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ABSTRACT 

THE IMPACT OF ARTIFICIAL INTELLIGENCE/ MACHINE LEARNING FOR 

INDIAN JUSTICE SYSTEM 

 

Abhishek Katta 

April 2025 

Dissertation Chair :  

This study examines the transformative potential of artificial intelligence (AI) and Machine 

learning (ML) in addressing systemic improvements within India’s judicial system, 

particularly in the context of a rapidly growing democracy of 1.4 billion people and a 

daunting backlog of over approx. 48 million pending cases. Framed in the context of 

India’s digitalization journey-initiated through the National Policy and Action Plan for ICT 

in the Judiciary (2005) where Phase I (2011-2015) laid digital infrastructure foundations 

for courts, Phase II (2015-2023) expanding citizen centric services and Phase III ( starting 

2023 – Present) prioritizes AI/ML integration for intelligent case management and 

paperless courts. 

 

Employing a mixed-methods approach combining quantitative analysis metrics and 

qualitative insights from judicial stakeholders, the study identifies critical determinants of 

AI/ML adoption. Findings reveal that prior exposure to basic IT systems-such as digital 

case management software, legal search engines significantly accelerate AI readiness, with 

specialized legal tech software reducing errors by 50% in document review tasks. 

However, high implementation costs for setting up end-user digital infrastructure, 
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regulatory framework including cybersecurity, data governance or even staff training, 

emerge as persistent barriers, disproportionately affecting rural jurisdictions. Efficiency 

gains are evident as AI-driven transcription systems reduce hearing durations significantly,  

while automated legal research platforms cut document review hours by 40%. 

The research underscores systemic challenges, including a generational divide in 

technological literacy, with majority of  staff lacking formal AI training. Regulatory gaps 

in data privacy and algorithmic transparency further hinder adoption, while India’s 

linguistic diversity complicates NLP deployments, as most tools support only English and 

Hindi. The study highlights the role of standardized IT systems in boosting client 

satisfaction and the cost-effectiveness of AI-powered contract drafting tools. 

The conclusion emphasizes that successful AI/ML integration requires targeted 

investments in digital infrastructure, standardized training programs, and inclusive policy 

frameworks addressing linguistic, cultural, and socioeconomic disparities. By bridging 

these gaps, India’s judiciary can leverage AI to reduce its case backlog and democratize 

access to justice. The findings underscore the need for a balanced approach that prioritizes 

constitutional values while harnessing technological innovation to align with global 

benchmarks for judicial modernization. 
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CHAPTER I: 

INTRODUCTION 

 

1.1 Introduction 

There are several forces pushing the legal services industry throughout the globe to 

modernize and embrace change. As a result of automation and artificial intelligence (AI) 

advancements, new data-driven technologies are emerging, which promise to significantly 

disrupt traditional procedures. The legal services industry has historically underutilized 

technology, making it more vulnerable to the disruptive potential of such new technologies 

(LexisNexis, 2014). The rapid growth of 'legal tech' in recent years, driven by advances in 

automation and AI, demonstrates that the legal industry is no longer resistant to change 

(Sheppard, 2015). Historically, disruptive innovation has been studied mostly in the 

industrial sector but not the services sector. Through a case study of the UK legal services 

industry, this essay provides insights into the demands and obstacles of change in law 

firms. It is based on the opinions of attorneys on the difficulties that arise from using AI 

and robotics in the legal field. 

As a result of a mix of conventional practice and risk aversion, the legal services industry 

has historically been resistive to innovation and reluctant to embrace new technology in 

comparison to other high-value industries (Alarie et al., 2018; Ribstein, 2010) One of the 

challenges is getting successful legal firms to adopt game-changing innovations like AI. 

However, the industry is on the cusp of a structural reorganization that will have far-

reaching consequences for business models (BM hereafter), and this is being pushed by 

both technical, primarily in the form of automation and AI, and market factors. Companies 

that delay making plans to integrate AI into their BMs run the danger of falling behind in 

the market, which might have negative effects on the sector's global competitiveness and 

economic health.  
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The actual advantages of artificially intelligent technologies in the legal profession may 

only be realized after attorneys radically rethink the delivery of legal services, as 

emphasized by (Alarie et al., 2018). As a result, it is crucial to comprehend how artificial 

intelligence (AI) and other technical challenges interact with existing market trends to 

challenge existing BMs of legal services organizations and the business sectors to which 

AI might possibly add to or disrupt present activity (Armour and Sako, 2019).  

Adaptability in the face of technological advances that are expected to prompt significant 

transformation is crucial for legal services firms operating in a business environment where 

new data-driven AI-enabled technologies promise to disrupt every link in the value chain. 

Despite the excitement around AI and other so-called "disruptive" technologies, it is 

important to identify the factors that discourage its widespread use among industry 

professionals. Paying close attention to these concerns today may aid in the creation of 

public policies and corporate practices that can ease the shift to the next generation of 

services, strengthen the sector's resilience, and foresee and lessen the impact on the labour 

market. (Hadfield, 2017) notes that the legal industry's preparedness for disruption has not 

kept pace with external technology advances and commercial needs. As a result, this study 

is guided by two primary research questions: first, how do modern technical and 

commercial factors threaten the status quo of legal services company business models? and 

second, what are the perceived hurdles to change in the legal services industry? 

Artificial intelligence has the ability to greatly aid attorneys, yet it also has the possibility 

of replacing (some) lawyers. It helps to diversify legal firm ranks, court ranks, and even 

jury pools, identifies and reduces prejudice in client intake and first consultations, and 

evaluates the consistency of criminal charge judgments made by prosecutors. By providing 

a mechanism for enhancing empathy and by broadening the scope of information that 

lawyers rely upon, AI can help mitigate the effects of implicit bias, allowing attorneys to 

make more nuanced assessments of clients, opponents, and witnesses. 

This article demonstrates how organizations in the legal services industry are under intense 

pressure from external sources, such as the rise of automation and AI, and disruptive new 

entrants. However, established and long-lasting managerial structures discourage change, 
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and a reactive attitude and reluctance to change limit transformation and potential for 

innovation. Conservative strategies are further fuelled by a lack of necessary skills as well 

as a fear and distrust of technology and data concerns. This article explains how legal 

service providers may use business model innovation (henceforth BMI) to identify the 

areas of their operations most vulnerable to disruption, as well as those offering the most 

potential for growth. With the help of BMI, businesses may favourably embrace new 

technologies by adapting their product and organizational structure to take use of AI's 

advantages.  

This will include thinking about the areas of the company that stand to benefit most from 

the implementation of new technology, as well as any potential drawbacks that may arise 

as a result (Agrawal et al., 2018). The paper makes a significant contribution by pointing 

out that although technology advancements are at the heart of the demands for change, 

social factors provide the greatest obstacles to change and adaptation. To be more precise, 

despite the disruptive force of technology, established organizational structures and 

business models are held together by professional standards, tradition, and culture. 

Furthermore, although automation, as opposed to 'real AI' technology mimicking 

intelligent behaviour, is the primary cause of disruption at the moment, it is also a stepping 

stone towards the widespread acceptance and implementation of AI.  

As a result, starting early with BMI is essential to being "AI-ready."  

The study concludes that the future competitiveness of the industry and the long-term 

survival of enterprises depend on a willingness to embrace innovation and reimagine the 

supply of legal services. An overview of the anticipated contributions of AI-enabled 

technologies to developing business practices follows a discussion on the function and 

significance of BMI in adjusting to change and embracing new technologies like AI. Before 

presenting our results, discussion, and suggestions, we provide a section on our 

methodology. 
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What Is Artificial Intelligence?  

The legal profession needs a clear explanation of what AI is. These definitions may be 

difficult to pin down for a number of reasons, including the rapid pace at which technology 

is developing and the existence of competing meanings. Draft federal legislation defines 

AI as "systems that think and act like humans or that are capable of unsupervised learning." 

In a nutshell, this term refers to "technologies that use computers and software to create 

intelligent, human-like behaviour." For a third, "AI," "cognitive computing," and "machine 

learning" are "generally interchangeable terms that all refer to how computers learn from 

data and adapt with experience to perform tasks." In conclusion, "AI covers the gamut of 

technologies from simple software to sentient robots, and everything in between, and 

unavoidably includes both algorithms and data. "Naturally, there are concepts within these 

definitions that need more explanation. Computers analyse data and carry out prepared 

instructions using algorithms, which are computer programs that give a "set of software 

rules that a computer follows and implements." As defined by the Oxford English 

Dictionary, "machine learning" is "the capability of algorithms and software to learn from 

data and adapt with experience." One use of machine learning is natural language 

processing, which is utilized in popular technologies like Apple's Siri and Amazon's Alexa.  

In this case, the machine learns to parse words rather than computer code. This article 

returns to the field of law to discuss three major applications of AI today: predictive AI, 

analytic AI, and machine learning. Predictive AI is more cutting-edge but has seen less 

usage in the legal field. Predictive AI may be used in the legal system to help forecast the 

results of future cases by using data from past rulings. Predicting how a court will rule has, 

on occasion, been done with a great degree of success. The thinking of the European Court 

of Human Rights justices was replicated in one experiment. Legal professionals may use 

analytical AI to assess the likelihood of winning in different jurisdictions or before different 

judges and opposing counsel. The quality of legal briefs and written arguments may be 

evaluated by AI, and it can "predict" the arguments that opposing counsel will make.  

These programs help lawyers do better mental work in the field of legal analysis. Predictive 

coding has been utilized in litigation for decades (when this law professor was still a 
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litigator) and is a well-known use of machine learning. Both unsupervised and guided 

approaches to machine learning exist. The meaning of "supervised" should also be 

established. When a person gives a machine certain objective to work toward, such as a set 

of faces to analyse and then tells the computer which ones human and which ones are aren't, 

this is called "supervised" machine learning. Supervised machine learning refers to 

situations in which an expert, such as a lawyer, picks the data used to train an algorithm 

and then monitors and directs the computer's processing and connection-making activities.  

