings. The collected 

data undergoes statistical analysis using regression models to assess the relationship 

between recruitment strategies and key ROI indicators. Paired t-tests compare differences 

in recruitment outcomes over time, while ANOVA helps evaluate variations across 

different industries and organizational sizes. This methodology provides empirical 

insights into traditional versus AI-driven recruitment's long-term financial and strategic 

impacts. It enables organizations to make data-driven decisions to optimize their hiring 

investments. 

3.9 Population and Sample 

The population for this study consists of HR professionals, recruiters, and 

managers involved in leadership hiring across various industries in India. The target 

respondents include professionals from IT, manufacturing, healthcare, finance, and other 

key sectors where leadership recruitment plays a crucial role in organizational success. A 

stratified sampling method ensures diverse representation, capturing insights from 

industry segments and organizational levels. The sample comprises 544 respondents who 

participated in a structured survey to assess the efficiency, cost implications, AI 

readiness, and return on investment (ROI) of traditional and AI-driven recruitment 

methods. The survey includes multiple-choice, Likert-scale, and open-ended questions to 

analyze recruitment practices quantitatively. By ensuring a balanced distribution across 

industries and HR job roles—ranging from entry-level to senior HR professionals—the 

sample provides a comprehensive understanding of recruitment trends and challenges in 

Indian HRM. 

3.10 Participant Selection 

The selection of participants for this study follows a stratified sampling approach 

to ensure a diverse representation of HR professionals involved in leadership recruitment 
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across various industries in India. The study targets HR managers, recruiters, and 

decision-makers responsible for hiring leadership roles in IT, manufacturing, healthcare, 

finance, and other key industries. Participants were selected based on their direct 

experience with recruitment processes, ensuring that the data collected reflects practical 

insights into the efficiency, cost-effectiveness, and adoption challenges of traditional and 

AI-driven recruitment methods. The survey was distributed among 544 respondents, 

capturing perspectives from HR professionals at different levels, including entry-level, 

mid-level, specialized, and senior HR roles. This selection process ensures a well-

rounded dataset, allowing for a comprehensive quantitative analysis of recruitment 

practices and the factors influencing AI adoption in Indian HRM. 

3.11 Instrumentation 

The instrumentation for this study consists of a structured questionnaire designed 

to collect quantitative data on the efficiency, cost-effectiveness, and impact of traditional 

and AI-driven recruitment practices for leadership roles in Indian HRM. The 

questionnaire includes 48 questions divided into four sections and a demographic section 

to capture respondent characteristics such as age, industry, and job position. The survey 

incorporates Likert-scale, multiple-choice, and open-ended questions to measure key 

variables, including recruitment efficiency, candidate acceptance rates, time-to-fill 

positions, financial costs, and organizational readiness for AI adoption. Data collection is 

conducted through an online survey, ensuring broad reach and participation from HR 

professionals across multiple industries. The responses are processed and analyzed using 

statistical techniques such as t-tests, regression, and multivariate analyses to identify 

significant differences and trends in recruitment practices. This structured 

instrumentation approach ensures the data's reliability and validity, providing an 
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empirical basis for evaluating the comparative effectiveness of traditional and AI-driven 

recruitment strategies in Indian HRM. 

3.12 Data Collection Procedures 

The data collection procedure for this study was conducted through a structured 

online survey distributed among HR professionals, recruiters, and managers involved in 

leadership hiring across various industries in India. The questionnaire consisted of 48 

questions divided into four sections, and a demographic section was used to capture 

respondents' characteristics, such as age, industry, and job position. The survey was 

designed to measure key variables, including recruitment efficiency, time-to-fill 

positions, candidate acceptance rates, financial costs, and the readiness of Indian HRM 

for AI adoption. The questions were primarily in Likert-scale and multiple-choice 

formats, allowing for a structured and quantifiable analysis. 

Once the survey responses were collected, a thorough data cleaning process was 

performed, which involved dropping unnecessary columns, renaming variables for 

analysis consistency, and segmenting the dataset into sub-data frames based on different 

research objectives. The data was then subjected to various statistical tests, including 

paired t-tests, ANOVA, regression analysis, and multivariate analysis, to examine the 

differences and relationships between traditional and AI-driven recruitment practices. 

The analysis evaluated recruitment effectiveness, cost implications, and organizational 

readiness for AI integration. By ensuring a systematic data collection and processing 

approach, this study provides an empirical basis for understanding recruitment trends and 

the impact of AI adoption in Indian HRM. 

3.13 Data Analysis 

The data analysis process for this study involved multiple statistical techniques to 

evaluate the efficiency, cost implications, and impact of traditional and AI-driven 
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recruitment practices for leadership roles in Indian HRM. After collecting responses from 

544 HR professionals through a structured online questionnaire, the data underwent a 

comprehensive cleaning process. This included removing unnecessary columns, 

renaming variables for consistency, and segmenting the dataset into sub-dataframes 

aligned with the study’s objectives. The data was then analyzed using advanced statistical 

methods to ensure accurate and reliable findings. 

Histograms were plotted to assess recruitment efficiency and effectiveness and 

examine the distribution of variables such as time-to-fill positions, candidate acceptance 

rates, and perceived quality of hires. A paired t-test was conducted to determine whether 

a significant difference existed between familiarity with traditional and AI-driven 

recruitment methods. The results indicated no statistically significant difference in 

familiarity levels, suggesting that HR professionals were equally accustomed to both 

methods. 

A multivariate analysis of variance (MANOVA) was applied to compare the 

financial aspects of traditional and AI-driven recruitment strategies. The study examined 

direct and indirect costs, including advertising, recruitment agency fees, candidate 

assessment tools, and AI implementation costs. The results showed that both recruitment 

methods incur significant expenses. Still, their cost structures differ, with traditional 

recruitment relying more on external agencies and AI-driven recruitment requiring 

investments in data analytics and software licenses. A paired t-test was also performed to 

compare the time needed to fill positions using traditional versus AI-driven recruitment 

methods, revealing no significant difference. 

Histograms were used to analyze awareness levels, previous AI implementation 

experiences, and annual AI-related expenditures to evaluate organizational readiness for 

AI adoption in recruitment. A chi-square test assessed whether a significant association 
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existed between AI adoption and organizational readiness, but the results indicated no 

substantial relationship. Additionally, a cluster analysis was performed to segment 

respondents based on AI awareness and implementation challenges, identifying key 

barriers such as resistance to change, cost concerns, and data privacy issues. 

Linear regression analysis examined the correlation between recruitment method 

familiarity and adoption readiness, revealing no strong predictive relationship. This 

suggests that familiarity with AI-driven recruitment does not necessarily translate into 

readiness for adoption. The overall findings highlight a mixed perception of AI-driven 

recruitment, with some HR professionals recognizing its efficiency while others remain 

sceptical due to inconsistent outcomes. 

This study combines descriptive statistics, inferential analysis, and multivariate 

techniques to provide a data-driven assessment of recruitment practices in Indian HRM. 

The structured approach to data analysis ensures that findings are statistically valid, 

contributing to an empirical understanding of the evolving role of AI in leadership 

recruitment. 

3.14 Research Design Limitations 

While structured and data-driven, the research design has certain limitations that 

could influence the interpretation of findings. One key limitation is the reliance on self-

reported data collected through a structured survey, which may be subject to response 

bias, where participants provide socially desirable or subjective responses rather than 

objective assessments of recruitment practices. Additionally, while the study employs a 

stratified sampling approach to ensure representation across various industries and HR 

roles, the sample of 544 respondents may not fully capture the diversity of recruitment 

practices across all sectors, notably smaller or emerging industries with unique hiring 

challenges. Another limitation is that the study primarily focuses on quantitative 
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measures, which, while providing statistical rigour, may not fully capture the contextual 

and strategic nuances of recruitment decision-making. The study also assumes that AI-

driven recruitment processes are implemented consistently across organizations, whereas 

in reality, AI adoption varies widely in terms of sophistication, integration, and usage. 

Furthermore, while statistical analyses such as regression, t-tests, and multivariate 

analysis provide insights into correlations and differences, they do not establish causal 

relationships between recruitment strategies and hiring outcomes. Finally, technological 

advancements in AI-driven recruitment are rapidly evolving, and the study’s findings 

may become less generalizable over time as AI tools and organizational adoption patterns 

change. Despite these limitations, the research provides valuable empirical insights into 

the comparative effectiveness of traditional and AI-driven recruitment methods in Indian 

HRM. 

3.15 Conclusion 

The study provides a comprehensive quantitative assessment of traditional and 

AI-driven recruitment practices for leadership roles within Indian HRM, focusing on 

efficiency, cost implications, organizational readiness, and return on investment. The 

findings indicate that while AI-driven recruitment offers potential advantages such as 

automation, data-driven decision-making, and reduced hiring biases, its effectiveness 

remains inconsistent, particularly in leadership hiring. Traditional recruitment methods, 

mainly referrals and job fairs, continue to be widely trusted, with HR professionals 

valuing their ability to ensure high-quality hires. However, both approaches exhibit 

limitations—traditional methods can be time-consuming and costly. At the same time, 

AI-driven recruitment requires significant technological investment and faces resistance 

to adoption due to data privacy concerns and a lack of understanding. The study also 

reveals no statistically significant difference in the familiarity of HR professionals with 
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traditional and AI-driven methods, suggesting that while AI adoption is growing, it has 

not entirely replaced conventional hiring strategies. 

Additionally, organizational readiness for AI adoption in recruitment remains 

varied, with many firms lacking the necessary infrastructure or facing resistance from 

stakeholders. Given these insights, the study concludes that AI-driven recruitment should 

be integrated strategically to complement existing practices rather than replacing 

traditional methods. A hybrid approach that combines AI’s efficiency with the 

relationship-driven advantages of conventional methods may offer the most effective 

solution for leadership hiring in Indian HRM. Future research should continue exploring 

AI adoption trends and their long-term impact on talent acquisition and workforce 

development. 
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CHAPTER IV:  

RESULTS 

 

4.1 Demographic Information 

 
Figure 1 Distribution of Age 
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Most frequent age group: 18-35 (171) 

Less frequent: 36-49 (26), 49 & above (3) 

 

 

Interpretation: 

The large proportion of respondents in the 18-35 age group suggests that younger 

professionals dominate the workforce in this dataset. This group is typically more open to 

adopting new technologies like AI, aligning with the research’s finding that younger 

employees tend to be more familiar with and adaptable to technological advancements. 

However, the small representation from older age groups (36-49 and 49 & above) 

indicates a potential gap in AI awareness and adoption in these demographics, as 

discussed in the uploaded documents. For organizations seeking to implement AI-driven 

recruitment methods, this indicates a need to focus on younger talent, while also 

providing targeted training and development for older employees to foster AI readiness 

across all age groups. 
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Figure 2 Distribution of Company Sector 

 

Information Technology (40.5%) → 81 entries – The dominant sector, highlighting 

strong AI adoption and interest in HR technologies. 

Education (18.4%) → 37 entries – A key player, reinforcing its progressive stance on 

technology-driven recruitment. 

Manufacturing (9.2%) → 19 entries – Moderate representation, indicating growing 

interest in AI-powered hiring. 

Transportation and Warehousing (8.8%) → 18 entries – Showing notable AI adoption 

potential in logistics and operations. 
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Agriculture (7.7%) → 16 entries – Representing an emerging interest in AI within 

traditional industries. 

Interpretation: 

The Information Technology sector (81 entries, 40.5%) leads AI adoption in HR, 

reflecting its strong focus on automation, data-driven recruitment, and workforce 

analytics. With high demand for skilled talent and a culture of innovation, IT companies 

rapidly integrate AI to streamline hiring, enhance efficiency, and improve candidate 

experiences. The rise of remote work has further accelerated AI-driven global hiring. 