A certain amount of supervision is provided by the human while the machine learns, and 

this is what is required in the technological realm to label the learning as "supervised." In 

"unsupervised" learning, the human chooses the data the machine will use but does not 

influence the output in any way. Some attorneys find it hard to believe that supplying data 

without specifying what conclusions should be drawn from the data still counts as 

"unsupervised." When a person does not choose the inputs, the process is known as 

unsupervised machine learning.  

In these cases, the computer searches the internet or other data sets for relevant information 

and nearly discovers the best solutions on its own. In systems that "provide free legal advice 

on civil matters" by gathering predicted results based on similar circumstances of previous 

cases, this kind of unsupervised technology has shown to be useful. However, it's not hard 

to see how an oversimplification of the data may lead to poor recommendations. When the 

computer output reflects the majority of the data without making any judgments about the 

accuracy or truth of the data it analyses, it can give the appearance of racist and sexist 

results.  

This is because unsupervised machine learning has many strengths (such as eliminating the 

requirement of feeding in a labelled dataset for training). By searching and interacting with 

the internet, unsupervised machine learning algorithms "learned" some major profanity 

relatively fast in their attempts to acquire human language. As we will see in Part III, one 

of the biggest obstacles to using AI in the legal area is guaranteeing the "accuracy" and 

"fairness" (terms currently being defined in terms of AI) of the underlying data from which 

the machine learns. 
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1.2 Current Uses of Artificial Intelligence in the Law  

There are several applications for AI among lawyers. Contract writing and review, digital 

signatures, contract administration, legal and matter management, contract due diligence, 

expertise automation, legal analytics, task management, title review, and lease abstracts are 

only some of the current applications of AI in the law, as outlined in a recent industry 

guide. Legal pleadings may now be analysed by computer programs for their strengths, 

flaws, trends, and linkages; these programs can also recommend related cases and assess 

the strength of certain arguments. For example, AI is being used in bankruptcy, 

immigration, estate planning, taxes, securities, and food and drug cases, as well as in intake, 

document management, litigation budgeting, and assessment of scientific expert evidence. 

Bail judgments are increasingly being made by computer algorithms in criminal courts.  

For the interest of public safety, courts employ risk assessment ratings generated by 

systems like COMPAS and the Public Safety Assessment (PSA) to decide whether or not 

to release a prisoner on bail pending trial. Legal research, document review, and standard 

document writing seem to be the most typical applications. Westlaw research is well-

known among lawyers for its thoroughness and useful parallels. Technology advancements 

have made it possible for attorneys to do much more than just research precedents. As an 

example, Ross Intelligence provides a tool that can do legal research and write out research 

memoranda. Using the current brief's list of authorities, these tools may recommend other 

cases that may be relevant to the argument. One firm has even developed a "bad law bot" 

to identify situations in which a case or statute law may be in issue even if it has not been 

officially invalidated. CARA is another tool that may be used to get legal memoranda and 

case law summaries. 

 

When it comes to computers' ability to imitate and, ideally, improve upon human 

behaviour, artificial intelligence (AI) is the subfield of computer science that focuses on 

modelling such behaviour. This can only be accomplished by creating a system that mimics 

human thought and behaviour, including learning and problem solving (Russell and 
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Norvig, 2010). For simplicity's sake, this simulation could just include a subset of human 

complexity (Cowls, 2019). Since its formal establishment as its own field in 1955 

(McCarthy et al., 2006), AI has seen extensive growth. Artificial intelligence uses machine 

learning to build a prediction function using data collected from a specific environment.  

The power of ML lies in its ability to learn from data without being explicitly programmed; 

ML algorithms are independent and self-sufficient in carrying out their learning function 

(Samuel, 1959). Because of this, they are used extensively in modern AI systems. Another 

reason for ML's prevalence is that its applications are often conceived of in the context of 

a final decision-making application, which is common in data science and other applied 

sciences. Some areas where AI and ML have been applied and need to be applied are 

namely: 

(Precision) agriculture (Sennar, 2019); air combat and military training (Gallagher, 2016; 

Wong, 2020); education (Sears, 2018); finance (Bahrammirzaee, 2010); healthcare (Beam 

and Kohane, 2018); human resources and recruitment (Hmoud and Varallyai, 2019); music 

composition (Cheng, 2009); customer service (Kongthon et al., 2009); reliable engineering 

& maintenance. 

1.3 Research Problem 

Concerns about loss of justice and equitability have been raised as more and more tasks 

are being delegated to algorithms at the expense of human oversight in all of these areas 

(Sareen et al., 2020). In addition, situations in which all external control is eliminated may 

be prone to the emergence of garbage-in-garbage-out problems (Saltelli and Funtowicz, 

2014). The availability of auto-ML services (Chin, 2019), in which the whole algorithm 

development cycle is automated and the remaining human control is effectively eliminated, 

may further worsen this problem.  

1.4 Purpose of Research 

Recent advances in automation and artificial intelligence (AI) have the potential to shake 

the fundamental underpinnings of the legal industry. Still, nothing is known about how 

they threaten conventional business practices, where they run into opposition, or how the 
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advantages of AI might be realized. This article examines how technical and commercial 

factors combine to threaten the business models of legal services businesses, drawing on 

interviews with experts in the legal services industry. Yet the research uncovered serious 

cultural and structural obstacles that impede change. By examining how business model 

innovation might help companies in the legal services industry rethink how they provide 

their services, this essay contributes to the ongoing conversation about how technology is 

reshaping the industry. 

1.5 Significance of the Study 

New technologies based on advancements in AI are on the edge of disrupting the 

established business models of legal services organizations. As a result of these changes, 

firms are under increased pressure from the outside world to devise novel approaches to 

value creation, delivery, and capture. This new era of technical development is both a 

catalyst for and an instrument of change, giving companies in the industry many chances 

to observe and respond to their surroundings for the sake of survival. Our research shows 

that law firms are hesitant to use AI-based technology despite the clear benefits of doing 

so. This is because doing so would need a major shift in the way the industry operates as a 

whole. Firm structures and cultures that discourage innovation in the legal services 

industry's business practices are further obstacles. Concerns about data security and a lack 

of relevant expertise exacerbate these problems. Therefore, the research indicates that 

social norms, traditions, and culture emphasize the main obstacles to change. These 

challenges will be tough, but they are not insurmountable. 

For the sake of speed and efficiency, more and more of our day-to-day decisions are being 

delegated to machine learning (ML) algorithms and artificial intelligence (AI). The 

machine learning (ML) techniques that form the basis of AI are often created without any 

documentation or explanation of how they work. This suggests that ML code scripts are 

not well reviewed, with interpretability often being compromised in favour of efficiency. 

Fairness, accuracy, accountability, and openness are just few of the areas where program 

development procedures have been called into question and found to have room for 

improvement. In this contribution, we explore the process of creating guidelines and 
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specialized publications on these topics. The following scenarios may benefit from 

decisions made by artificial intelligence: In both (a) risk assessment in the criminal justice 

system and (b) autonomous cars, differences in ethical standards are brought to light. 

Future approaches for establishing regulation of AI are discussed. 

1.6 Research Purpose and Questions 

The rising use of AI in various domains raises new critical problems regarding its 

acceptability (Yu et al., 2018), even though considerations about the ethical implications 

of machines and automation deployment were first put forward in the '50s and '60s 

(Samuel, 1959; Wiener, 1988). This is because of the many competing perspectives, 

interests, and values involved as well as the difficulty of the tasks at hand. The degree to 

which the decision-making algorithm takes into account the values and viewpoints of all 

relevant stakeholders is a crucial factor (Saltelli, 2020). To further track the outcomes of 

AI-driven winner and loser determination, it would be necessary to implement both an ex-

ante and ex-post assessment. 

Finally, it's crucial to evaluate whether or not ethical considerations have been included 

into AI-driven decision-making by asking questions such,  

• How do AI come into the law industry?  

• How can AI impact the decision making in the law?  

• What are the challenges and advantages of AI and ML in Indian Law? 

• What are future recommendations of AI and ML in Law and how will it have a 

positive impact on the Indian Judiciary? 
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CHAPTER II: 

LITERATURE REVIEW 

 

Law companies may provide better service to their customers if they considered price 

innovations. develop and implement something like a Performance-Based Pricing Strategy 

[PBPS]: as the name implies, this pricing model would be very client-friendly since 

customers would only have to pay if their goals were met, and it would also help to improve 

the quality of the relationship between the client and the law firm. 

Turning their attention from growing their top line to boosting their bottom line is a shift 

for today's law companies. Competition among law firms has been on the rise, while the 

demand for legal services has remained relatively flat in recent years. This means that going 

forward, legal firms won't focus on bringing in the most money, but rather on maximizing 

their profits. 

Using technology as a driving force: the legal industry has seen a surge in the introduction 

of cutting-edge AI-based solutions in the last couple of years, all with the goal of improving 

efficiency and customer service. Numerous new companies in the field of legal technology 

have emerged to make the life of lawyers and law firms easier. Legal solutions powered by 

AI may help law firms save time and money, opening the door to increased profitability. 

In the long term, the business wouldn't only embrace these technologies, but it would also 

build synergies with diverse firms to produce AI-based solutions that would further 

enhance the legal field. 

Future businesses will place a premium on building a strong brand identity. It just takes a 

little amount of bad advice from a few individuals to ruin a company's image, thus in order 

to build their brand, businesses should use AI-based legal solutions and platforms staffed 

by tech-savvy attorneys. On the other side, law firms need to host more conferences and 

send more lawyers to international seminars and workshops. 
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2.1 AI-Related Start-Ups and Their Impact 

Shashank Bijapur, a graduate of Harvard Law School, and Madhav Bhagat, a former 

Google employee, have founded a company focused on artificial intelligence (AI). This 

AI-powered company can analyse legal papers and help cut down on paperwork by 

allowing users to draft their own business contracts. This ground-breaking platform not 

only allows users to electronically create and sign legal documents, but also to set up 

automated reminders and payments. 