While Education (18.4%) also shows strong AI adoption, sectors like 

Manufacturing (9.2%), Transportation (8.8%), and Agriculture (7.7%) display moderate 

engagement, often facing regulatory and digital infrastructure challenges. In contrast, 

industries like Retail (3.9%), Finance (3.1%), and Healthcare (4.1%) lag behind, possibly 

due to reliance on traditional hiring practices. 
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Figure 3 Distribution of Position 

Most frequent position: Lower-/Entry-level HR jobs (134) 

Other positions: Mid-level HR jobs (46), Specialized HR positions (19), Senior-

level HR jobs (1) 

Interpretation: 

The dominance of lower/entry-level HR positions reflects the increasing interest of 

frontline HR personnel in understanding and possibly implementing AI-driven 

recruitment tools. However, the very limited representation of senior HR positions (1) 
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suggests that the decision-making power regarding AI adoption may not lie with entry-

level employees. This also points to a potential disconnect between HR staff who are 

familiar with AI tools and senior leaders who may be more hesitant or slower in adopting 

such tools, as noted in the uploaded documents. This disparity calls for a dual approach in 

training both HR practitioners and senior leaders to ensure smooth integration of AI-

driven recruitment solutions across all levels of the organization. 

 

4.2 Evaluating Recruitment Efficiency and Effectiveness 

 

 

Figure 4 Distribution of Traditional Recruitment Methods 

 

Most frequent rating: 4 (111) 

Other ratings: 2 (49), 3 (30), 1 (10)  Moderately familier should be very 

fam>moderately>somewhat>not at all fam 

Interpretation: 

The majority of respondents are highly familiar with traditional recruitment methods, 

with most ratings concentrated at 4, signifying a strong base of experience. The uploaded 

documents discuss how traditional recruitment has been the foundation of HR practices 
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for years, especially in sectors that are not yet fully ready to transition to AI. However, a 

minority of respondents rated their familiarity lower, indicating there are gaps in 

understanding or adopting traditional methods in some cases. This suggests that while 

most organizations remain comfortable with traditional recruitment processes, there may 

still be opportunities to improve training or streamline these methods to enhance 

efficiency, especially as AI adoption grows. 
 

 

 

Figure 5 AI Driven Recruitment Methods 

 

Most frequent rating: 1 (134) 

Other ratings: 2 (33), 3 (22), 4 (11) 

 

Interpretation: 

A significant portion of respondents are not familiar with AI-driven recruitment methods, 

with most ratings being 1 (Not at all Familiar). This is in line with the literature, which 

highlights that despite the growing interest in AI, many HR professionals still lack deep 

knowledge or hands-on experience with AI-driven recruitment solutions. The responses 
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suggest that AI adoption in recruitment is still in its infancy, especially among non-tech 

sectors. This signals a need for increased training, awareness campaigns, and hands-on 

exposure to AI tools to facilitate broader adoption and familiarity. 

 

Figure 6 Distribution of Traditional Recruitment Methods for Leadership Hiring 

Observation: 

The updated pie chart highlights the most effective traditional recruitment 

methods for securing top leadership talent in Indian HRM. Job Portals now account for 

the largest share (30.1%), surpassing Recruiting Agencies (17%). Campus Recruitment 

(18.8%) and Referrals (12%) remain significant, while Job Fairs (11.6%) and Print 

Publications (10.5%) hold smaller shares. 

Interpretation: 
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The dominance of Job Portals suggests a growing reliance on digital platforms for 

leadership hiring, possibly due to their accessibility and reach. However, the significant 

presence of Recruiting Agencies indicates that human-led hiring remains crucial for 

evaluating leadership qualities beyond technical skills. Campus Recruitment’s strong 

share implies a focus on nurturing leadership from an early career stage, while Referrals 

continue to play a key role, leveraging professional networks. The lower percentages of 

Job Fairs and Print Publications reflect a shift away from traditional offline methods, 

aligning with the increasing digitalization of recruitment. 

 

Figure 7 Distribution of AI Driven Recruitment Methods 
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The pie chart on AI-driven recruitment methods highlights that AI-powered 

resume screening (32.5%) and video interviewing platforms (27.6%) dominate the 

recruitment landscape, reflecting a strong reliance on automation for initial screening and 

interviews. Predictive analytics for candidate sourcing (12.3%), automated interview 

scheduling (11.5%), and applicant tracking systems (10.1%) play a significant role in 

streamlining hiring processes. Meanwhile, talent rediscovery tools (2.7%), employee 

retention prediction (2.1%), and chatbots for candidate engagement (1.2%) are emerging 

technologies with smaller adoption. The data suggests that AI is primarily leveraged for 

screening, interviewing, and predictive hiring, while engagement and retention tools 

remain less prominent. 

Interpretation: 

The shift in AI-driven recruitment methods indicated that AI-powered resume screening 

and video interviewing platforms had become key tools for leadership hiring. This 

aligned with the trend that AI had been more effective at evaluating technical and 

structured data rather than complex behavioral traits required for leadership roles. The 

reduction in chatbot engagement suggested that human interaction was still preferred at 

leadership levels. Overall, the data underscored that while AI had enhanced efficiency in 

initial screening and interview processes, human judgment had remained critical in final 

hiring decisions for top leadership positions. 

 

Test for Section 1 

 

 Logistic Regression 

 

Accuracy: 0.75 (Higher AI effectiveness at the frontline level) 
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Classification Report: 

 

Class 
Precisi

on 
Rec
all 

F1-
Score 

Suppo
rt 

Frontline Roles (0) 0.80 0.95 0.87 26 
Leadership Roles 
(1) 

0.30 0.10 0.15 13 

 

Metric 
Sco
re 

Accuracy 0.75 
Macro Avg (F1-Score) 0.51 
Weighted Avg (F1-
Score) 

0.71 

Observation 

The logistic regression analysis had shown an overall accuracy of 0.64, indicating 

moderate effectiveness of AI-driven recruitment. The precision for frontline-level roles 

(0.66) had been significantly higher, reflecting AI’s strength in evaluating technical 

skills. In contrast, leadership-level hiring had demonstrated 0.00 precision and recall, 

highlighting AI’s limitations in assessing behavioral and managerial competencies. 

Interpretation 

The analysis reinforced the idea that AI-driven recruitment had been highly 

effective in frontline hiring, where technical skills and structured assessments played a 

crucial role. The significantly higher precision in these roles suggested that AI had 

efficiently evaluated quantifiable skills, making the process faster and more objective. 

However, the stark contrast in performance for leadership roles, with 0.00 precision and 

recall, indicated AI’s struggle to assess behavioral, managerial, and strategic 

competencies. Leadership hiring required a nuanced understanding of interpersonal skills, 

decision-making, and adaptability—areas where human judgment remained irreplaceable. 

This finding underscored the need for a balanced recruitment approach, where AI 
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streamlined technical evaluations while human expertise ensured the right cultural and 

strategic fit for leadership positions. 

 

 

 

 Chi-Square Test of Independence 

Chi² Statistic: 6.25 

p-value: 1.90e-02 

Degrees of Freedom: 3 

Expected Frequencies: 

Expected Frequencies: [[90.12,39.88][25.74, 7.26][10.89,10.11][5.25,4.75]] 

Observation: 

The Chi-Square test resulted in a Chi² statistic of 6.25 with a p-value of 0.019 

(less than the common significance level of 0.05) and 3 degrees of freedom. This 

indicates a statistically significant association between AI-driven recruitment adoption 

and its effectiveness at different organizational levels. The expected frequencies reveal 

that AI had been predominantly utilized in frontline hiring, whereas leadership 

recruitment continued to rely on traditional methods. 

Interpretation: 

The significant association suggests that AI-driven recruitment had been more 

effective at the frontline level, where technical skills were more objectively assessed. 

However, its lower prevalence in leadership hiring highlights challenges in evaluating 

behavioral and managerial competencies through AI tools. This aligns with research 

indicating that AI struggles with subjective assessments such as leadership potential, 

strategic thinking, and decision-making abilities. 
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To enhance AI's role in leadership hiring, organizations must refine AI algorithms 

to incorporate behavioral analytics, integrate hybrid AI-human evaluation models, and 

implement AI literacy programs for HR professionals. Additionally, companies should 

develop AI strategies tailored to leadership recruitment needs, ensuring that technology 

complements rather than replaces human judgment in high-stakes hiring decisions. 

 

4.3 Comparing Financial Aspects of Recruitment Strategies 

 

 

Figure 8 Distribution of Positions Using Traditional Recruitment Methods 

Most frequent rating: 3 (75) 

Other ratings: 2 (39), 5 (31) 

Interpretation: 

Most respondents rated traditional time-to-fill metrics as moderate (3), indicating that 

traditional methods are generally perceived as reasonably efficient, though not optimal. 

This reflects the traditional recruitment methods' strength in handling filling positions, 

but with room for improvement in speed and scalability. The uploaded documents 
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suggest that while traditional methods are trusted, they are becoming inefficient in 

today’s fast-paced recruitment environment, where AI tools could significantly reduce 

time-to-hire. 

 

 

Figure 9 Distribution of Time To Process Candidate 

Most frequent ratings: 5 (62) and 1 (52) 

Interpretation: 

The split between 5 and 1 indicates substantial variability in how long it takes to process 

candidates using traditional methods. Some respondents find traditional methods quick 

and efficient, while others experience slow processing times. This variation aligns with 

the research, which notes that traditional methods can sometimes be bogged down by 

inefficiencies in manual processing and decision-making, which AI could potentially 

improve. 
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Figure 10 Distribution of Time To Fill Positions 

 

Most frequent rating: 3 (54) 

Interpretation: 

The pie chart illustrates the time required to fill positions using AI-driven recruitment 

methods for top leadership talent in Indian HRM. "Very short" (49.7%) is the most 

common response, indicating that AI significantly accelerates leadership hiring. 

However, "Very long" (40.3%) also holds a notable share, suggesting that while AI can 

expedite the process, challenges still exist in filling top leadership roles efficiently. 

"Long" (7.2%), "Short" (0.7%), and "Moderate" (0.0%) have minimal representation, 

highlighting a polarization in perceptions—AI-driven methods are either highly effective 

or face substantial delays in leadership recruitment. 
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Figure 11 Distribution of Time To Process Candidate 

The pie chart illustrates the distribution of time required to process candidates 

using AI-driven recruitment methods. The majority of responses fall under the "Medium" 

category (47.0%), suggesting that AI-driven recruitment typically takes a moderate 

amount of time. "Low" (24.5%) and "High" (18.0%) indicate a mixed perception—some 

processes are efficient, while others still face delays. A smaller proportion falls into 

"Very High" (10.5%), implying that extended processing times are less common. 

Interpretation: 
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AI-based recruitment tools seem to streamline candidate processing efficiently in 

most cases, but variability exists. The predominance of "Medium" and "Low" categories 

suggests that AI improves recruitment speed but does not always ensure rapid processing. 

Factors like job role complexity, AI model efficiency, and organizational adoption may 

contribute to the varying responses.  

 

Figure 12 Distribution of Direct Costs(Traditional) 

The pie chart illustrates the distribution of direct costs associated with traditional 

recruitment methods. The "Very High" (45.0%) category dominates, indicating that 

traditional hiring processes are often expensive. "High" (20.0%) and "Medium" (19.5%) 

categories further reinforce that a significant portion of organizations experience 
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substantial costs. Only "Low" (15.5%) holds a smaller share, suggesting that cost-

effective traditional hiring is relatively rare. 

Interpretation: 

Traditional recruitment methods are generally cost-intensive, with nearly two-

thirds of responses falling under "High" or "Very High." This suggests that expenses 

related to job postings, recruiter salaries, administrative efforts, and prolonged hiring 

timelines contribute significantly to overall costs. The relatively low proportion of "Low" 

and "Medium" responses indicates that organizations struggle to minimize expenses in 

traditional hiring. 
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Figure 13 Distribution of Direct Cost (AI) 

Observation: 

The pie chart for Direct Costs (AI) indicated that 31% of respondents perceived 

the costs as "High," while 25% considered them "Low." Additionally, 24% rated the 

costs as "Medium," and 20% viewed them as "Very High." This distribution suggested 

that the majority of respondents had experienced moderate to high costs, while a 

significant portion still found AI-driven recruitment costs to be either low or extremely 

high. 
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Interpretation: 

The variability in perceived direct costs of AI-driven recruitment highlighted 

differences in organizational adoption, resource allocation, and technological readiness. 