2.1.1 It's Case Mine: 

This site is devoted to the study of law. This company plans to use artificial intelligence to 

establish connections between various body of law precedents, making it easier for legal 

researchers to conduct exhaustive investigations. 

2.1.2 Case IQ: 

This machine learning software analyses the legal language and acts as an assistant, 

pointing out potential missing points of law, suggesting alternative arguments, and 

highlighting relevant judgements and case laws for thorough legal research. 

2.1.3 To wit: Near Law: 

The legal community may benefit from this Mumbai-based startup's artificial intelligence 

(AI)-based solutions. According to the company, NearLaw employs natural language 

processing tools to help analyse case evaluations. 

2.1.4 League for Practice: 

More than eight thousand attorneys' workflows have been revolutionized thanks to the 

usage of artificial intelligence by a law company situated in Pune. According to published 

accounts, the company is collaborating with industry heavyweights like Google and 

Amazon to include artificial intelligence features into its products. 
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2.2 The Rapid Development of AI in the Courts 

2.2.1 SUVAS (Supreme Court Electronic Case Management System): 

The Indian Supreme Court has released an official AI-driven app developed with the use 

of AI-trained machine aided translation technology. This app's main purpose is to translate 

English court papers and Orders into 9 other spoken languages. This is the first time that 

our judicial system has taken action to incorporate AI into the field of law. There is a 

multilingual version of the Supreme Court of India's official mobile app. 

With the help of the National Informatics Centre, our country's highest court has released 

an app that will allow users to quickly and easily access official versions of the court's 

display board, daily orders, decisions, key circulars, and much more. 

2.2.2 Online courts: 

One of the most significant results of judicial reforms has been the availability of crucial 

information like court orders and judgements online for free of charge to the general public. 

2.2.3 An AI system for interpreting court orders was created at IIT-Kharagpur. 

Researchers at IIT Kharagpur have developed a machine learning-based system that, when 

presented with a court order or judgment, can automatically interpret the document and 

flag any potential legal violations. 

2.2.4 Do you still need a lawyer if you have AI representing you? 

The introduction of engineering science into the legal sector raises the issue of whether 

attorneys and legal analysts will be rendered obsolete by AI-based solutions and platforms, 

or if they will really improve the efficiency and productivity of firms and lawyers. The 

legal industry has benefited from the proliferation of new technological solutions, such as 

contract analysis software, trademark search software, legal research software, and many 

more. While no artificial intelligence (AI)-based software or program is designed to replace 

lawyers, IA-based software and programmes are improving research and analysis's 

authenticity, accuracy, and result-orientation. 
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Analysis, decision-making, and representation play essential roles in the profession and 

cannot be mechanized. Artificial intelligence (AI) software and programs may save 

attorneys a lot of time and effort, and they can assist legal practices provide clients sound 

advice that gets them results. More IA-based and automatically aiding instruments and 

software will be a boon to India's expanding legal sector. 

Lawyers' jobs that need analysis, decision making, and strategizing are not likely to be 

replaced by IA-based and automatically aiding tools and software, but rather would be 

made more efficient by them. an expert at automating a wide range of administrative duties 

and responsibilities. We've already established that several nations are already using AI 

algorithms in judicial systems to conduct clerical and information-gathering duties.  

In other words, artificial intelligence (AI) does a kind of legwork to aid attorneys and 

judges. The most pressing issue here seems to be whether or not AI will ever be able to 

entirely replace men in the judicial system. 

All subsequent rulings should be based solely on applicable law and the available evidence. 

That, at least, is supposed to be the norm for human judges. In this case, we must not cast 

out attribute imperfection. Everyone (even those with the best intentions) might be 

influenced by their own unconscious biases and lack of information. Because of this, you 

shouldn't assume that the way they say "law" equates to "simple." Not everything can be 

reduced to "fine" or "evil" character. As a general rule, it is quite nuanced. Judges have a 

lot of power, and one of those powers is the ability to decide on an offender's sentence after 

a conviction. 

Keep in mind that the outcomes might range from a little fine to something as severe as a 

lengthy jail sentence. Don't toss it out just because the punishment is harsh. All sentencing 

choices are made by judges, who consider sentencing guidelines based on factors such as 

the seriousness of the offense, the impact on victims, the offender's criminal history, and 

the offender's propensity for future criminal behaviour. To aid them in formulating 

decisions, judges often turn to AI and prediction algorithms these days. If a judge believes 

the decision made by AI is demonstrably incorrect, he or she is free to completely disregard 
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the advice. However, the selection process could be impossible if human judges are 

eliminated. Advantages that technology has brought to the legal sector It is anticipated that 

the intersection of computers and law will see explosive development in the near future, 

opening up several opportunities for the Indian legal sector. 

Currently, computer science in law is beneficial in a wide variety of contexts, including 

but not limited to the following. 

Due Diligence - Artificial intelligence (AI) legal tools are proven to be beneficial and time 

efficient whether reviewing a contract, doing legal research, or executing electronic 

discovery activities. 

With the use of prediction technology, AI legal software can also estimate the likely verdict 

in pending cases. The field of applied science known as "legal analytics" supplies attorneys 

with information gleaned from precedent and judgments in previous cases. 

Documentation automation allows you to have your final drafts available in a matter of 

minutes once you upload the relevant files. 

AI-powered intellectual property tools may be used to gain deeper understanding of 

existing intellectual property holdings, such as trademarks, patents, copyrights, and more. 

Lawyers and law firms might get assistance with invoicing for their services via electronic 

billing engineering software. It ensures that a lawyer is paid fairly for their time spent on 

cases. As a result, the legal firm and the client benefit. The Benefits or Drawbacks Of 

Artificial Intelligence To Human Productivity? Some attorneys and legal firms mistakenly 

believe that technological advances in the form of Machine Learning pose an existential 

danger to their profession, or that AI will eventually replace human attorneys. 

From what we can see in other sectors, such as e-commerce, healthcare, and accountancy, 

it's clear that computers will make attorneys and law firms more efficient and effective than 

ever before. 
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2.3 Covid-19 Legal Applications of AI and Technology 

The widespread death and suffering caused by the coronavirus epidemic is tragic. In the 

legal field, it has unquestionably prompted attorneys and judges to acknowledge the use of 

modern tools like artificial intelligence and machine learning. The Supreme Court issued 

an order restricting court activity to urgent cases heard through video conference and 

electronic submission of legal papers due to the lockdown scenario caused by social 

isolation. With the exception of instances involving rape, matrimony, and other sensitive 

topics, the Supreme Court of India has acknowledged the notion of live broadcasting of 

proceedings in the case of Swapnil Tripathi v. Supreme Court of India. 

As Justice Sikhri put it, "the wheels of justice cannot be halted because of lockdown," and 

in the era of Covid-19, technology has played a significant part in the delivery of justice, 

from electronic filing to electronic payment of court fees. The Delhi High Court has gone 

one step further by creating e-rooms, or paperless courtrooms, where information on 

pending cases may be seen online. Therefore, given the current state of affairs, technology 

is the only reliable ally; it is time to welcome the developments in the technical domains, 

including AI, and go down the road of progress. 

In no time at all, the court system will include and advance digital technology.  Even in 

complex and challenging instances, the new trial method of "human-computer 

collaboration" may be achieved, as the intelligence technologies are expected to be utilized 

more and more often in circumstances where the facts are completely demonstrated and 

easy to write. Specifically, it has helped advance the field of neural networks and machine 

depth theory. Our future work will focus on making the most of technology in the 

courtroom trial setting. This work makes a contribution by attempting to shed light on the 

whole cycle of the judicial application of computer-supported tight integration into the 

standard judicial pattern. Taking into account the results of previous theoretical studies, 

this investigation seeks to determine the best possible operational framework.  

This paper examines the concept and practice of AI applied within the legal field in light 

of internal and external factors influencing judicial decisions, beginning with the 
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speculation of judicial computing and therefore the regular judicial pattern of Chinese 

litigation procedure's principle and proof mechanism. The purpose of this essay is to 

illustrate the role, expectations, limits, and hazards of AI in the area of litigation. In 

addition, it examines the ethical concerns raised by the advent of computers, the impetus 

for action, the barriers to a more complete integration of computing and legal thinking, and 

potential approaches to resolving these challenges. 

However, the use of AI technology in the judicial sphere has to be investigated from both 

a macro and micro perspective in order to fully grasp the significance of computers in the 

administration of justice. Therefore, the text's flaw is that it does not provide sufficient 

thought on how to ensure the implementation and do the concept of fair trial within the 

process of application when it faces very detailed and important problems, such as how to 

achieve the balance between "fairness" and "efficiency" in the process of application. 

2.4 The nature of law 

There are numerous aspects of the legal arena that make it fascinating and hard for AI: 

Various fields of expertise. Cases, rules, ideas, processes, chains of command, norms, and 

meta-rules abound in the field of law. Real precedents are included in the form of cases, 

which are disputes over factual matters that have been heard and determined in a trial court 

and maybe appealed to higher courts. Oral arguments in court and Socratic dialogues in 

the classroom often use hypothetical situations (or "hypos"). Prototypes, which are 

generally condensed versions of hypotheses, encapsulate the core of an issue or notion. 

Rules of thumb, "black letter" generalizations distilled from numerous actual precedents, 

and "rules of a case" summarizing the main conclusion or holding of a case all fall under 

the category of "rule-like" knowledge. There is a hierarchy of courts with varying degrees 

of authority (for example, appellate courts can review and prevail over trial courts) and a 

hierarchy of common, statutory, and constitutional law (for example, the Constitution 

trumps statutes, statutes trump court-made rules, and state statutes trump local ordinances). 