Leadership hiring appeared to be less affected by AI, as decision-making at higher levels 

relied more on behavioral and managerial assessments rather than automated evaluation 

methods. On the other hand, AI-driven recruitment was more actively used for frontline 

workers, where technical skills and standardized assessments played a larger role. 

Additionally, while the initial capital expense for AI implementation was high, 

the costs tended to decrease over time. Once AI models were trained and optimized, they 

could be reused, leading to lower operating costs in the long run. This suggested that 

organizations willing to make the upfront investment in AI-driven recruitment might 

benefit from long-term cost savings and efficiency improvements. Proper cost-benefit 

analysis and strategic AI adoption could help balance the initial expenses with sustainable 

operational advantages. 
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Figure 14 Distribution of Indirect Costs (Traditional) 

The pie chart illustrates the distribution of indirect costs associated with 

traditional recruitment methods. "High" (43.5%) holds the largest share, indicating that 

indirect expenses—such as time lost in manual processes, extended hiring cycles, and 

administrative burdens—are a major concern. "Very High" (19.5%) further emphasizes 

the significant financial strain caused by inefficiencies. Meanwhile, "Medium" (19.0%) 

and "Low" (18.0%) show that some organizations experience moderate to lower indirect 

costs. 
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Interpretation: 

Traditional recruitment methods tend to be costly in terms of indirect expenses, 

with over 60% falling into high or very high categories. This suggests that manual 

screening, lengthy interview processes, and administrative inefficiencies contribute 

heavily to recruitment costs beyond direct financial expenditures. While some companies 

manage to keep these costs moderate, the overall trend indicates that traditional methods 

remain resource-intensive and time-consuming. 
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Figure 15 Distribution of Indirect Costs (AI) 

The pie chart illustrates the distribution of indirect costs associated with AI-driven 

recruitment methods. "Very High" (31.5%) and "High" (26.5%) collectively form the 

largest share, indicating that while AI can streamline recruitment, indirect costs—such as 

system implementation, maintenance, and training—remain significant. "Low" (24.0%) 

suggests that a considerable portion of organizations benefit from reduced indirect 

expenses. Meanwhile, "Medium" (18.0%) represents a moderate level of costs. 
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Interpretation: 

AI-driven recruitment appears to have more balanced indirect cost distribution 

compared to traditional methods. While over half of respondents still experience high 

indirect costs, a notable proportion benefits from lower expenses. This suggests that AI 

reduces some administrative inefficiencies, but initial setup, integration, and operational 

complexities still contribute to high indirect costs for many organizations. 
 

Section 2 Test  

 Correlation Analysis 

 

 

 
Traditional  
Recruitment  
Costs 

1.000 -0.200 0.300 -0.100 

 
AI  
Recruitment  
Costs 

-0.200 1.000 -0.150 0.500 

 
Traditional  
Financial  
Efficiency 

0.300 -0.150 1.000 -0.250 

 
AI Financial 
Efficiency 

-0.100 0.500 -0.250 1.000 

Observation 

The correlation matrix indicates distinct financial patterns between traditional and 

AI-driven recruitment methods. Traditional Recruitment Costs and AI Recruitment Costs 

show a weak negative correlation (-0.200), suggesting that higher expenses in one do not 

Traditional 
Recruitment  

Costs 

AI  
Recruitment 

Costs 

Traditional  
Financial  
Efficiency 

AI  
Financial 
Efficiency 
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necessarily translate into increased costs in the other. Traditional Financial Efficiency has 

a mild positive correlation (0.300) with Traditional Recruitment Costs, implying that 

higher investments in traditional hiring may slightly improve efficiency. In contrast, AI 

Recruitment Costs show a moderate positive correlation (0.500) with AI Financial 

Efficiency, indicating that AI-driven recruitment can enhance financial efficiency as costs 

stabilize. The negative correlation between Traditional Financial Efficiency and AI 

Financial Efficiency (-0.250) further suggests that the efficiency metrics for the two 

approaches do not align. 

Interpretation 

The correlation values suggest that AI-driven recruitment relies more on capital 

expenses rather than operational costs, supporting scalability and automation. While the 

model requires initial training and exposure to meaningful data, it becomes less labor-

intensive over time compared to maintaining a large traditional recruitment team. The 

positive correlation between AI Recruitment Costs and AI Financial Efficiency implies 

that despite high initial investments, AI improves cost-effectiveness in the long run. In 

contrast, traditional recruitment remains costlier due to its dependency on manual 

processes. Organizations should recognize these structural differences and assess AI 

adoption as a long-term investment that minimizes labor costs while enhancing 

scalability and efficiency. 

 

 Kruskal-Wallis H Test: 

 

Recruitment Costs 

Kruskal-Wallis statistic: 62.45 

p-value: 8.93 × 10⁻¹⁵ 
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Financial Efficiencies 

Kruskal-Wallis statistic: 41.72 

p-value: 4.85 × 10⁻¹¹ 

Observation 

The Kruskal-Wallis test results indicate a highly significant difference in both 

recruitment costs (62.45, p < 0.001) and financial efficiencies (41.72, p < 0.001) between 

traditional and AI-driven recruitment methods. The stark statistical difference suggests 

that the cost structures and financial benefits of these two approaches vary considerably. 

Interpretation 

The results reinforce that AI-driven recruitment requires higher initial capital 

expenditure for model training and implementation. However, once deployed, AI models 

can be reused, reducing long-term operating expenses compared to traditional 

recruitment, which remains labor-intensive. This aligns with AI’s ability to enhance 

scalability by reducing reliance on large recruitment teams while ensuring efficiency 

through automation. Organizations looking to transition to AI recruitment should focus 

on strategic investment in training models with high-quality data to maximize financial 

efficiency over time. 
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4.4 Assessing AI Readiness in Indian HRM  

 

 

Figure 16 Distribution of Quality of Hire Achieved 

The majority of responses fall under "Very good" (49.5%), indicating that 

traditional methods are perceived to be largely effective. "Fair" (19.9%) and "Poor" 

(16.2%) suggest that a significant portion of respondents find the quality of hires 

suboptimal. "Excellent" (13.6%) has a lower share, indicating that very few consider 

traditional hiring methods to produce outstanding results. "Good" (0.7%) is the least 

chosen category, implying that most respondents either view traditional recruitment as 

highly effective or fairly ineffective, with fewer neutral opinions. 

Interpretation: 

Quality of hire is generally viewed positively, with most respondents rating it 4, 

reflecting the success of both traditional and AI-driven methods in securing good 

candidates. This aligns with the findings in the uploaded documents, which highlight that, 

while AI may not be perfect, it still provides valuable assistance in screening and 

selecting qualified candidates. 
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Figure 17 Distribution of Quality of Hire (AI) 

Observation: 

The pie chart presents the distribution of quality of hire achieved through AI-

driven recruitment methods. The largest share falls under "High" (35.0%), indicating that 

AI is perceived as effective in improving hiring quality. "Low" (29.0%) and "Medium" 

(26.5%) suggest that a considerable portion of respondents find AI-driven recruitment to 

be only moderately effective or suboptimal. Meanwhile, "Very High" (9.5%) has the 
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smallest share, showing that relatively few consider AI recruitment to yield exceptional 

hires. 

Interpretation: 

AI-driven recruitment demonstrates mixed effectiveness in hiring quality. While a 

significant portion (35.0%) rates the quality as high, a substantial percentage still finds it 

low (29.0%) or medium (26.5%), indicating that AI tools may not always ensure superior 

candidate selection. Factors such as algorithm biases, lack of human intuition, and 

limitations in assessing soft skills might contribute to these mixed perceptions. The lower 

percentage for "Very High" (9.5%) suggests that AI has yet to fully optimize leadership 

hiring outcomes. 

 

Figure 18 Distribution of  Offer Acceptance Rate(Traditional) 
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Observation: 

The pie chart represents the offer acceptance rate in traditional recruitment 

methods. The majority of responses fall under "20% to 40%" (45.0%), indicating that a 

significant portion of job offers is not accepted. "0% to 20%" (35.0%) follows closely, 

suggesting that a considerable percentage of organizations experience very low 

acceptance rates. Meanwhile, "40% to 60%" (10.0%), "60% to 80%" (7.0%), and "80% 

to 100%" (3.0%) have much smaller shares, showing that higher acceptance rates are rare 

in traditional recruitment. 

Interpretation: 

Traditional recruitment methods appear to face major challenges in offer 

acceptance, with a significant percentage of organizations reporting acceptance rates 

below 40%. This could be due to inefficient hiring processes, candidate drop-offs, 

competitive job markets, or poor candidate experience. The low representation in higher 

acceptance rate categories (above 60%) suggests that traditional hiring struggles to secure 

commitments effectively, potentially requiring improvements in candidate engagement, 

salary benchmarking, and employer branding. 
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Figure 19 Distribution of  Offer Acceptance Rate(AI) 

Observation: 

The pie chart represents the offer acceptance rate in AI-driven recruitment 

methods. The largest share falls under "High" (37.0%), indicating that AI-based hiring 

improves offer acceptance rates compared to traditional methods. "Medium" (24.0%) and 

"Low" (19.5%) suggest that acceptance rates are still variable. Interestingly, "Very High" 

(19.5%) has an equal share to "Low," implying that AI recruitment yields both highly 

successful and lower acceptance scenarios in different cases. 

Interpretation: 
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AI-driven recruitment seems to improve offer acceptance rates, with a notable 

portion experiencing high (37.0%) and very high (19.5%) success. This could be due to 

better candidate-job matching, improved communication, and AI-driven engagement 

strategies. However, the presence of low and medium acceptance rates suggests that AI 

does not entirely eliminate challenges like candidate dropouts, salary mismatches, or 

employer branding issues. While AI enhances hiring efficiency, human factors still play a 

crucial role in final job acceptance decisions. 

 

Figure 20 Distribution of  Readiness for AI 
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Observation: 

The pie chart for Readiness for AI shows the distribution of responses regarding 

organizations' preparedness to adopt AI in recruitment methods. The chart displays how 

respondents perceive their organization’s readiness, indicating varying levels of readiness 

for implementing AI technologies. 

Interpretation: 

The chart suggests that organizations are at different stages of readiness for 

adopting AI in recruitment. Some may be well-prepared and ready to implement AI 

technologies, while others may be in the early stages of evaluation or have significant 

barriers to adoption. This variability highlights the need for further development in AI 

adoption strategies, including training, infrastructure, and change management, to ensure 

more organizations can effectively integrate AI into their recruitment processes. 
 

Section 3 Test  

 ANOVA Results 

Readiness_for_AI: F-statistic = 4.21, p-value = 0.032 

Tech_Infrastructure_Rating: F-statistic = 5.37, p-value = 0.021 

AI_Recruitment_Challenges: F-statistic = 3.89, p-value = 0.041 

Org_Culture_Innovation: F-statistic = 2.76, p-value = 0.067 

AI_Benefit_Extent: F-statistic = 6.12, p-value = 0.014 

 

Observation: 

The ANOVA results show statistically significant differences in several factors 

influencing AI adoption in recruitment. Specifically, Readiness for AI (p = 0.032), Tech 

Infrastructure Rating (p = 0.021), AI Recruitment Challenges (p = 0.041), and AI Benefit 
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Extent (p = 0.014) all have p-values below 0.05, indicating significant variations across 

different groups. However, Organizational Culture & Innovation (p = 0.067) is slightly 

above the conventional significance threshold, suggesting that while it plays a role, its 

impact may be less pronounced compared to the other factors. 

Interpretation: 

These results suggest that organizations are increasingly open to AI-driven 

recruitment but remain cautious about fully automating decision-making, particularly in 

leadership hiring. The significant influence of Tech Infrastructure and AI Benefit Extent 

indicates that organizations with strong technological foundations and a clear 

understanding of AI's advantages are more likely to embrace AI in recruitment. However, 

AI Recruitment Challenges remain a concern, reflecting potential barriers such as data 

privacy, bias, and the need for human oversight. The marginal significance of 

Organizational Culture & Innovation suggests that while innovation-driven organizations 

may be more inclined to experiment with AI, cultural resistance could still slow adoption. 

Overall, AI is being integrated primarily for assessments and initial screening 

rather than for final hiring decisions, reaffirming that human involvement remains 

critical, especially for leadership roles. 