In the United States, state law and federal law are (practically) at opposite ends of the legal 

spectrum. The European Union (EU) has its own set of rules in addition to the national 

ones. 
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2.5 Clearly defined norms and approaches to justification 

The notion of precedent, or "stare decisis," guides much of the legal reasoning in Anglo-

American law. Stare decisis dictates that decisions in identical instances must be reached 

in the same way. The concept places great emphasis on logical consistency across cases, 

although it is mute on the issue of how "similarity" should be established. In reality, 

similarities fluctuate depending on context and purpose. Countries and jurisdictions having 

a civil code, such as France, Germany, and Japan, have a more rule- and code-based 

approach to reasoning. Although courts under common law also reason about legislative 

norms and regulations, they place a greater emphasis on precedent when interpreting 

statutes than do courts under civil code. Whatever the specific reason and explanation 

criteria may be, the fact that they are stated clearly contributes to the societal accountability 

of legal systems. 

2.6 A variety of ways of thinking 

As with knowledge, there are a variety of ways to reason, such as case-based, rule-based, 

rule-and-case, etc.-based approaches. It is common to find a mixed character of thinking 

when one explores more into a single modality. For instance, when dealing with 

ambiguities or inconsistencies in the rules and their component phrases, it is frequently 

necessary to switch to case-based reasoning. 

2.7 Subject-specific databases of information 

Numerous courts have made public extensive compilations of their case law. In the United 

States, trial courts and appellate courts at both the state and federal levels (including state 

supreme courts and the United States Supreme Court) constitute the courts of broad 

jurisdiction. Admiralty, bankruptcy, and tax law are just a few of the sectors that have their 

own dedicated courts. Ancient instances may be examined and argued over even if they are 

hundreds of years old. Charters, rules, and regulations of government, such as constitutions, 

federal and state legislation, municipal ordinances, and others, are also crucial. Case law 

and laws provide a wealth of "vascularized" information, in the sense that they are heavily 

related to one another.  
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Commercial services such as Shepard's Citations maintain databases that catalogue these 

connections, both incoming and outgoing, using a sophisticated taxonomy of link kinds. 

There is a plethora of resources available for further study and application, including 

academic treatises, restatements, commercial summaries, casebooks, and practice manuals. 

Committees of legal experts examine actual cases to develop sources like the restatements, 

which are compendia of generalized rules (so-called "black letter" rules) and illustrative 

real and hypothetical examples.  

Some secondary sources are given a lot of weight, despite their lack of authority in 

comparison to main sources like legislation and real precedents. Not all sources are updated 

at the same frequency; whereas academic treatises and Restatements are amended on a 

much longer time scale, commercial summaries in key areas like tax law are updated often. 

In combination, these elements provide the legal system with an extensive "institutional 

memory" that endures and evolves through time and is widely accessible online, including 

its many connections. 

Advocacy, adjudication, counselling, planning and writing, and administration are only 

few examples of the many possible task orientations. Legal examination of the facts and 

circumstances in light of applicable law underpins all of these responsibilities. Advocacy 

is the process of taking a "side" in a debate and making the case for a certain solution or 

interpretation. Adjudication is the process by which a court (either a single judge or a panel) 

resolves a dispute and issues a written opinion explaining its reasoning. An attorney's role 

in advising is to analyse a client's position and provide feedback on the merits and 

drawbacks of certain actions in light of the law, usually while the problem is still 

developing and before it escalates into a full-blown disagreement.  

Planning encompasses a wide range of activities, from the organization of contracts to the 

negotiation of business "deals" to the creation of estate plans and charity trusts. In addition 

to formulating and writing laws and other types of legislation, drafting include the creation 

of the papers required to execute them. Governmental officers and agencies apply 

administrative norms and policies, such as those pertaining to income taxes and social 

security payments. Advocacy is now the primary focus of many AI and Law initiatives. 
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The topic of adjudication is seldom discussed. Researchers in the fields of artificial 

intelligence and law are often fearless, but they are seldom arrogant because they 

understand that judging is a very difficult and delicate process that has to do with the law's 

place in society as a whole.  

Scholars from the fields of Law and Economics and Critical Legal Studies are currently 

focusing on these issues, continuing the work of a long line of academics, the American 

Realists, who addressed the many philosophical, sociological, psychological, and 

economic aspects of judging. Most attorneys spend their days counselling clients and 

creating legal documents on issues as varied as estate planning and tax law. Interestingly, 

academics in the fields of AI and Law have paid very little attention to these activities. 

Rule-based (e.g., logic programming) techniques have received the greatest attention in the 

study of administrative law, and various systems have been implemented, especially in 

Europe and Australia. 

2.8 Ideas with a looser structure  

The law's concepts are not binary, with clear-cut positive and negative examples. Concept 

borders are ambiguous and may include situations with plausible alternative 

interpretations, but key prototype cases tend to fall into unambiguous categories. When 

compared to mathematics "closed" sets, legal conceptions are more akin to "open" sets. 

H.L.A. Hart, a prominent legal philosopher, distinguished between the "core of settled 

meaning" and the "penumbra" of legal notions. Therefore, it is not possible to represent 

legal notions using generally agreed-upon necessary and sufficient requirements.  

They have an inherently open texture, to put it simply. In addition, legal ideas and the body 

of law develop throughout time. Conceptual limits are honed and stretched in response to 

novel problems, and exceptions are carved out all the way to the centre. This allows the 

law to adapt to shifting social norms and makes legal notions appear like Swiss cheese. On 

the other hand, if everything were fixed and crystal obvious, one may venture that the law 

no longer exists. Legal issues (such as, what expression is protected by the First 
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Amendment?) have competing, plausible "answers" and also change, in contrast to 

mathematical problems (which are closed), due to open texture and other factors. 

2.9 Truth-finding in a combative manner 

 The judicial system's adversarial process is premised on the belief that the truth will 

eventually emerge. Adversarial argument is not a flaw in the legal system, but rather the 

anvil that is used to pound the truth into submission. You might think of a legal debate as 

a game of "competitive theory formation" in which one party builds a theory to defend its 

position by highlighting the strengths of its own argument and downplaying the 

weaknesses of the other. The benefits and negatives are hammered out via heated 

discussions between advocates of different interpretations and results. While one will win 

out in the end, it doesn't imply the other options are useless. If they were, the problems 

wouldn't be up for discussion (i.e., the parties wouldn't have gone to court). Instead, it 

indicates that the authority (the court) that made the decision found the winning 

interpretation to be more convincing than the others. The need for defensible reasoning and 

dialectical argument highlights the "two-handed" nature of legal reasoning. 

Third, it's a good reflector. The study of law requires a lot of introspection and deep 

thought. It routinely reviews its foundational procedures and goals. The study of 

jurisprudence, or the philosophy of law, is a vibrant field of study. AI and Law aim to give 

jurisprudential researchers an alternate footing for their analyses and new tools for probing 

ideas by developing computer models that address how one thinks about legal topics. A 

notable example of how the intersection of AI and law study may fill out skeleton 

descriptions created by legal academics is in the creation of models of argument and case 

similarities, which can then be explored to see how well they perform. The late Donald 

Berman, a pioneer and eminent law professor in the subject, coined the phrase "a new 

analytical jurisprudence" to define the intersection of AI and the law. 

These features not only highlight the potential for cooperation between the legal domain 

and AI, but also show the area's richness. Between the realms of mathematics and science 

that AI has already explored and the realms of ordinary life that it aspires to enter, the law 
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occupies an interesting middle ground. Commercial, financial, international, familial, 

governmental, criminal, social, and public health issues are just some of the many real-

world topics that fall within the purview of the legal system. While the law's richness and 

variety might be daunting to AI approaches, the law also provides structure and limits that 

could help. 

We think AI can progress toward its ultimate aim if it narrows its emphasis to specific tasks 

and uses the limits and structure at its disposal. The objectives, framework, and limitations 

will become clear as you read on. There are typically two situations in which a lot of 

leverage may be gained: To begin, much of the implicit legal knowledge is made explicit 

and the application to particular circumstances is explained in published arguments. 

Second, there are commonalities in the details of cases notwithstanding their individuality. 

In addition, there are sophisticated rules for argument, which may be made clear. situations 

spanning from the traditional "core" to the distinctive "penumbra" provide researchers in 

both AI and Law a leg up and make their projects conceivable, as do extensive, extensively 

networked, and accessible information, stated criteria for argument and explanation, and a 

wide variety of situations. 

2.10 A Very Brief History of AI and Law 

There have been researchers combining AI with law for at least 30 years. It has a rich 

history, and its issues frequently reflect and even predict those of AI research from theorem 

proving to defeasible and non-monotonic reasoning and agents for e-commerce, from 

frames and scripts to cases and CBR and to hybrid systems, from frames and scripts to 

cases and CBR and to logic programming; and so on. 

Although Buchanan and Headrick foresaw using goal-directed rule-based approaches, they 

presciently pointed out the importance of analogical reasoning6 in their 1970 article "Some 

Speculation about Artificial Intelligence and Legal Reasoning," published in the Stanford 

Law Review. 

Demonstrate the ability to design and comprehend legal documents. In 1977, a seminal 

article by L. The TAXMAN system developed by Thorne McCarty used a theorem-proving 
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technique to analyse complex corporate tax law problems. He used what he learned from 

this primitive system to launch a study to solve open texture issues and create in-depth 

models of legal notions like stock ownership in the context of tax law. These two avenues 

of inquiry are still active at now. In 1978, Carole Hafner presented the results of her PhD 

study on a system that employed an artificial intelligence (AI) method to enhance legal 

information retrieval (IR) in the area of negotiable instruments by going beyond merely 

keyword-based techniques with the use of semantic net representations. Around this time, 

Knut Selmer and Jon Bing, founders of the Norwegian Centre for Computers and Law, 

broadened the organization's initial emphasis on IR to include intelligent methods. The 

proliferation of online resources has led to a revival of study in the field of intelligent legal 

IR. 