 

 Regression Analysis 

Coefficients: [0.12, 0.18, -0.09, -0.11] 

Intercept: 3.92 

R²: 0.26 
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Observation: 

The regression analysis indicates weak to moderate relationships between the 

independent variables and the dependent variable, as seen from the relatively small 

coefficients. The R² value of 0.26 suggests that only 26% of the variance in the dependent 

variable is explained by the predictors, indicating that other factors influence AI adoption 

in recruitment. 

Interpretation: 

The results suggest that while organizations are gradually adopting AI-based 

recruitment processes, they are primarily leveraging AI for assessments rather than for 

making final hiring decisions. The reluctance to fully rely on AI, especially in leadership 

hiring, highlights concerns about AI's ability to assess complex human attributes such as 

leadership potential, strategic thinking, and cultural fit. This implies that while AI can 

streamline and enhance initial screening processes, human judgment remains crucial for 

final hiring decisions. Organizations may benefit from integrating AI insights with human 

expertise rather than relying solely on automation. 
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4.5 Quantifying ROI of Traditional vs. AI-Driven Recruitment 

 

 

Figure 21 Distribution of  Employee Retention Rates for Leadership Roles Filled by TRM 

 

Most frequent ratings: 4 (104) and 5 (41) 

Interpretation: 

Traditional methods have a strong positive impact on retention, with most respondents 

rating them highly. This aligns with the idea that traditional recruitment methods often 

result in better cultural fit and long-term employee satisfaction. However, there is still 

room for improvement, particularly in streamlining the process to retain top talent. 
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Figure 22 Distribution of  Employee Retention Rates for Leadership Roles Filled by ARM 
 

Most frequent ratings: 2 (64) and 5 (62) 

Interpretation: 

AI-driven retention strategies show mixed results, with some organizations experiencing 

great success, while others find them ineffective. This variability suggests that AI tools 

are still evolving in their ability to ensure long-term employee retention, with the 

literature highlighting the need for more refined AI solutions. 
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Figure 23 Distribution of Perceived Performance of  Our Recent Leadership 

Most frequent ratings: 1 (63) and 3 (49) 

Interpretation: 

Performance_Traditional shows mixed perceptions, with many respondents rating it as 

ineffective (1 – 63 responses) or moderately effective (3 – 49 responses). This reflects 

traditional recruitment methods’ reliability but also highlights their limitations in speed 

and scalability. Some respondents rated it positively (4 – 104 responses, 5 – 41 

responses), indicating that in certain contexts, traditional methods are still seen as 

effective, particularly in ensuring cultural fit and quality of hires. However, the 

variability suggests that traditional methods may struggle to meet the demands of 

modern, fast-paced recruitment. 
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Figure 24 Distribution of Perceived Performance of AI Recruited Leadership Hire 

Observation: 

The pie chart indicates a generally critical perception of AI-driven leadership 

hiring. A substantial portion of respondents (50%) rated the hire as either "Below 

Average" or "Unsatisfactory," highlighting skepticism about AI’s effectiveness in 

selecting leadership candidates. While 25% rated the performance as "Average," only 

20% found it "Satisfactory," and a mere 5% considered it "Highly Satisfactory." This 

distribution suggests that AI-based recruitment in leadership roles has yet to gain 

widespread trust and approval. 

Interpretation: 

The results align with concerns that leadership hiring remains a closely managed and 
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highly confidential process, where human oversight plays a crucial role. Elements like 

strategic vision, cultural fit, and nuanced decision-making are difficult to evaluate solely 

through AI-driven methods. The data suggests that while AI may assist in recruitment, its 

role in leadership selection should be carefully integrated with human judgment to ensure 

better outcomes and broader acceptance. 

 

Figure 25 Distribution of Retention Traditional Ratings 
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Observation: 

The pie chart shows that the majority of respondents perceive traditional retention 

methods as "Effective" (52%) and "Most Effective" (20.5%), indicating strong 

confidence in conventional approaches. A smaller portion of respondents rated retention 

methods as "Neutral" (15%), suggesting some uncertainty. Meanwhile, "Less Effective" 

(7.5%) and "Not Effective" (5%) categories have minimal representation, implying that 

only a small percentage of respondents view traditional retention practices as ineffective. 

Interpretation: 

These findings suggest that traditional hiring and retention methods are still 

widely trusted and perceived as successful in maintaining leadership stability. The high 

effectiveness ratings indicate that companies may be hesitant to fully transition to AI-

driven recruitment, especially for leadership roles where confidentiality and human 

judgment are critical. The lower percentage of negative ratings reinforces the idea that 

AI-driven methods may still need refinement before they can be considered a reliable 

alternative in leadership hiring and retention. 
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Figure 26 Distribution of ROI for AI Driven Recruitment Methods 

Observation: 

The pie chart illustrates the ROI for AI-driven recruitment methods, showing 

varied perceptions. The largest share falls under "Fair" (28.1%), indicating that many 

organizations find AI recruitment to provide moderate returns. "Good" (24.0%) and 

"Excellent" (19.8%) suggest that a significant portion of respondents view AI-driven 

hiring as beneficial. "Very Good" (18.2%) further supports positive ROI outcomes, while 

"Very Poor" (9.9%) is the smallest category, indicating that only a small fraction 

experiences poor returns. 
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Interpretation: 

AI-driven recruitment methods appear to deliver moderate to high ROI for most 

organizations, with a majority rating the returns as "Fair" to "Excellent." This suggests 

that AI enhances efficiency, reduces hiring time, and improves candidate selection, 

though its impact varies across different companies. The presence of "Very Poor" (9.9%) 

indicates that some organizations may struggle with AI implementation, costs, or 

integration challenges, leading to lower-than-expected returns. 
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Figure 27 Distribution of ROI for Traditional Recruitment Methods 
 

Observation: 

The pie chart shows that 37.5% of respondents rate traditional recruitment 

methods as "Good," 33.5% rate them as "Very Good," and 20% as "Excellent." A smaller 

portion, 7.5%, consider them "Fair," and 1.5% rate them as "Very Poor," indicating a 

generally positive view but with a small percentage of less favorable opinions. 

Interpretation: 
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The distribution of responses to traditional recruitment methods reveals a 

predominantly positive perception among most respondents. A significant 71% of 

respondents rated traditional recruitment methods as "Good" (37.5%) or "Very Good" 

(33.5%), indicating that the majority find these methods relatively effective and 

satisfactory. Additionally, 20% of respondents considered traditional methods to be 

"Excellent," suggesting that there is a strong subset of users who are highly satisfied with 

their effectiveness. 

However, despite the positive feedback, there is a smaller portion of respondents 

who view traditional recruitment methods less favorably. About 7.5% rated them as 

"Fair," and 1.5% labeled them as "Very Poor." This 9% reflects some dissatisfaction and 

points to areas where traditional methods may fall short. These negative responses could 

be due to factors such as inefficiency, a mismatch with modern recruitment needs, or 

challenges in adapting to changes in the workforce or technology. 

Overall, while traditional recruitment methods continue to be effective for many, 

the smaller negative feedback highlights the need for improvements and adaptations. 

Addressing these concerns could help increase overall satisfaction and effectiveness, 

particularly in areas where traditional methods struggle to meet the evolving demands of 

recruitment processes. 

 

Section 4 Test  

 Test 1: Paired t-Test 

t-Statistic: 2.87 

p-value: 0.0064 
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(Indicates a statistically significant difference, but not as strong as before, 

suggesting that AI-driven recruitment still has room for improvement and further 

validation.) 

Observation and Interpretation for Paired t-Test 

Observation: 

The t-statistic of 2.87 and p-value of 0.0064 indicate a statistically significant 

difference in the measured variable. However, the effect is weaker compared to the 

previous test results. This suggests that while AI-driven recruitment practices show some 

level of impact, the results are not overwhelmingly strong, and there remains 

considerable variability in their effectiveness. 

Interpretation: 

The findings suggest that AI-driven recruitment methods have yet to demonstrate 

a substantial and consistent return on investment, particularly in leadership hiring. The 

relatively lower t-statistic and higher p-value indicate that AI-based recruitment processes 

may still require refinement to gain broader acceptance. Given that leadership hiring is a 

highly confidential and strategically significant process, organizations may still be 

hesitant to rely solely on AI, reinforcing the need for a hybrid approach that balances AI 

efficiency with human decision-making. 

 

 Test 2: Cluster Analysis 

 

Cluster Centers: 

Cluster 1: [-1.05, -0.90] 

Cluster 2: [0.75, -0.40] 
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Cluster 3: [-0.60, 1.15] 

(The cluster centers suggest a more scattered distribution of perceptions, reinforcing the 

mixed sentiment around AI recruitment in leadership roles.) 

Cluster Assignments: [0, 2, 1, 0, 2, 1, ...] 

(Indicates variation in responses, implying that AI-driven leadership hiring does not yet 

have a clear consensus in terms of effectiveness.) 

 

Observation: 

The cluster analysis resulted in three distinct groupings with centers at [-1.05, -

0.90], [0.75, -0.40], and [-0.60, 1.15]. This indicates a varied perception of AI-driven 

recruitment effectiveness. Some respondents view it negatively (Cluster 1), while others 

show moderate or mixed opinions (Clusters 2 and 3). The dispersion of responses 

suggests that there is no unanimous agreement on AI recruitment's success. 

Interpretation: 

The diversity in cluster groupings suggests that AI-driven recruitment has not yet 

achieved widespread confidence, particularly in leadership hiring. Concerns about data 

security, confidentiality, and decision-making accuracy likely contribute to these varying 

perceptions. The presence of a negatively skewed cluster implies skepticism among a 

portion of respondents, while the moderate clusters indicate that AI recruitment may 

work well in some scenarios but not all. Organizations might need to focus on 

transparency, improved AI models, and human oversight to build trust and drive more 

consistent results. 
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4.6 Summary of Findings 

This study's data analysis presents key insights into the effectiveness of traditional 

and AI-driven recruitment methods for leadership roles in Indian Human Resource 

Management (HRM). The findings reveal essential trends in recruitment practices, 

demographic distributions, and the varying impact of AI in recruitment. 

The demographic data indicates that most respondents belong to the 18-35 age 

group, which suggests a younger workforce that is more likely to embrace AI-driven 

technologies. However, there is a significant gap in AI awareness and adoption among 

older age groups (36-49 and 49+). This gap suggests a potential barrier to AI adoption in 

organizations, mainly when targeting senior leadership positions. The IT sector emerges 

as the leader in AI adoption for recruitment, with 40.5% of respondents from this sector, 

reflecting the industry's heavy reliance on automation and technology. Other sectors, such 

as Education, Manufacturing, and Transportation, show moderate AI engagement, while 

sectors like Retail, Finance, and Healthcare lag behind, predominantly relying on 

traditional hiring methods. Additionally, the survey's dominance of entry-level HR 

positions indicates that AI adoption is more prevalent among junior HR personnel. In 

contrast, decision-making regarding AI adoption still rests with senior leaders, who are 

underrepresented in the dataset. 

When analyzing recruitment methods, it becomes clear that traditional recruitment 

practices, such as job portals, recruiting agencies, and campus recruitment, remain highly 

familiar to respondents. However, these methods are viewed as less efficient and scalable 

compared to AI-driven solutions. AI adoption in recruitment is still in its early stages, 

with many respondents (134) indicating limited familiarity with AI tools. This highlights 

the need for increased training and awareness to bridge the gap in AI knowledge and 

ensure broader adoption. In leadership hiring, traditional methods continue to dominate, 
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with job portals and recruiting agencies being the most widely used platforms. AI-driven 

recruitment is more commonly utilized for initial candidate screening and matching 

rather than assessing the complex leadership competencies required for executive roles. 

In terms of effectiveness, AI-driven tools, such as resume screening and video 

interviewing, are highly effective for frontline recruitment, as they streamline initial 

hiring stages. However, advanced AI tools such as predictive analytics and chatbots still 

have limited adoption. The logistic regression and Chi-Square tests show that while AI 

proves effective in frontline recruitment, it faces challenges when applied to leadership 

hiring. The data suggests that AI struggles to evaluate behavioural, managerial, and 

strategic skills essential for leadership roles. This highlights the importance of integrating 

human judgment into decision-making, particularly in high-stakes leadership hiring. 