Many people dedicated the 1980s to improving artificial intelligence and the law. The 

RAND Corporation's Centre for Civil Justice, led by Donald Waterman and Mark Peterson, 

developed an expert system for legal decision-making in settling product liability lawsuits 

in tort law by 1981. They also investigated the use of expert systems in the context of 

asbestosis litigation. In an important paper published in the Communications of the ACM, 

researchers Marek Sergot, Robert Kowalski, and their colleagues at Imperial College 

London discussed their experience using logic programming to model a portion of the 

British Nationality Act, a large, self-contained statute, and the challenges they encountered 

due to the open-textured nature of legal predicates and the difficulties in modelling 

negation, exceptions, and counterfactual conditionals. Waterman and Peterson both had 

experienced the same issues. 

 

Through their work, students at Imperial College also showed that this method might be 

used to "debug" a legislation while it is being produced, by, for example, highlighting 

potential rule conflicts and ambiguities. UK social benefits legislation was the focus of a 

big joint endeavour that saw the application of executable logical models (particularly in 

PROLOG) to larger, more complicated laws.  
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These methods would have developed to a point where they could serve as the backbone 

of operational systems used by state and municipal governments by the mid-1990s, 

particularly in the Netherlands and Australia. Under the leadership of Antonio Martino, the 

Istituto per la Documentazione Giuridica ("IDG") in Florence, which had been established 

in 1968, started, in the early 1980s, to broaden its operations to include AI methods and to 

conduct a series of international conferences on expert systems and law. 

Due to the inherently open-textured nature of legal concepts and problems involving the 

relationship between technical and common-sense knowledge, Anne Gardner's 1984 

Stanford dissertation focused on the problem of what happens "when the rules run out"—

when the antecedent of a rule uses a predicate that is not defined by further rules. 

It highlighted the well-known reality in the legal field that it is impossible to reason only 

by rules and that looking at cases is necessary when faced with failure, indeterminacy, or 

the need for a sanity check. Instead of using real precedents, Gardner's method used 

generic, archetypal fact patterns gleaned from law school and bar test "issue spotter" 

questions in the field of offer and acceptance in contract law. The difference between 

"hard" and "easy" situations is often debated in the legal field, and her study aimed to 

provide a rigorous computer model of this dichotomy. She framed her talk in terms of 

defeasible reasoning, which is now receiving a lot of attention. 

In the 1980s, as advancements were being made in rule-based reasoning (RBR) systems, 

an AI research community centred on case- and analogy-based reasoning started to form. 

Rissland looked into Socratic legal discussions with hypothetical cases in the early 1980s. 

She and Ashley initially disclosed the concept of "dimensions" and the HYPO legal 

argument software in 1984. This area of study developed from Rissland's previous research 

on "constrained example generation" and "example-based reasoning" in mathematics. 

Ashley's PhD dissertation presents HYPO in its final form as a case-based argumentation 

tool. HYPO was originally focused on the challenge of producing hypotheticals (thus the 

name). It was one of the first CBR systems and the first of its kind in the fields of AI and 
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law. By the 1980s, therefore, RBR and CBR techniques had made an impact on AI and 

Law. 

In her thorough review essay, Anne Gardner notes that the divide between rule-based and 

case-based methods has existed for quite some time. It is interesting to see how proponents 

of one method (like Buchanan) recognize the value of the other method (like McCarty), 

shift their attention (like Gardner), try to find common ground through reconstruction (like 

Prakken, Sartor, and Bench-Capon), or are intrigued by hybrid methods (like Rissland). 

Some of the best legal schools in the United States first offered lectures on artificial 

intelligence and the law in the mid-1980s. The first was presented in 1984 by law professors 

Paul Brest (who would go on to become Dean of Stanford Law School), Tom Heller, and 

Bob Mnookin. In 1985, Rissland began teaching a course at Harvard Law School on AI 

and Legal Reasoning, and in 1987, Berman and Hafner did the same at Northeastern. There 

has been a proliferation of these kind of seminars throughout the years, and they have 

functioned as a meeting place for the AI and legal groups. 

The 1980s were pivotal years for the growth and consolidation of the artificial intelligence 

research community. An IJCAI-85 panel of AI and Law researchers aimed at a general AI 

audience.10 This was followed by the founding of the Computer/Law Institute at the Vrije 

Universiteit in 1985 by Guy Vandenburghe, where AI and Law research is now directed 

by Anja Oskamp, and the subsequent formation of research groups across the Netherlands. 

At the same time, Hajime Yoshino's team at Tokyo's Meiji Gakuin University started doing 

research at the intersection of artificial intelligence and law. The employment of expert 

systems and other logic-based approaches received a significant boost thanks to Japan's 

Fifth Generation Computer System Project (1982–1995). 

Before 1987, a pivotal year for both AI and the law, all of this had place. In 1987, Carole 

Hafner and Don Berman hosted the inaugural International Conference on AI and Law 

(ICAIL) at Northeastern University, where they had just established a centre for Computer 

Science and Law. Since then, these conferences every two years have been the focal point 

and showcase for the whole community.11 This is the start of the modern period of AI and 
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Law. In 1989, during the second ICAIL conference, a committee was established to draft 

an international organization's charter. As a result, in 1991, the International Association 

for AI and Law was established. 

Since its inception in 1992, Artificial Intelligence and Law has served as the authoritative 

magazine for the AI and Law community, and its special issues have consistently provided 

insightful looks into the state of the field. Many of the field's luminaries (McCarty, Ashley, 

Rissland, Sartor, Bench-Capon, Prakken) contributed to a recent triple issue in memory of 

Donald Berman, and the issue also includes a paper by Hafner that updates and consolidates 

her three ICAIL conference papers with Berman, which are still considered to be among 

the field's crown jewels. McCarty also discusses his efforts to use deontic logic (the logic 

of permissions and obligations, rights and duties most closely associated with the famous 

Yale legal scholar Wesley Hohfeld13) to represent thorny legal concepts like ownership 

and shed light on this perennially intriguing area of law in the same issue. 

Also in 1987, a revised version of Anne Gardner's 1984 Stanford Ph.D. dissertation, An 

Artificial Intelligence Approach to Legal Reasoning, was released by MIT Press. The first 

of two extremely significant Ph.D. dissertations to appear in McCarty and Rissland's brief-

lived MIT Press series on AI and Law. The second was Kevin Ashley's dissertation work 

with Rissland at UMass/Amherst, entitled Modeling Legal Argument (1990). Based on his 

dissertation research, Richard Susskind's 1987 book Expert Systems in Law was published 

by Oxford University Press and went on to have a significant impact in Europe. 

In his 1988 dissertation, Ashley offers a framework for legal argumentation in which the 

use of real appellate decisions takes precedence over hypothetical instances. In the field of 

trade secret law, HYPO developed arguments in a point-counterpoint format. It served as 

a thorough example of many of the essential components of the Anglo-American theory of 

precedent (stare decisis), including how to determine whether or not a case is relevant, how 

to compare and contrast cases, and how to identify and differentiate between comparable 

instances. HYPO has spawned several offspring. In this issue, you'll learn about one such 

method, developed by Vincent Aleven, called CATO, which is designed to help aspiring 

lawyers craft persuasive arguments. The "factors" in its centre are derived from the 
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"dimensions" used in HYPO. The breadth of research that use the HYPO/CATO theory's 

argument-generating systems as yardsticks by which to judge other systems and theories 

is a clear indication of the theory's pervasive impact. As an example, see the article by 

Bench-Capon and Sartor in this issue. 

In 1988, the Netherlands were a hive of activity, especially in the area of knowledge-based 

systems, and this was mirrored by the inaugural Jurix conference, which took place in 

Amsterdam. Since 1990, these yearly conferences have offered a crucial venue for 

European scholars, expanding beyond their initial local focus. In 2002, Jurix made its way 

outside of the Netherlands and Belgium for the first time and was hosted in London, 

completing the European dimension. In 1988, at Rissland's request as Liaison, the 

American Association for Artificial Intelligence (AAAI) established a subgroup in Law; 

after around 10 years, the International Association for AI and Law essentially took over 

the subgroup's role. 

2.11 Artificial Intelligence: The Liability Paradox 

We have all probably heard about AI by now. It's been billed as the breakthrough that will 

radically alter society over the next several decades. It holds the promise of autonomous 

vehicles, chatbots for customer care, and software that can reason and learn on its own. But 

what does "AI" really mean? 

 

There is a simple definition of AI, and there is also a lengthy, abstract one. It is a branch 

of computer science that stands on its own. Since "intelligence" is learned by analogy to 

human behaviour, this area seeks to discover how computers might be programmed to learn 

independently. The phrase "Artificial Intelligence" refers to the fact that this intelligence 

would be developed artificially by a programmer. 

Definition: Artificial intelligence (AI) is the practice of employing technology to simulate 

human intellect by designing and implementing complex algorithms in a changing 

computational setting.1 In layman's terms, artificial intelligence (AI) is a highly developed 

method of programming robots to mimic human thought and behaviour. 
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It might alternatively be thought of as anything created by humans with the capacity for 

working memory, the application of higher-level cognitive processes such as abstract 

thinking and logical deduction, and the ability to acquire new knowledge on its own2. 

Using its superior intelligence, this thing might also make forward-looking plans. Of all, 

until we actually get to the stage where the programs, we construct contain true 

intelligence, this term won't fully define AI. In comparison to this standard, today's AI is 

woefully inadequate; most systems can only operate independently inside a small region, 

severely limiting their usefulness. 

In this highly technological and complex environment, artificial intelligence systems have 

been gaining significant speed over the last decade, with highly technical and sophisticated 

technologies being applied to construct inventive, intelligent, and intellectual AI systems. 

Consequently, the day is not far off when these high-intelligence robots will begin creating 

practical and impressive innovations without much input from human brainpower. 

An important dilemma that has arisen as a result of AI's prodigious capacity for creating 

and generating knowledge, content, innovations, technologies, etc. is whether or not AI 

should be held legally liable for the consequences of its actions. As a result, most nations' 

current legal systems won't be equipped to handle the liability issues that come up because 

of an AI system's actions and judgments. 

Even if India has yet to determine how to handle the worldwide phenomena of establishing 

AI policy that sets culpability for damages, this is a problem that must be resolved. In light 

of the effects of rapid globalization, it is clear that the AI challenge is not localized to any 

one region or set of laws. Both common law and civil law countries are affected by the lack 

of an international framework for regulating artificial intelligence. 

Existing methods and legislations are to be utilized to determine the culpability of the AI 

for its acts and consequent damages, if any since the operation of AI is uncontrolled and 

there is no particular legislation that adequately deals with it at this time. The offender, or 

whoever is at fault for the offender's activities, is required to pay for any damages produced 

by the offender's illegal behaviour, as per the current legal standards. Given this legal 
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presumption and the fact that no laws or regulations currently apply to artificial 

intelligence, the issue of who will be held liable for any damages that may be incurred as 

a result of AI's conduct is of paramount importance. 

Thus, this paper seeks to analyse, both national and international laws, to determine the 

liability of artificial intelligence, and whether existing liability principles as applied to 

humans could be applied to AI (given that these AI software's, and bots are ultimately 

created or developed by humans). 

Since then, it has become urgent for us to develop particular legal answers to these 

complicated concerns, despite the fact that they may first appear fairly unclear still with 

the increasing speed of AI breakthroughs. Because of the complexity of the issues raised 

by the international community on the use of AI, the researcher has furthermore presented 

an in-depth review of the Indian legal framework and how it is to be understood. 

The AI industry in India is maturing slowly but surely, with large firms like Apple and 

Salesforce purchasing Indian businesses Tuplejump and MetaMind for AI-powered 

technologies, respectively. Not only has India seen a huge boom in artificial intelligence 

startups, but the country is also investing a growing portion of its GDP in AI R&D. 

Sentient, a company working in the AI field, is famous for the 143 million dollars it raised 

in its first few years.4 Therefore, it is undeniable that with such a significant uptick in AI 

within the country, the potential for such AI innovations to affect people's day-to-day lives 

is not very surprising; this, in turn, highlights the importance of learning about India's 

current legal framework in order to ascertain the various liabilities and rules of law that 

apply within it. 

2.12 Determination of liability of Artificial Intelligence 

Our rights and responsibilities as citizens are rooted in the law. Therefore, to obey the law 

is to have responsibilities and get privileges5. Whether or not AIs should be accorded legal 

rights and responsibilities is, therefore, a matter of legal personhood. Although this may be 

a forward-thinking and innovative approach, a full evaluation has to take into consideration 
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the implications of giving AIs legal personhood and holding them liable for their own 

conduct. 

The concept of criminal culpability for artificial intelligence would be comparable to the 

recognition of corporate criminal liability by certain legal systems. In contrast to 

companies, which would be held liable for the actions of their employees, artificial 

intelligences would be responsible only for their own actions and would not be held liable 

for those of their human creators. A more thorough analysis is needed, despite the fact that 

at first glance it seems to be a straightforward solution that complies with the standards of 

the rule of law. 

When an individual commits a crime against another person, that person must face the 

penalties set out by the state's criminal law. However, any crime committed with the help 

of artificial intelligence against humankind may not fit the traditional definition of a crime 

since it was committed by software or a robot that is distinct from the human who created 

it. The key challenges in determining and detecting the actus reus and mens rea, that is, the 

act and mental (intention) element, which is considered to be an essential measure for 

determining the commission of a crime, have been discussed in order to determine the 

criminal liability of acts which are committed through artificial intelligence. 

2.13 How about the 'black box' issue? 

Users of computers and smartphones depend significantly on AI to help them with even 

the simplest activities because of the sophisticated problem-solving algorithms built into 

these devices. For these algorithms to run properly, it is just as important that and without 

a hitch, our learning how they work helps us fine-tune the algorithm even more. However, 

we reached an impasse in our attempts to describe the AI's inner workings, and we are 

unable to do so. 

Despite its importance, solving this problem is now limited to very large-scale deep-

learning models and neural systems. Since artificial intelligence (AI) systems are 

comprised of sophisticated algorithms and data sets that are created by software rather than 

humans, these neural systems must first break the issue down into millions of bits before 
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processing them linearly, bit by bit, to provide a plausible result. Because the human brain 

is unique, we have no way of knowing the specifics of the neural system's calculations or 

the tactics it employs. Since there is no way to peek inside the neural network during 

problem-solving to get a glimpse of the processing going on, this phenomenon is called the 

"black box" or "explainability'' issue.9 This not only prevents us from gaining the profound 

knowledge necessary to alter the algorithm and subsequent calculations, but it also leads 

to a wide variety of problems with trust involving AI systems or neural systems. One may 

thus argue that it is impossible for a human to explain the reasoning behind a good AI 

system's use of such self-generated procedures or data sets in order to arrive at a certain 

response or "decision." 

We do believe it's important to keep in mind that whether or not a defendant is liable in a 

criminal or civil proceeding depends on whether or not the defendant's actions or inactions 

were unlawful as a result of the appropriate AI framework's judgments and choices. Were 

there any criminal crimes, breaches of contract, or negligent conduct that occurred? It 

cannot be stressed enough that the defendant will always be a human being and not a piece 

of artificial intelligence. 

To answer such questions, a court will not need to understand why the relevant AI 

framework chose the option that resulted to the defendant's allegedly illegal action or 

inaction. We can't help but feel that understanding the logic behind an AI system's decision 

is beyond our capabilities. However, the AI framework did indeed arrive at that conclusion, 

and the defendant's criminal conduct or omission was a direct or indirect result of that 

decision. 

For instance, the plaintiff lost money because they followed the defendant's bad investment 

advice that was provided by the defendant's AI system. The plaintiff may contend that the 

defendant breached the implicit conditions of the service contract by failing to provide 

financial advice with reasonable care and skill. The plaintiff may be able to show a breach 

of duty and the defendant's responsibility to use reasonable care, even if the robo-advisor's 

poor recommendation generation is not explained. Consequently, courts may find the 
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defendant liable depending on the substance and quality of the advice supplied to the 

plaintiff. 

2.14 Should AI be treated as a person or a corporation? 

Kenji Udhara, an engineer at a Kawasaki heavy industries factory where a robot was used 

for specialized manufacturing operations, was the first person in this planet to be killed by 

a robot. As a result, Kenji was brutally pushed towards an adjacent machine by the 

powerful hydraulic arm of the same robot after the robot detected Kenji as an obstacle 

while he was repairing the robot and failed to shut it down. 

At the time, and even now, there was no universally applicable criminal legislation to 

formally address situations in which a robot was engaged in the conduct of a particular 

crime or the damage of a human being. 

In order to keep up with the world's fast expansion, artificial intelligence has introduced 

new and important aspects. It is also important for governments to enact legislation that 

would clarify the legal standing of cases and crimes often committed utilizing robots for 

AI software. 

2.15 The implication of AI on the law 

There is no statute or law in Indian law that specifically addresses the rights of an unborn 

child. Some laws, however, go beyond just acknowledging and stating that an unborn child 

exists14; they further identify this kid as a legal person who does not acquire legal rights 

until after birth. However, being a nebulous field of law, the legislation is mute on the 

concept of protection afforded to such unborn and responsibilities due to such unborn’ s, 

which is problematic. Similarly, artificial intelligence (AI) systems remain in their infancy. 

It is concerning that the Indian legal system has not yet acknowledged AI, much less 

assigned rights, obligations, and liabilities to AI systems. Autonomy is a key factor in 

determining whether or not a group, company, or organization may be recognized under 

the law as a separate entity from its members. However, AI has not yet been recognized as 

a legal entity by any legal system outside of Saudi Arabia, where a robot named Sophia 

has been recognized as a citizen of the state with rights and duties equivalent to that of 
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human beings and a noble person residing within the state. The topic of whether or not to 

confer legal personhood on AI machines or software hinges on whether or not they can be 

trusted with the same rights and responsibilities as human beings. 

AI is created by humans, follows the instructions of the programs embedded within its 

system to carry out specific tasks in a predetermined manner, but can function 

independently, in contrast to a living being, who is autonomous and has the right to make 

decisions on his or her own. 

Corporations and firms enjoy the protection of being treated as a distinct legal entity, but 

this does not absolve them of responsibility to their shareholders for any damages that may 

be sustained as a result of corporate or company activities. 

 

However, in the case of artificial intelligence, even though humans create it, it is still 

entirely independent and can perform such tasks, which may be the result of a malfunction 

or wrong programming, and can therefore result in the commission of crimes even when 

the same is not intended on the part of the creator of such AI software. 

No country's state law provides a clear framework for the criminal responsibility of 

artificially intelligent robots. Therefore, only judicial pronouncements should be 

considered as the primary source of decision in cases where artificial intelligence is 

responsible for committing a specific crime (including or excluding the directions of the 

creator which created such AI robot software or algorithms) in violation of the law.  