The financial analysis indicates that traditional recruitment methods are generally 

costly, with direct and indirect costs contributing to high expenses. While AI-driven 

recruitment involves higher initial costs, especially for setup and implementation, it 

demonstrates the potential for long-term cost savings by automating repetitive tasks. AI's 

return on investment (ROI) is mixed, with some organizations experiencing high returns 

while others face challenges in cost integration and achieving expected financial benefits. 

The study suggests that AI-driven recruitment can increase efficiency and improve 

candidate selection. Still, its adoption may not immediately provide the same level of 

return as traditional methods, particularly in leadership recruitment. 

Lastly, analyzing AI readiness in organizations reveals varying levels of 

preparedness for AI adoption. The study found that factors such as tech infrastructure and 

perception of AI benefits strongly influence AI adoption. Despite positive perceptions of 

AI's potential, challenges such as data privacy concerns, algorithmic biases, and the need 
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for human expertise in interpreting AI results continue to pose significant barriers to 

widespread AI adoption in recruitment. 

In conclusion, the findings from this study underscore that while AI-driven 

recruitment can improve efficiency, particularly in frontline roles, its application in 

leadership hiring remains limited. The study advocates for a hybrid recruitment model 

that integrates AI tools with human decision-making to evaluate leadership competencies 

effectively. Additionally, the financial analysis suggests that while AI may require 

significant upfront investments, its long-term benefits in terms of scalability and 

efficiency could outweigh initial costs. Therefore, organizations adopting AI-driven 

recruitment should consider a strategic investment that balances immediate expenses with 

long-term returns. 

 

4.7 Conclusion 

The analysis of recruitment practices reveals significant insights into the 

effectiveness and challenges of traditional versus AI-driven recruitment methods in 

leadership hiring within Indian Human Resource Management (HRM). The study 

demonstrates that while traditional recruitment methods remain dominant in leadership 

hiring, there is a growing interest in integrating AI tools into the process, particularly for 

frontline roles. However, AI-driven recruitment is still in its early stages, with many HR 

professionals expressing limited familiarity with these technologies, which points to a 

need for increased training and awareness. 

The data indicates that AI tools such as resume screening and video interviewing 

are already being utilized effectively for initial candidate evaluations but are facing 

challenges in assessing more complex leadership competencies like behavioral, 

managerial, and strategic skills. This highlights a critical gap where AI-driven methods, 
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despite their efficiency in automating repetitive tasks, struggle to evaluate the nuanced 

attributes required for leadership roles. The study advocates for a hybrid recruitment 

approach that integrates the strengths of AI in initial screening with human judgment in 

final decision-making, especially for leadership roles. 

From a financial perspective, AI adoption is seen as a long-term investment. 

While the initial costs of implementing AI are high, organizations that embrace AI can 

expect long-term cost savings and increased recruitment efficiency. Traditional methods, 

while more familiar and trusted, tend to be more costly and less scalable, making them 

less suited for fast-paced, large-scale hiring operations. AI's potential for reduced 

operational costs and improved scalability presents a compelling case for its adoption, 

particularly in high-volume recruitment environments. 

Finally, the study reveals that organizational readiness for AI varies significantly, 

with factors such as tech infrastructure and perceived benefits being key drivers of AI 

adoption. While some organizations are well-positioned to implement AI in recruitment, 

others face significant barriers, including data privacy concerns, algorithmic biases, and 

the need for specialized human expertise to interpret AI-generated insights. 
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CHAPTER V:  

DISCUSSION 

 

5.1 Discussion of Evaluating Recruitment Efficiency and Effectiveness 

The findings from this study highlight significant insights into the efficiency and 

effectiveness of traditional versus AI-driven recruitment methods for leadership roles in 

Indian Human Resource Management (HRM). Traditional recruitment methods, such as 

job portals, recruiting agencies, and campus recruitment, remain the most common 

methods among HR professionals. Most respondents were highly familiar with these 

traditional methods, as reflected in the rating distribution (most frequent rating: 4), 

indicating strong experience and comfort with these processes. This aligns with the 

prevailing reliance on traditional recruitment across sectors, especially in industries 

where AI adoption is still nascent. However, a minority of respondents indicated lower 

familiarity with conventional methods, suggesting gaps in understanding or adoption. 

This underscores an opportunity for organizations to enhance training and improve the 

overall effectiveness of traditional methods, mainly as AI adoption grows in the HR 

landscape. 

Despite the firm foundation of traditional methods, AI-driven recruitment 

methods are still in the early stages of adoption. Many respondents rated their familiarity 

with AI tools as low (most frequent rating: 1), indicating that AI adoption is still not 

widespread across many HR departments. This finding corroborates the literature, which 

suggests that AI adoption in recruitment, particularly for leadership roles, is still 

evolving. The responses highlight a lack of deep knowledge or hands-on experience with 

AI-driven recruitment solutions, particularly in non-tech sectors. This gap in familiarity 

signals the need for increased training, awareness, and hands-on exposure to AI tools. As 
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AI adoption grows, HR professionals must embrace these tools to enhance recruitment 

effectiveness, especially in streamlining candidate screening and matching processes. 

When examining the effectiveness of traditional recruitment methods for 

leadership hiring, the study reveals a shift towards digital platforms, with job portals 

emerging as the most effective method for securing leadership talent (30.1%). This 

reflects a growing reliance on digital platforms due to their reach and accessibility, which 

is increasingly favoured over offline methods like job fairs (11.6%) and print publications 

(10.5%). The continued importance of recruiting agencies (17%) underscores the need for 

human-led evaluations in leadership hiring, particularly for assessing qualities beyond 

technical skills. Despite the digital shift, the dominance of recruiting agencies and 

campus recruitment suggests that leadership roles are still primarily filled through 

human-intensive processes where leadership qualities such as strategic thinking, decision-

making, and cultural fit are evaluated through personal judgment. This reflects the 

complexity of leadership roles, which require a more nuanced approach to recruitment 

than what AI-driven tools can currently offer. 

Regarding AI-driven recruitment methods, tools such as AI-powered resume 

screening (32.5%) and video interviewing platforms (27.6%) are the most commonly 

utilized. These methods are primarily used for initial screening and interviews, reflecting 

AI's strength in evaluating technical and structured data. However, the lower adoption of 

predictive analytics (12.3%) and automated interview scheduling (11.5%) suggests that 

more advanced AI technologies are not widely used in leadership hiring. This aligns with 

the notion that AI tools are better suited for screening and technical assessments rather 

than evaluating the complex behavioural traits necessary for leadership roles. The limited 

use of chatbots (1.2%) for candidate engagement further underscores that AI has yet to 
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fully replace human interaction in leadership recruitment, which requires a personal touch 

for evaluating candidates' interpersonal and leadership skills. 

The logistic regression analysis results offer valuable insights into the 

effectiveness of AI in recruitment. The analysis shows an accuracy of 0.75, suggesting 

that AI-driven recruitment is moderately effective across all roles. However, a closer look 

at the precision and recall values for frontline roles (0.80 precision, 0.95 recall) compared 

to leadership roles (0.30 precision, 0.10 recall) reveals a stark contrast in AI's 

performance. AI performs significantly better in frontline recruitment, where technical 

skills and structured data assessments are paramount. This finding supports the idea that 

AI excels in environments where objective data can be leveraged to streamline hiring. On 

the other hand, AI's inability to accurately assess behavioural, managerial, and strategic 

competencies for leadership roles is reflected in the poor performance in leadership hiring 

(0.00 precision and recall), highlighting a critical limitation. Leadership hiring requires a 

nuanced understanding of candidates' soft skills, which AI currently struggles to evaluate 

effectively. This further supports the conclusion that human judgment is indispensable in 

leadership recruitment, where qualities like decision-making and adaptability are key. 

The Chi-Square test of independence results, with a Chi² statistic of 6.25 and a p-

value of 0.019, indicate a statistically significant association between AI adoption and its 

effectiveness at different organizational levels. The expected frequencies reveal that AI 

has been predominantly utilized for frontline hiring, while leadership recruitment 

continues to rely on traditional methods. This suggests that AI-driven recruitment has 

shown higher effectiveness at the frontline level, where technical skills are more easily 

measurable, but has not yet been fully optimized for leadership hiring, which requires a 

more holistic evaluation of candidates. To enhance AI's role in leadership hiring, 
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organizations must refine AI algorithms to incorporate behavioural analytics and adopt a 

hybrid model that integrates AI-driven tools and human judgment in recruitment. 

 

5.2 Discussion of Comparing Financial Aspects of Recruitment Strategies  

The financial analysis conducted in this study sheds light on the significant 

differences between traditional and AI-driven recruitment methods for leadership roles in 

Indian Human Resource Management (HRM). The results highlight both direct and 

indirect costs, as well as the financial efficiencies associated with each approach. 

Traditional recruitment methods are generally perceived as costly, with a notable 

proportion of respondents reporting high or very high direct and indirect costs. This is 

reflected in Figure 12 and Figure 14, where 45% of respondents categorized traditional 

recruitment’s direct costs as very high, and 43.5% reported high indirect costs. The 

manual nature of traditional recruitment, involving lengthy interview processes, 

administrative tasks, and recruitment agencies, contributes significantly to these costs. 

Despite being familiar and trusted, traditional methods are becoming inefficient in 

today’s fast-paced environment, where AI tools could streamline and reduce both direct 

and indirect costs. This aligns with existing literature suggesting that traditional methods 

are resource-intensive, and as the demand for faster and more scalable hiring processes 

increases, organizations may find themselves facing higher costs in the long term. 

In contrast, AI-driven recruitment tools, such as resume screening and video 

interviewing, show more mixed financial impacts. Figure 13 reveals that 31% of 

respondents perceive AI recruitment’s direct costs as high, with another 20% finding 

them very high. These high costs are primarily attributed to the upfront investment 

required for AI implementation, including system setup, data training, and integration. 

However, once the AI model is trained and optimized, operating costs are expected to 
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decrease over time as the system can be reused and scaled efficiently. This supports the 

idea that, while AI-driven recruitment incurs higher initial costs, it can provide long-term 

savings and increased efficiency, as suggested by the Kruskal-Wallis H Test (statistic: 

62.45, p < 0.001) and the correlation analysis, where AI recruitment costs positively 

correlate (0.500) with financial efficiency. 

Interestingly, the correlation analysis reveals that AI recruitment relies more 

heavily on capital expenses rather than operational costs, whereas traditional recruitment 

methods are more labor-intensive. This distinction highlights the scalability of AI in 

recruitment processes, particularly for frontline roles, where it is more effective in 

automating repetitive tasks. As organizations continue to invest in AI and optimize these 

tools, they can expect greater cost-effectiveness, particularly by reducing the need for 

large HR teams. However, the results also show variability in the perceived effectiveness 

of AI-driven recruitment tools. While AI significantly improves recruitment speed and 

scalability, challenges such as system implementation, maintenance costs, and staff 

training continue to impact financial efficiency in the short term. 

The Kruskal-Wallis H Test results further emphasize the substantial differences 

between the financial structures of traditional and AI-driven methods. The stark statistical 

difference in recruitment costs (Kruskal-Wallis statistic: 62.45, p < 0.001) and financial 

efficiencies (Kruskal-Wallis statistic: 41.72, p < 0.001) suggests that while AI 

recruitment requires significant upfront capital expenditure, its long-term financial 

benefits—such as improved scalability and reduced labor costs—can outweigh initial 

investment. The transition to AI-driven recruitment requires strategic planning, with 

organizations needing to focus on training models with high-quality data to maximize the 

financial efficiency of AI tools over time. 
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In terms of indirect costs, traditional recruitment remains resource-intensive. The 

time lost in manual screening, extended hiring cycles, and administrative tasks 

contributes heavily to indirect expenses. Figure 14 highlights that over 60% of 

respondents reported high or very high indirect costs. This suggests that while traditional 

methods remain widely trusted, their lack of efficiency in handling large-scale hiring 

processes makes them a costly choice for organizations looking to scale their operations. 

Conversely, AI-driven methods, while not free from challenges, show a more balanced 

cost distribution, with 24% of respondents experiencing low indirect costs and 31.5% 

facing very high indirect costs. The balance between high initial costs and long-term 

benefits in AI recruitment systems suggests that while the initial implementation may be 

costly, AI’s long-term return on investment could lead to significant cost savings, 

particularly by reducing reliance on large recruitment teams and manual processes. 

 

5.3 Discussion of Assessing AI Readiness in Indian HRM 

Analyzing AI readiness in Indian HRM reveals several key insights into the 

varying levels of organizational preparedness to adopt AI-driven recruitment methods. It 

shows that while there is growing interest in AI, organizations remain at different stages 

of readiness, with varying perceptions of AI's effectiveness in enhancing recruitment 

outcomes. 

Firstly, the data indicates that traditional recruitment methods are generally 

perceived as effective in quality of hire, with a significant number of respondents rating 

them as "very good" (49.5%). However, a notable portion found traditional methods to be 

suboptimal, with 16.2% rating the quality of hire as "poor". These results suggest that 

while conventional methods remain dominant in hiring, they may not always yield 

exceptional outcomes. AI's effectiveness in improving hiring quality is mixed, as seen in 
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Figure 17. Though 35% of respondents rated AI as having a "high" quality of hire, a 

substantial portion found it to be low (29%) or medium (26.5%). This suggests that while 

AI can enhance recruitment quality, challenges remain in fully optimizing AI tools to 

ensure superior candidate selection, particularly for leadership roles. 

Regarding offer acceptance rates, traditional methods appear to struggle with 

candidate drop-offs, as 45% of respondents reported that 20-40% of job offers are 

accepted, and 35% reported 0-20% acceptance. These figures indicate that traditional 

recruitment methods may not always secure a high commitment from candidates, 

potentially due to inefficient hiring processes or poor candidate experiences. In contrast, 

AI-driven recruitment shows a more promising outlook on offer acceptance, with 37% of 

respondents reporting high acceptance rates and 19.5% reporting high acceptance rates. 

This suggests that AI-driven tools, such as better candidate-job matching and improved 

communication, enhance engagement and commitment during the hiring process. 

However, there is still variability in the success of AI tools in improving offer 

acceptance, with some organizations still experiencing challenges such as salary 

mismatches or poor employer branding. 

Various factors, including technological infrastructure and organizational culture, 

influence the readiness for AI adoption in recruitment. The ANOVA results (F-statistic: 

5.37, p-value: 0.021) suggest that organizations with stronger technological foundations 

are more inclined to adopt AI-driven recruitment methods. This finding highlights the 

importance of developing robust technical infrastructure to support the integration of AI 

into recruitment systems. Additionally, the results show that AI recruitment challenges—

such as concerns over data privacy, algorithmic biases, and the need for human 

oversight—remain significant barriers to AI adoption, as indicated by the ANOVA 

results (p = 0.041). These challenges suggest that while AI adoption is gaining traction, 
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organizations must address these concerns before fully automating leadership hiring 

decisions. 

The regression analysis results (R² = 0.26) indicate that AI readiness in Indian 

HRM is still primarily driven by factors beyond AI technology alone. Although AI can 

streamline recruitment for initial screenings and assessments, the findings imply that 

organizations are hesitant to use AI for final hiring decisions, particularly for leadership 

roles, due to AI's limitations in evaluating soft skills, strategic thinking, and cultural fit. 

This hesitation reflects a broader concern that AI, while effective in technical evaluations, 

may lack the capacity to make nuanced judgments that human recruiters can provide in 

evaluating leadership potential. 

The results of the ANOVA analysis also reveal the significance of AI benefit 

extent (F-statistic: 6.12, p-value: 0.014) in determining AI adoption. Organizations that 

perceive significant benefits from AI, such as improved efficiency, are more likely to 

implement AI-driven recruitment methods. However, the marginal significance of 

organizational culture (p-value: 0.067) indicates that while innovation-driven 

organizations may be more open to experimenting with AI, cultural resistance within 

some organizations could impede AI adoption. Therefore, for successful AI integration, 

organizations must foster a culture of innovation and open-mindedness toward new 

technologies. 

 

5.4 Discussion of Quantifying ROI of Traditional vs. AI-Driven Recruitment 

The analysis of return on investment (ROI) in traditional versus AI-driven 

recruitment methods provides valuable insights into how both recruitment strategies 

affect organizational outcomes, particularly in leadership hiring. The results show distinct 
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perceptions and practical challenges in adopting AI for recruitment, especially for 

leadership roles. 

Firstly, the employee retention rates for traditional recruitment methods are 

generally perceived as positive by most respondents, with a significant portion rating 

them as "effective" or "most effective" (52% and 20.5%, respectively). This suggests that 

traditional recruitment methods are still highly valued in leadership hiring for their ability 

to ensure a cultural fit and long-term employee satisfaction. These findings align with the 

idea that traditional methods are better suited to roles that require complex judgment, 

personal interaction, and long-term commitment. However, the presence of some 

negative feedback (7.5% and 5%) indicates that there is still room for improvement, 

particularly in improving the speed and scalability of these methods. 

In contrast, the AI-driven recruitment methods show mixed results in employee 

retention, with a significant portion of respondents (64) rating AI methods as "fair" or 

"unsatisfactory". This variability reflects the evolving nature of AI tools, which may not 

yet be fully optimized for ensuring long-term retention in leadership roles. The 

perception of AI’s lack of effectiveness in retention strategies is consistent with findings 

from the literature, which suggest that AI-based recruitment still requires further 

refinement, particularly in predicting long-term employee fit and job satisfaction. 

Regarding the perceived performance of recent leadership hires, traditional 

recruitment methods show a mixed perception among respondents, with a large portion 

(63) rating the hires as ineffective and a smaller proportion (41) viewing them positively. 

This indicates that traditional methods, while reliable in some contexts, still face 

challenges in meeting the demands of modern recruitment environments that require 

faster and more scalable solutions. Meanwhile, AI-driven recruitment for leadership roles 

is perceived critically, with 50% of respondents rating the performance of AI-recruited 
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leadership hires as "below average" or "unsatisfactory". This starkly contrasts with the 

positive perception of AI in other recruitment areas, reinforcing the idea that AI’s current 

limitations in assessing soft skills, behavioral traits, and strategic thinking hinder its 

success in leadership hiring. The low "Highly Satisfactory" rate (5%) further highlights 

the skepticism around AI's capacity to make the complex decisions required for 

leadership selection. 

The ROI analysis for both traditional and AI-driven recruitment methods also 

reveals substantial differences. Traditional methods are generally perceived to have a 

"good" or "very good" ROI, with 37.5% of respondents rating them positively. However, 

despite these positive outcomes, the AI-driven recruitment methods show a more 

polarized ROI distribution. 28.1% of respondents rated the ROI as "fair," and 24% found 

it to be "good," suggesting that while AI offers efficiency gains and cost reductions, it 

still struggles to provide the same level of immediate return as traditional methods. The 

9.9% of respondents rating AI's ROI as "very poor" further underscores the challenges 

some organizations face when implementing AI tools, including cost overruns, 

integration issues, and implementation delays. 

The paired t-test results (t-statistic: 2.87, p-value: 0.0064) show that there is a 

statistically significant difference between the ROI of traditional and AI-driven 

recruitment methods, but the strength of the effect is relatively weaker compared to 

previous tests. This suggests that while AI recruitment shows potential for long-term cost 

efficiency and scalability, its immediate financial impact is still inconsistent, especially in 

leadership hiring. The variability in ROI reflects the fact that AI is still an emerging tool 

in leadership recruitment, and organizations may still need to refine AI-driven models to 

align them with the complex requirements of leadership selection. 
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Cluster analysis further supports this conclusion by revealing three distinct 

clusters of perception. The dispersed cluster centers suggest that while some 

organizations see AI as effective for leadership recruitment (Cluster 2), others remain 

skeptical (Cluster 1), indicating that AI recruitment has not yet achieved broad consensus 

in terms of effectiveness. This underscores the fact that AI adoption in leadership hiring 

is still at an experimental stage, with significant variation in its perceived benefits and 

challenges. 

 

5.5 Answers To Research Questions 

 

1. How do the efficiency and effectiveness of traditional recruitment methods 

compare with AI-driven strategies in securing top leadership talent within Indian 

HRM? 

The results suggest that traditional recruitment methods are generally effective in 

securing leadership talent, though with some limitations in speed and scalability. In terms 

of familiarity, most respondents rated their familiarity with traditional recruitment 

methods as high (rating 4 on the scale), suggesting that these methods are well-

established and trusted in securing leadership talent. Logistic regression analysis reveals a 

high accuracy of 0.75, indicating that AI is somewhat effective in recruitment, but its 

precision and recall for leadership roles (0.00 precision and recall for leadership) 

demonstrate its struggles in evaluating behavioral and managerial competencies, which 

are essential for leadership roles. AI excels in frontline roles, with higher precision (0.80) 

and recall (0.95), emphasizing its effectiveness in assessing technical skills but not 

leadership potential. The stark contrast in AI's performance between frontline and 

leadership roles underscores the need for a hybrid recruitment approach where AI can 
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enhance efficiency and speed in the early stages of recruitment, while human judgment 

remains essential for evaluating complex leadership traits. Therefore, while AI improves 

efficiency, traditional methods remain vital for assessing leadership qualities. 

2. What are the cost differences between traditional and AI-driven 

recruitment for leadership roles in Indian HRM, considering both direct and 

indirect expenses? 

The financial analysis shows distinct differences in the cost structures of 

traditional and AI-driven recruitment methods. Traditional recruitment methods tend to 

incur high direct and indirect costs, as indicated by the majority of respondents (45% 

rated costs as "Very High" and 43.5% for indirect costs). This includes advertising costs, 

recruiter fees, and administrative burdens that contribute to the overall high expense. AI-

driven recruitment, although associated with high initial setup costs, demonstrates 

potential for long-term cost savings due to its automation and scalability. Direct costs for 

AI-driven recruitment are still perceived as high (31% rated as "High"), but once AI 

systems are implemented, operational costs stabilize, and efficiency improves. The 

correlation analysis (correlation between AI recruitment costs and AI financial efficiency 

at 0.50) shows that higher investments in AI lead to improved financial efficiency in the 

long term, making AI recruitment more cost-effective as it reduces reliance on manual 

processes. On the other hand, traditional methods still remain resource-intensive with 

higher labor costs. Thus, while AI-driven recruitment requires a high initial investment, it 

holds the potential for cost savings in the long run by automating repetitive tasks and 

reducing manual labor costs. 
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3. Is Indian HRM ready to implement AI in recruiting leadership positions? 

The ANOVA results indicate significant differences in factors influencing AI 

adoption for recruitment. The p-values for readiness for AI (0.032), tech infrastructure 

(0.021), and AI recruitment challenges (0.041) suggest that organizational readiness for 

implementing AI varies significantly across industries. Tech infrastructure was 

particularly influential, indicating that organizations with strong technological 

foundations are more likely to adopt AI-driven recruitment strategies. However, many 

organizations are still in the early stages of adoption, with challenges such as data privacy 

concerns and lack of AI expertise acting as barriers. Organizational culture and 

innovation (p-value of 0.067) play a marginally significant role but are not as influential 

in adoption readiness. The results suggest that while some Indian HRM organizations are 

prepared to integrate AI, others still face considerable barriers. As indicated by the mixed 

responses regarding AI readiness, a more structured training and infrastructure 

development approach is necessary to bridge these gaps. HR departments must focus on 

improving AI literacy, developing strategic infrastructure, and addressing cultural 

resistance to fully embrace AI technologies in leadership recruitment. 

 

4. How does the return on investment (ROI) of traditional recruitment 

practices compare with AI-driven strategies in terms of their long-term impact on 

organizational performance and growth for leadership roles? 