Whether or whether an AI entity may be accorded legal personality has similar implications 

for determining its civil and criminal responsibility. Against the backdrop of normative 

jurisprudence, Kurki & Pietrzykowski16 argue on the idea of legal personhood and its 

moral and legal applications. While discussing the theoretical and philosophical 

implications of granting legal personhood to AI systems, they examine the relationship 

between humanity, legal personhood, and legal personality. They analyse "personism" and 

"personalism" to show how the individual self may be understood independently of society. 
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In his theory of personality, Kelsen17 discusses the attribution of legal persons, arguing 

that doing so is only a "technical personification" for the sake of asserting rights, 

obligations, and liabilities. According to this idea, a corporation's "legal person" status is 

only a tool for allocating responsibility and protecting assets. Every right has a 

responsibility as its jural counterpart, according to Hohfeldian analysis18. The legality of 

asserting robot rights and obligations by giving them legal personality is discussed in light 

of a judicial interpretation of these notions. If an AI system is given legal personality, the 

humans involved in its creation, programming, and operation may be shielded from legal 

responsibility for any mistakes they make. Some have claimed that giving an AI entity a 

legal personality for the purposes of determining culpability is unnecessary at this time 

since the technology is still being researched and experimented with in fresh sectors. As 

our reliance on AI systems continues to increase, however, it may become necessary to 

accord it legal personality in the near future. 

Whatever route is taken to develop a legal theory of artificial agents will have far-reaching 

implications for the philosophy of AI. It has been speculated that the cognitive state of 

agents will be a question of pragmatic judgement due to the fact that computation and 

mentality are not dependent on a specific physical substrate. The realm of law is the 

pinnacle of such realistic debate. 

Therefore, it is inevitable that various ethical and legal difficulties would arise in India with 

Artificial Intelligence systems owing to the lack of a regulatory framework and explicit 

policy standards. 

Depending on how it's put to use. Hence, identifying the nature of AI systems as an entity 

might largely address the need of policy guidelines for companies (creator, developer, 

manufacturer, and software programmers of AI systems) and the legislature to satisfy 

different ethical and legal requirements. As a result, it's unclear whether responsibility for 

outcomes should be placed with the self-regulating AI system or with the original 

developers. 

2.16 The Immediate Responsibility of AI 
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If a mentally ill person, a minor, or an animal commits an offense, the perpetrator is an 

innocent agent because they did not have the requisite mental capacity to constitute a mens 

rea; this rule applies to strict liability offenses as well. An innocent actor may be held 

criminally accountable if they behaved in accordance with someone else's instructions; for 

instance, a dog owner who trains his dog to attack strangers may be held legally guilty if 

his dog ever attacks a stranger. 

Therefore, this paradigm allows the user or the system creator to be recognized as a 

perpetrator-via-another while still treating AI systems or programs as an innocent actor. In 

the natural-probable-consequence paradigm, a malicious deed is carried out after a 

legitimate portion of an AI software is accidentally activated. Hallevy cited Kenji Udhara, 

an engineer at a Kawasaki heavy industries factory, as a human who worked with a robot 

to produce a certain product. As a result, Kenji was fixing the robot and failed to shut it 

off, which led to the robot deciding that the best way to get rid of Kenji so that it could 

continue with its assigned job was to shove him into a neighbouring working machine. The 

same robot, using its massive hydraulic arm, mercilessly drove Kenji against a 

neighbouring machine, killing him almost instantly.  

This model is used to establish "natural or probable consequence" liability, also known as 

"abetment," under Chapter V of The Indian Penal Code,1860 (hence referred to as IPC), 

which controls the responsibility of anyone deemed as an abettor in the commission of an 

offense. According to the United States criminal law that Hallevy discusses, an accomplice 

can be held responsible for an act even if no conspiracy is proven so long as it can be shown 

that the accomplice encouraged or aided the perpetrator and knew that a criminal 

conspiracy was underway, making the perpetrator's act a natural or probable consequence 

of the two. 

The concept of likely consequence is codified in section 111 of the Indian Penal Code 

(IPC), Chapter V, and states that the consequences of an aided and abetting crime are 

distinct from those of the underlying offence itself. The sole criterion for abetment liability 

is that the abettor knew or should have known that the perpetrator's actions may have this 

result. The common understanding of abetment is that no act need be committed in order 
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to get a conviction for abetment. However, in cases where the evidence is inadequate to 

prosecute the perpetrator but sufficient to convict the abettor, it is possible that the 

perpetrator would be acquitted but the abettor would be found guilty based on the evidence 

and circumstances. 

Developers and users of AI systems may be held responsible for the actions of such systems 

if they have prior knowledge of the harm that would inevitably result from the deployment 

of such systems. However, when using this approach, it is essential to differentiate between 

artificial intelligence systems designed specifically for criminal purposes and those 

designed for lawful other objectives, i.e., where the AI system is aware of criminal 

intention and those where it is not. While the second class of AI systems may not be 

prosecutable owing to a lack of understanding, strict liability would nonetheless apply to 

them under this concept. 

This paradigm establishes an AI's direct culpability by imputing both actus reus and mens 

rea to it. Attributing an act of realism to a computer program is rather simple. The actus 

reus of a crime has occurred if the result of any action made by an AI system is a criminal 

act or its failure to act in a circumstance where there was a responsibility to act. The three-

tiered mens rea becomes significant because of how difficult it is to attribute a mens rea. 

At the same time, intent is not required to be shown in cases of strict liability offenses or 

could make it feasible to hold an AI system responsible for the illegal conduct when human 

participation is not necessary. Since speeding is a strict responsibility offense, this scenario 

might help illustrate the concept of "strict liability" in the context of a self-driving 

automobile. According to Hallevy's hypothetical scenario, an AI program operating the 

automobile may be held criminally liable for exceeding the speed limit in the same way 

that a person would be. 

2.17 Legal responsibility 

Litigation arising from software defects or injuries sustained as a consequence of using 

software often alleges carelessness rather than criminal culpability. According to Gerstner, 

there are three main requirements for a negligence claim to be successful: 
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• The defendant was responsible for using reasonable care, 

• The defendant disregarded that responsibility, 

• The plaintiff suffered harm as a result of the defendant's violation. 

When discussing the defendant's duty of care, Gerstner notes that the software or system 

seller definitely has a duty of care to the consumer, but it's not simple to pin down just how 

much care is needed. Since the term "expert system" implies a high degree of expertise, 

one may assume that the quality of care provided is at least as high as that provided by a 

trained professional. 

 

Gerstner posits a number of scenarios in which an AI system might violate its duty of care 

as the defendant in the event of a breach of duty. 

• The programmer's oversight of broken parts of the software, 

• A flawed or inadequate body of information, 

• Inadequate or incorrect paperwork and announcements, 

• Not keeping up with the latest information, 

• User input error rate of 5 

• Putting too much faith in the results, 

2.18 Inappropriately using the software 

Finally, whether or not AI systems may create or pretend to cause harm in the instance of 

a plaintiff's damage due to a breach is controversial. The major issue with AI, however, is 

whether AI systems provide recommendations for solutions in a given circumstance, like 

most expert systems, or if the AI system itself makes the choice and acts accordingly, as in 

the case of an autonomous vehicle. Therefore, although in the first situation, there is at least 

one external agent, making it harder to show causality, in the later scenario, there is no 

external agent, making it relatively simple to prove causation. 
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2.19 Policy Regime 

"Soon, our autonomous computers will be programmed to roam the Internet, seeking out 

new trading partners e whether human or machine," reasoned renowned scientists Tom 

Allen and Robin Widdison in 1996. The question of whether or whether established 

contract law theory can accommodate the new technology, and if so, how, must now be 

asked. They came to the conclusion that "under current American and English law, no 

computer-generated agreement would be enforceable." It suggests that existing legal 

concepts at the time were unable to accommodate the harm caused by technological 

advancements. The question of how the legislation now stands should be revised is another 

problem that emerged as a result. 

A simple question remains: whether the existing legal doctrines can deal with the new, 

emerging, and sophisticated technologies and the damage made by AI, and if so, how? 

Almost two decades have passed since Allen and Widdison published, and the contract 

done through the interaction of interactive voice response systems (IVRS) is now 

recognized and legally binding. 

Article 12.30 of the Explanatory Note of the UNCITRAL establishes as a general rule that 

any computer or machine created for a person (natural person or a legal entity) is 

considered to be the property of that person. 

Any communication sent by a computer or machine might be held responsible by the owner 

(or other legal body). Article 12(213) of the Explanatory Note to the Electronic 

Communications Convention states that: 32 

Article 12 is a permissive clause and should not be read as permitting rights and 

responsibilities to be imposed on a computer or automated messaging system. Electronic 

communications that are created automatically by message systems or computers without 

direct human participation should be seen as 'originating' from the legal entity on behalf of 

whom the message system or computer is administered. Any agency-related questions that 

may arise in this setting must be resolved according to principles that are not part of the 

Convention. 



 

 

38 

The responsibility for such actions, which may be done by a user, administrator, or 

producer via AI software or systems, is not addressed in any Indian law in a way that is 

clear or distinct from other laws. Although similar to the English common law system, 

India's strict responsibility concept, which is in line with Hallevy's direct liability paradigm, 

is less developed. The criminal law and strict responsibility concept in the United Kingdom 

(UK) have developed over time as a result of the accumulation of preexisting English laws 

with modified, amended sections, judicially binding judgments, and legislative enactments 

passed by parliament from time to time. Instead, the Indian judicial system can't go beyond 

the letter of the law since it's been codified so thoroughly. 

 

Chapter IV (generic exception) of the IPC primarily addresses issues the presence of which 

negate the existence of such an aim, if we analyse the IPC. In most cases, a reference to 

malevolent intent is included in the definition of crimes to rule out conduct that lacks this 

element. For all purely criminal offenses, it is generally accepted that a malevolent purpose 

must be imported into the definition, even if it is not explicitly stated. 

Offenses in India are outlined in the Indian Penal Code (IPC), and the chapter on general 

exceptions is particularly thorough. Perhaps the definitions and general exceptions in the 

chapter of the Indian criminal code are comprehensive enough to rule out any and all 

situations in which a mens rea cannot be shown. 