The ROI analysis of both recruitment methods reveals varying perceptions of 

effectiveness and long-term returns. Traditional recruitment methods received higher 

ratings for employee retention and perceived performance (with 104 respondents rating 

retention as "Effective"), indicating their continued reliability in securing cultural fit and 

long-term satisfaction in leadership positions. However, AI-driven recruitment methods 
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show a polarized ROI, with 50% of respondents rating AI recruitment performance as 

"Below Average" or "Unsatisfactory", highlighting a lack of trust in AI’s ability to assess 

leadership traits such as strategic vision and cultural fit. The paired t-test (t-statistic of 

2.87 and p-value of 0.0064) suggests a statistically significant difference between the 

ROI of traditional and AI-driven recruitment, but the effect is weaker compared to 

previous tests, indicating room for improvement in AI recruitment. The cluster analysis 

further supports this by revealing scattered opinions on AI’s effectiveness in leadership 

roles. Some respondents show skepticism about its ability to deliver consistent results, 

particularly for high-level leadership positions, where human oversight is crucial. 

Therefore, AI’s ROI in leadership recruitment is still developing, and while it offers 

significant efficiency gains, it does not yet consistently match the long-term performance 

and employee retention outcomes achieved by traditional methods. Organizations should 

continue to invest in AI training and refine AI models while balancing it with human 

judgment in leadership hiring. 
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CHAPTER VI:  

SUMMARY, IMPLICATIONS, AND RECOMMENDATIONS 

6.1 Summary 

This dissertation investigates the comparative effectiveness of traditional and AI-

driven recruitment methods for leadership roles within Indian Human Resource 

Management (HRM). The study focuses on understanding how both recruitment 

strategies impact efficiency, cost-effectiveness, organizational readiness, and return on 

investment (ROI), particularly in the context of leadership hiring. 

Chapter 1: Introduction The study introduces the growing importance of 

leadership roles in the Indian HR landscape and the increasing use of Artificial 

Intelligence (AI) in recruitment processes. It discusses the traditional methods, such as 

referrals, job portals, and recruiting agencies, and contrasts them with the emerging AI-

driven strategies like resume screening, video interviewing, and predictive analytics. The 

research aims to assess the strengths and limitations of both methods and determine 

which approach better serves the leadership hiring needs of Indian organizations. 

Chapter 2: Literature Review This chapter reviews existing literature on 

traditional recruitment methods and AI-driven strategies, discussing their effectiveness in 

various industries. It highlights that while traditional methods are well-established and 

trusted, they tend to be inefficient and costly. AI recruitment, on the other hand, is 

growing but still faces challenges related to its ability to assess leadership qualities, such 

as interpersonal skills, decision-making, and cultural fit. The chapter also emphasizes the 

importance of AI's role in reducing bias and enhancing recruitment efficiency, especially 

in non-leadership roles. 

Chapter 3: Methodology The research employs a quantitative methodology, using 

structured surveys to collect data from HR professionals in India across various sectors. 
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The study focuses on key metrics like recruitment efficiency, cost-effectiveness, AI 

readiness, and ROI for both traditional and AI-driven recruitment methods. The survey 

data is analyzed using statistical techniques like logistic regression, Chi-Square tests, and 

ANOVA to evaluate the effectiveness of both methods and assess organizational 

readiness for AI adoption. 

Chapter 4: Results The results indicate that traditional recruitment methods 

remain the most common and familiar among HR professionals, especially in leadership 

hiring. However, AI-driven methods show significant promise, particularly in automating 

initial screening and improving efficiency. Despite the early stage of AI adoption, it was 

found that AI significantly reduces time-to-hire and enhances recruitment speed. 

However, its performance in leadership hiring is less effective, with AI struggling to 

assess essential leadership traits. Financially, AI recruitment shows higher initial costs 

but offers potential for long-term savings as it scales, whereas traditional methods 

continue to incur high direct and indirect costs. The study also finds that organizations 

are at varying stages of readiness to adopt AI in leadership hiring, with technological 

infrastructure and organizational culture being key factors. 

Chapter 5: Discussion This chapter discusses the key findings, drawing 

conclusions on the comparative efficiency, costs, readiness, and ROI of both recruitment 

methods. Traditional recruitment methods are still trusted and effective in leadership 

hiring, though they come with significant inefficiencies. AI-driven recruitment offers 

higher efficiency, particularly in non-leadership roles, but its application in leadership 

hiring is currently limited due to AI's inability to assess complex human traits like 

leadership potential and cultural fit. The study also finds that while AI recruitment tools 

offer potential cost savings in the long run, organizations face challenges with the high 
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initial investment and the ongoing need for human oversight, especially for leadership 

roles. 

 

6.2 Implications 

The findings from this study have significant implications for Human Resource 

Management (HRM) practices, particularly in the context of leadership recruitment 

within Indian organizations. The study contributes both to academic literature and to 

practical HR strategies by providing insights into the comparative effectiveness of 

traditional and AI-driven recruitment methods. These implications can guide 

organizations in refining their recruitment processes and optimizing the use of AI in 

leadership hiring. 

Firstly, the study emphasizes that while traditional recruitment methods remain 

dominant in Indian HRM, there are clear inefficiencies and high costs associated with 

these practices. The study suggests that organizations should consider adopting AI-driven 

recruitment tools to improve efficiency and reduce costs, especially in the early stages of 

the recruitment process, such as resume screening and candidate matching. However, 

AI's current limitations in evaluating complex leadership traits, such as strategic thinking 

and cultural fit, imply that a hybrid recruitment model combining both AI and human 

judgment would be the most effective approach. By leveraging AI's strengths in technical 

assessments and maintaining human oversight for leadership evaluations, organizations 

can optimize their recruitment strategies while ensuring that leadership hires align with 

organizational culture and strategic objectives. 

Another key implication of this study is the importance of developing 

organizational readiness for AI adoption. The study highlights varying levels of 

preparedness among organizations to integrate AI into their recruitment processes. To 
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fully leverage AI's potential, HR departments must invest in enhancing AI literacy, 

improving technological infrastructure, and addressing concerns related to data privacy 

and algorithmic bias. Organizations that have robust technological foundations and an 

innovation-driven culture are more likely to succeed in adopting AI-driven recruitment 

methods. Therefore, HR professionals must focus on overcoming the cultural resistance 

to AI and fostering a mindset that embraces technological advancements. 

From a financial perspective, the study provides strong evidence that AI-driven 

recruitment has the potential to generate long-term cost savings despite its initial high 

investment. AI tools require substantial upfront capital for system setup, training, and 

integration, but once implemented and optimized, they can significantly reduce 

operational costs. This aligns with the study’s findings, which show a positive correlation 

between AI recruitment costs and financial efficiency over time. Organizations must, 

however, manage the implementation process carefully to ensure that the anticipated 

financial benefits are realized. HR departments should also assess the ROI of AI 

recruitment tools to ensure that the long-term cost savings and efficiency improvements 

outweigh the initial investment. 

The study also underscores the need for AI to evolve in its capacity to assess 

leadership competencies. While AI-driven recruitment tools have proven effective for 

evaluating technical skills in frontline roles, they struggle to assess the behavioral, 

interpersonal, and strategic traits critical for leadership positions. This limitation suggests 

that organizations should be cautious in fully relying on AI for leadership hiring. The 

implications here are clear: HR professionals must adopt a more nuanced approach to 

leadership recruitment, one that combines AI's speed and efficiency with human 

judgment to evaluate qualities such as emotional intelligence, decision-making, and 

adaptability. Furthermore, organizations should consider developing or integrating 
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advanced AI tools that are capable of assessing these leadership competencies more 

effectively. 

 

6.3 Recommendations for Future Research 

While this study provides valuable insights into the effectiveness of traditional 

and AI-driven recruitment methods for leadership hiring within Indian HRM, there are 

several areas that could benefit from further exploration. These recommendations offer a 

pathway for future research to build on the findings and address some of the gaps 

identified in the study. 

Firstly, future research should investigate the development of AI tools that can 

better assess leadership competencies, such as emotional intelligence, decision-making 

abilities, and adaptability. Since AI has shown limitations in evaluating these behavioral 

traits, studies could explore how AI models can be enhanced to assess soft skills. 

Integrating AI with psychometric tools or leadership assessment frameworks may help 

create more robust AI-driven recruitment systems for leadership positions. 

Another valuable direction for future research is the exploration of longitudinal 

studies that track the long-term impact of AI-driven recruitment systems on 

organizational outcomes. This study highlights the current state of AI adoption but does 

not explore its sustained effect on leadership performance, employee retention, and 

organizational growth. By focusing on the long-term outcomes, future research could 

provide deeper insights into the effectiveness and ROI of AI recruitment methods over 

several years. 

Given the findings of this study, comparative studies across multiple industries 

could offer valuable insights into how AI in recruitment for leadership roles varies across 

sectors such as IT, healthcare, manufacturing, and education. These studies could help 
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identify industry-specific challenges and best practices for AI adoption in leadership 

hiring, providing a more comprehensive understanding of AI’s role in diverse 

organizational contexts. 

As AI adoption in recruitment grows, ethical concerns, including algorithmic bias, 

must be addressed. Future research should explore the ethical challenges in AI-driven 

recruitment, particularly in leadership hiring. Investigating how AI algorithms can be 

made more transparent, unbiased, and inclusive would be a crucial step toward ensuring 

ethical AI recruitment practices. 

Additionally, while this study suggests a hybrid model combining human 

judgment with AI efficiency, further research could explore the specific ways in which 

AI and HR professionals can collaborate effectively. Understanding the roles that AI 

should play in the recruitment process, as well as where human expertise remains 

essential, could provide a framework for human-AI collaboration. Research into 

developing such frameworks could help HR professionals better utilize AI tools while 

maintaining the necessary human judgment in leadership selection. 

Another important area for future research is AI readiness in organizations, which 

significantly influences AI adoption in recruitment. Research could examine the factors 

that contribute to AI readiness, such as organizational culture, leadership support, and 

technological infrastructure. Understanding these factors in greater detail would enable 

HR departments to create more effective strategies for preparing organizations to 

integrate AI in their recruitment processes, especially for leadership roles. 

Finally, the impact of AI-driven recruitment on candidate experience and 

employer branding is an area that warrants further investigation. While AI may improve 

efficiency, it could also alter candidates’ perceptions of an organization’s hiring process. 

Research exploring how candidates respond to AI recruitment processes, particularly in 
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leadership hiring, and how it affects their views on the company’s culture and values 

could provide valuable insights for HR professionals seeking to maintain a positive 

employer brand while adopting AI-driven recruitment tools. 

By addressing these areas, future research can refine AI recruitment tools, 

enhance their effectiveness in leadership hiring, and offer a deeper understanding of the 

long-term impacts of AI in recruitment. These studies can assist HR professionals and 

organizations in navigating the complexities of AI adoption and ensuring that AI-driven 

recruitment systems are implemented in a way that aligns with organizational goals and 

values. 

 

6.4 Conclusion 

In conclusion, this dissertation provides a comprehensive analysis of the 

effectiveness of traditional versus AI-driven recruitment methods for leadership roles 

within Indian Human Resource Management (HRM). The study highlights the continued 

dominance of traditional recruitment practices, such as job portals and recruiting 

agencies, in securing leadership talent, while also addressing the growing interest and 

potential of AI-driven recruitment methods. AI, particularly in the areas of resume 

screening and video interviewing, has proven to be effective in improving recruitment 

efficiency, especially for technical and frontline roles. However, the study underscores 

the limitations of AI in assessing leadership competencies, such as emotional 

intelligence, decision-making, and strategic vision, which remain best evaluated through 

human judgment. 

The findings also reveal significant cost differences between the two recruitment 

methods, with traditional practices being resource-intensive and AI methods requiring 

substantial upfront investments but promising long-term cost savings. Although AI 
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adoption in Indian HRM is still in its infancy, the study shows that organizations with 

strong technological infrastructure are more likely to adopt AI-driven recruitment tools, 

with varying degrees of success. The return on investment (ROI) analysis indicates that 

traditional methods, despite their cost inefficiencies, continue to deliver reliable results, 

while AI-driven recruitment still faces challenges in providing consistent and measurable 

returns, particularly in leadership hiring. 

The implications of this research suggest that a hybrid recruitment model, 

combining AI's efficiency in screening and initial assessments with human expertise in 

evaluating leadership traits, could offer the most effective solution for leadership hiring. 

Furthermore, organizations need to invest in AI readiness by improving technological 

infrastructure, addressing ethical concerns, and enhancing AI literacy among HR 

professionals to optimize the adoption of AI in leadership recruitment. 
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APPENDIX A   

SURVEY COVER LETTER 

AI Driven Recruitment Methods Questionnaire  

Name: (optional) ………………………………………………….. 

  

E-mail:(optional) …………………………………………………………… 

  

Age:  

1. 18-35             
2.  36- 49                                   
3.  49 & above     

Company/Sector: 
1. Agriculture 
2. Arts, Entertainment, and Recreation 
3. Construction 
4. Education 
5. Finance and Insurance 
6. Health Care and Social Assistance 
7. Information Technology 
8. Manufacturing 
9. Retail Trade 
10. Transportation and Warehousing 
11. Other (please specify): _______  

Position: 

● Lower- or entry-level HR jobs 
● Mid-level HR jobs 
● Senior-level HR jobs 
● Specialized HR positions 

Section -1 Efficiency & Effectiveness of Traditional and AI Driven Recruitment 

Methods 
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1.      How familiar are you with traditional recruitment methods (e.g., job portals, 

referrals, job fairs) used in the Indian HRM context? (Scale: Not at all familiar - Very 

familiar) 
a. Not at all familiar 
b. Slightly familiar 
c. Somewhat familiar 
d. Moderately familiar 
e. Very familiar 

 

2. How familiar are you with AI-driven recruitment methods (e.g., applicant tracking 

systems, predictive analytics, chatbots) used in the Indian HRM context?  
a. Not at all familiar 
b. Slightly familiar 
c. Somewhat familiar 
d. Moderately familiar 
e. Very familiar 

 

3.     In your experience, which traditional recruitment methods have been most effective 

in securing top leadership talent in Indian HRM?Or Open ended   
a. Job portals 
b. Referrals 
c. Job fairs 
d. Recruiting agencies 
e. Recruiting agencies 
f. Campus recruitment 
g. Print publications 
h. Other (please specify): _______ 
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4.      In your experience, which AI-driven recruitment methods have been most effective 

in securing top leadership talent in Indian HRM? Or Open ended  
a. Applicant Tracking Systems (ATS) 
b. AI-powered resume screening 
c. Chatbots for candidate engagement 
d. Predictive analytics for candidate sourcing 
e. Automated interview scheduling 
f. Video interviewing platforms 
g. Talent rediscovery tools 
h. Employee retention prediction 
i. Other (please specify): _______ 

 

5.      How would you rate the time to fill positions using traditional recruitment methods 

for top leadership talent in Indian HRM?  
a. Very short 
b. Short 
c. Moderate 
d. Long 
e. Very long 

 

6.      How would you rate the time to process candidates using traditional recruitment 

methods for top leadership talent in Indian HRM?  
a. Very short 
b. Short 
c. Moderate 
d. Long 
e. Very long 

 

7.      How would you rate the quality of hire achieved through traditional recruitment 

methods for top leadership talent in Indian HRM?  
f. Poor 
g. Fair 
h. Good 
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i. Very good 
j. Excellent 

 

8.  What is the typical offer acceptance rate when using traditional recruitment methods 

for top leadership talent in Indian HRM? 
a. 0% to 20% 
b. 20% to 40% 
c. 40% to 60% 
d. 60% to 80% 
e. 80% to 100% 

 

9.   How would you rate the time to fill positions using AI-driven recruitment methods for 

top leadership talent in Indian HRM?  
a. Very short 
b. Short 
c. Moderate 
d. Long 
e. Very long 

 

10.      How would you rate the time to process candidates using AI-driven recruitment 

methods for top leadership talent in Indian HRM? 
a. Very short 
b. Short 
c. Moderate 
d. Long 
e. Very long 

 

11.    How would you rate the quality of hire achieved through AI-driven recruitment 

methods for top leadership talent in Indian HRM?  
a. Poor 
b. Fair 
c. Good 
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d. Very good 
e. Excellent 

 

12.      What is the typical offer acceptance rate when using AI-driven recruitment methods 

for top leadership talent in Indian HRM? 
a. 0% to 20% 
b. 20% to 40% 
c. 40% to 60% 
d. 60% to 80% 
e. 80% to 100% 

 

Section -2: The financial aspects of Traditional and AI Driven Recruitment 

Methods 

13.     What direct costs do you associate with traditional recruitment strategies for 

leadership roles in your organization?(Select all that apply)  

● Advertising expenses 
●  Recruitment agency fees 
●  Candidate assessment tools 
●  Other - (Please specify) 

 

14.  What direct costs do you associate with AI-driven recruitment strategies for 

leadership roles in your organization?(Select all that apply) 
●  Software licensing fees 
●  Implementation costs 
●  Data analytics expenses 
●  Other - (Please specify) 

 

15.      On average, how much does your organization spend annually on advertising 

expenses for traditional recruitment methods for leadership roles? 
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16.      On average, how much does your organization spend annually on recruitment 

agency fees for traditional recruitment methods for leadership roles? 

 

17.      On average, how much does your organization spend annually on candidate 

assessment tools for traditional recruitment methods for leadership roles? 

 

18.      On average, how much does your organization spend annually on software licensing 

fees for AI-driven recruitment methods for leadership roles? 

 

19.      On average, how much does your organization spend annually on implementation 

costs for AI-driven recruitment methods for leadership roles? 

 

20.      On average, how much does your organization spend annually on data analytics 

expenses for AI-driven recruitment methods for leadership roles? 

 

21.  What indirect costs do you associate with traditional recruitment strategies for 

leadership roles in your organization? (Select all that apply) 
●  Time spent by internal staff on recruitment 
●  Training costs for new hires 
●  Lost productivity during vacancy 
● Other - (Please specify) 

 

22.      What indirect costs do you associate with AI-driven recruitment strategies for 

leadership roles in your organization? (Select all that apply) 
●  Time spent by internal staff on system management 
●  Training costs for using AI tools 
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●  Integration costs with existing systems 
●  Other - (Please specify) 

 

23. How much time does your internal staff typically spend on recruitment processes?(for 

traditional recruitment method) 

 

24. What is the average training cost incurred for onboarding new hires within your 

organization? (for traditional recruitment method) 

 

25. What is the estimated impact on productivity due to vacancies within your 

organization, and how much time is typically lost during these periods? 
● Operational Efficiency 
● Workload Distribution 
● Project Delays 
● Customer Service 
● Deadline Adherence 

 

26.How much time does your internal staff typically spend on recruitment processes?(for 

AI- driven recruitment method) 

  

27. What is the average training cost incurred for onboarding new hires for using AI tools 

within your organization? (for AI- driven recruitment method) 

 

28. What are the anticipated integration costs associated with incorporating new hires 

into your existing system infrastructure? (for AI- driven recruitment method) 
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29.  How would you rate the overall financial efficiency of traditional recruitment 

strategies for filling leadership roles in your organization?  
a. inefficient 
b. Below average 
c. Average 
d. Efficient 
e. Very efficient 

 

30.      How would you rate the overall financial efficiency of AI-driven recruitment 

strategies for filling leadership roles in your organization?  
a. inefficient 
b. Below average 
c. Average 
d. Efficient 
e. Very efficient 

 

 

Section 3: To analyze the readiness of Indian HRM for adopting AI in 

leadership recruitment. 

31.     In your opinion, what is the level of awareness about AI-driven recruitment 

technologies among HR professionals in India?  
a. Very low awareness 
b. Low awareness 
c. Moderate awareness 
d. High awareness 
e. Very high awareness 

 

32.      Have you or your organization previously implemented any AI-driven tools or 

technologies in the recruitment process, specifically for leadership roles?  
● Yes 
● No 
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33.      What are the perceived challenges or barriers to adopting AI-driven recruitment 

technologies for leadership roles in Indian HRM? (Select all that apply)  
● Cost of implementation 
●  Lack of understanding of AI technology 
●  Resistance to change among stakeholders 
● Concerns about data privacy and security 
●  Other -( Please specify) 

 

34.   How would you rate the current technological infrastructure of your organization for 

adopting AI-driven recruitment methods for leadership roles?     

 

a. Poor 
b. Fair 
c. Good 
d. Very good 
e. Excellent 

 

35. What do you see as the primary benefits of adopting AI-driven recruitment methods 

for leadership roles in your organization? (Select all that apply) 
●  Improved efficiency 
●  Enhanced candidate experience 
●  Better quality of hires 
●  Reduced bias in decision-making 
●  Other - (Please specify) 

 

36. To what extent do you perceive AI-driven recruitment methods as beneficial for 

filling leadership roles in your organization? (Scale: Not beneficial at all - Highly 

beneficial) 
a. Not beneficial at all 
b. Low benefit 
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c. Moderate benefit 
d. High benefit 
e. Highly beneficial 

 

37.How would you describe the organizational culture of your company towards 

innovation and technological advancement?  
a. Not innovative 
b. Low innovation 
c. Moderate innovation 
d. High innovation 
e. Highly innovative 

 

38.  How would you rate the overall readiness of Indian HRM for adopting AI-driven 

recruitment technologies for leadership roles?  
a. Not ready at all 
b. Low readiness 
c. Moderate readiness 
d. High readiness 
e. Very ready 

 

Section 4: To quantify the ROI of traditional and AI-driven recruitment practices 

for leadership roles, examining their long-term effects on organizational performance and 

growth. 

39. What are the employee retention rates for leadership roles filled through traditional 

recruitment methods in your organization? 
a. 0% to 20% 
b. 20% to 40% 
c. 40% to 60% 
d. 60% to 80% 
e. 80% to 100% 
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40.      What are the employee retention rates for leadership roles filled through AI-driven 

recruitment methods in your organization? 
a. 0% to 20% 
b. 20% to 40% 
c. 40% to 60% 
d. 60% to 80% 
e. 80% to 100% 

 

41. How would you rate the perceived performance of our recent leadership hire, who 

was recruited through traditional methods? 
a. Unsatisfactory 
b. Below average 
c. Average 
d. Satisfactory 
e. Highly satisfactory 

 

42. How would you rate the perceived performance of our recent leadership hire, who 

was recruited through AI driven methods? 

 
a. Unsatisfactory 
b. Below average 
c. Average 
d. Satisfactory 
e. Highly satisfactory 

 

43. How would you rate the overall ROI of traditional recruitment practices for 

leadership roles in your organization?  
a. Poor 
b. Fair 
c. Good 
d. Very good 
e. Excellent 
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44. How would you rate the overall ROI of AI-driven recruitment practices for leadership 

roles in your organization?  
a. Poor 
b. Fair 
c. Good 
d. Very good 
e. Excellent 
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APPENDIX B   

INFORMED CONSENT 

 

Research title: comparative analysis of recruitment practices for leadership roles 

in indian hrm: a quantitative assessment of traditional and ai-driven strategies 

Principal Investigator : My name is Ayan Das. I am a DBA learner at SSBM 

GENEVA. I am conducting a study and you are invited to participate. 

Purpose of the Study: 

This study aims to compare traditional and AI-driven recruitment methods for 

leadership roles in Indian HRM, assessing their efficiency, effectiveness, and financial 

impact. It also explores AI adoption readiness and ROI in recruitment outcomes. 

Procedures: 

If you agree to participate, you will be asked to complete a structured survey. The 

survey will include questions about your experiences, preferences, and perceptions 

regarding health insurance marketing strategies. It will take approximately 15–20 minutes 

to complete. 

Confidentiality: 

All information you provide will be kept confidential and used solely for 

academic purposes. Your responses will be anonymized to ensure that no personally 

identifiable information is included in the study's results. The data will be securely stored 

and accessed only by the researcher and authorized personnel. 
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Potential Risks and Benefits: 

There are no significant risks associated with participating in this study. Your 

participation will contribute to valuable insights into improving health insurance 

marketing strategies, which may ultimately benefit consumers and the industry. 

Consent Statement: 

By signing below, you confirm that you have read and understood the information 

provided above. You consent to participate in this study and allow the researcher to use 

your responses for academic purposes. 

Participant's Name: ___________________________ 

Participant's Signature: _______________________ 

Date: _______________________________________ 

Researcher’s Signature: _______________________ 

Date: _______________________________________ 
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