If you break down the IPC's definition of an offense, you'll see that it has the following 

core components: 

Malicious purpose on the part of such a person to bring about some outcome deemed 

harmful to persons or society.  

While most criminal offenses clearly define the perpetrator's purpose, there are a few 

exceptions. The state or society suffers irreparable injury as a result of the crime, making 

punishment necessary and appropriate regardless of the actor's motives; or the nature of 

the act itself creates a strong presumption that the actor meant to do what they did. Some 

instances of the former are sections 121 (waging, or trying to wage, or abetting waging of 
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war, against the Government of India), 124A (sedition), and 359-363 (kidnapping and 

abduction), whereas some examples of the latter include section 232 (counterfeiting Indian 

currency). The Black-Box issue makes it very difficult to ascertain whether or not a 

particular AI system acted with malice, but the theory used in the aforementioned cases 

may be useful in establishing whether or not the AI system itself is directly liable. 

Under the IPC, the crime and the punishment for an abettor may be determined only by the 

concept of probable cause culpability or abetment. The Information Technology 

(Amendment) Act, 2008, for example, expanded the definition of abetment to include act 

or omission through encryption or any electronic technique in an effort to close the gap and 

provide more area to technology given the current rate of its growth. 

The Information Technology Act of 2000 (IT Act) attempts to define computer and related 

terms like software etc., but it does not cover the Internet of Things, data analytics, or 

artificial intelligence (AI), and it does not address the liabilities that may be committed by 

humans using these IT mediums (specifically AI software). In light of the Act's stated goal 

of giving digital signatures and electronic records the same validity as paper documents, 

the Indian 

The breadth of responsibility resulting from AI activities and countermeasures was not 

fully emphasized by legislators. 

2.20 Damages Liability 

The use of AI in illegal activity is not specifically addressed by Indian law, either in terms 

of criminal or civil culpability. Accordingly, it is to be noted that India is one such country 

that is moving towards the implementation of such policies through which we can 

incorporate AI within the entire government system, while at the same time, the legal 

system is ignoring the potential negative effects of cybercrimes that may be committed in 

the future, by utilizing these highly technological and advanced AI systems. 
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2.21 Judiciary's Function in Determining Liability 

The only remaining hope within the Indian legal system to address cases involving AI 

systems, software, and robots is the Indian judiciary, which must fill the void left by the 

legislature in defining the ultimate punishment and the criminal/civil liability of such acts. 

Although there has been no major landmark judgment that can provide a breakthrough on 

the guidelines of the use of AI software or robots to prevent the commission of any criminal 

or civil offense against others, it is expected that the judiciary, with the increasing pace of 

development through AI, will pass such guidelines and judicial precedents. 

2.22 Conclusion 

Although the prospect of a world populated by smart AI-enabled robots and technology 

may seem intimidating at first, I am optimistic about our future and the infinite possibilities 

it holds. Recently, I've noticed that when academics discuss the dangers of AI, they tend to 

portray a vision of a Terminator-style apocalypse. 

We'll be discussing the potential advantages of this technology and how we may utilize it 

to enhance ourselves, build an ideal society, and even travel to other planets. This negative 

outlook is counterproductive, and I don't think we should let it slow down advancements 

in AI. 

Overall, progress in artificial intelligence has been rapid. Businesses often acquire cutting-

edge tools for fear of falling behind the competition. By analysing ever-growing data sets, 

machine learning and deep learning help businesses spot trends, leading to exciting new 

opportunities. There are a plethora of new ethical issues that arise with these options, such 

as but not limited to: 

Litigation concerns brought on by the liability conundrum, 

Intellectual property rights issues with sophisticated AI algorithms that can generate their 

own data. 

• Uncertainty about how my personal information will be used, 

• Automated discrimination in the hands of recruiters, 
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• Recognizable faces, 

The deployment of AI-operated military weapons, which can determine on their own 

whether or not to kill a target; 

Autonomous cars, which, in the event of an accident, will have to make the decision as to 

what to plow into. The fact that AI is not yet recognized as a person in national or 

international law means that it cannot be held liable for any harm it may do. Therefore, in 

regards to the liability of AI, the principle enshrined in article 12 of the United Nations 

Convention on the Use of Electronic Communications in International Contracts may be 

applied. This principle states that the person at whose behest the system was programmed 

should ultimately be held liable for any act done or message generated by that system. 

 

When AI is used as a tool, it is easy to apply strict or vicarious culpability to the harm it 

does. However, it would be difficult to set the burden of evidence adequately due to the 

nature of AI systems and their working principles, i.e., autonomous decision-making. 

Because AI is a self-learning system, it is practically beyond human capability to 

distinguish between damage caused by a product defect or resulting from the act done by 

AI system during its processing, making it an enormous task for the plaintiff to prove that 

there was a defect in the AI system when supplied by the original equipment manufacturer. 

As the control of AI systems over human life grows, the practical application of such a 

liability model rests entirely on the purpose of the laws as to how to modify current law or 

introduce new legislation to cope with the responsibility of AI systems.  

Most governments seem to be ignoring the future impact of AI and instead focusing on the 

present. It seems that today's business owners have a better grasp of the benefits that may 

be gained by adhering to regulations. The United States and other developed nations may 

be anxious about slipping farther behind China and other countries that are investing 

massive sums of money in artificial intelligence (AI) research and development. However, 

China provides a clear example of what not to do in terms of ethics and rules pertaining to 

AI. Going ahead, it's crucial that we get our priorities straight. 
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• Principles for the Trustworthy Adoption of AI in Legal Systems: 

• The IEEE Global Initiative on Ethics of Autonomous and Intelligent Systems 

In early 2019, the Global Initiative issued its treatise, Ethically Aligned Design, First 

Edition ("EAD"), which lays out the overarching ethical principles, critical problems, and 

strategies to achieve this goal. 

The Law Committee of the IEEE Global Initiative set out to answer the question, "When 

it comes to legal systems, to what extent should society delegate to intelligent machines 

decisions that affect people? " in regards to the trustworthy adoption of Artificial 

Intelligence in legal systems and the practice of law." 

In order to provide a response to this topic, the IEEE Law Committee EAD Chapter 

suggests that a definition of "Informed Trust" is required, with the proviso that it adhere to 

specific design limitations. In particular, it must be based on the following shared 

principles: 

• Both required and adequate on their own 

• Adaptable to the whole of the judicial framework 

• Adaptable to different cultures throughout the world 

To avoid focusing simply on professional ethics, judicial ethics, etc., it is important to see 

the legal system as a citizen-accountable institution. 

2.23 Ability to be put into action 

According to the IEEE Law Committee's analysis, the aforementioned design prerequisites 

for "Informed Trust" in the use (or non-use) of AI in legal systems and the practice of law 

are met by the following principles: 

• Efficient Results 

• Capability 

• Responsible action 

• Openness" 

• This section elaborates on these guidelines. 
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• There Must Be Proof That It Works 

For a technology to be trusted, its users must have faith that it can and will be used as 

intended. The purpose of the principle of effectiveness is to give stakeholders the 

confidence that AI-enabled systems applied to legal tasks are capable of doing what they're 

supposed to do by requiring the collection and disclosure of evidence of the effectiveness 

of such systems. Meaningful metrics that are practically feasible and actually implemented: 

Sound methods are necessary for the practice of measuring effectiveness to realize its 

potential for fostering trust and mitigating risks of uninformed adoption and uninformed 

avoidance of adoption. True information, Cooperation and understanding, Openness. 

2.24 Secondly, know your stuff. 

Confidence in the skill of the operator(s) of a technical system, particularly one that may 

influence us profoundly, is crucial to well-informed faith in the system. We put our faith 

in doctors and pilots because we know they have the training and expertise to safely do 

their jobs using the appropriate equipment and procedures. We're able to trust them with 

our lives because we know they've passed tough professional and scientific accreditation 

tests before they ever set foot in an operating room or cockpit. Confidence in the outcome 

of a surgical procedure, flight, or even a plumbing repair is founded on the informed faith 

in operator competency. While the lives, freedoms, and rights of individuals may be at risk 

when AI is used in the judicial system, no such criteria of operator competency presently 

exist. Such norms are essential, and they're also long overdue. 

2.25 Accountability, the Third Core Value 

2.25.1 Trustworthy Implementation of AI in the Law: Guiding Principles  

For people to feel comfortable putting their faith in a technological system, they need to 

know that fault can be assigned where it belongs if something goes wrong at any stage of 

the process, from planning and conceptualization to implementation and evaluation. 

Responsibility for the result of the system cannot be assessed with any degree of certainty 

under any framework, whether it be a formal legal framework or a less formal normative 

framework unless there are methods to hold the agents participating in these stages 
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responsible. Without these safeguards, there is nothing to prevent hasty development, 

haphazard acceptance, and misuse of AI in any model of its production and usage. 

2.25.2 Principle 4: Be Open and Honest  

In order for people to put their faith in a technology system, they need to know that they 

can easily acquire the data they need to comprehend the reasoning behind the system's 

actions in certain situations. We cannot have faith in the system's ability to explain, 

duplicate, or change its decisions or outcomes without proper openness. There can be no 

faith that the system will be run in a manner that reliably and consistently accomplishes its 

aims or that it will not be utilized in a way that infringes on human rights without enough 

openness. Such scepticism about AI's reliability may be disastrous for the legitimacy of the 

judicial system if it were to be applied there. 

By balancing legitimate grounds for withholding information (privacy, security, 

intellectual property) with the needs of a legitimate inquiry into the design and operation 

of an AI-enabled system, an effective implementation of the transparency principle will 

ensure that the appropriate information is disclosed to the appropriate stakeholders to meet 

appropriate information needs. 

2.26 The Next Steps: Putting Theories into Action 

Based on these principles, the IEEE plans to create standards and certifications that can be 

used as a "Currency of Trust" to help legal professionals, procurement officers, 

policymakers, advocates, and the general public assess whether or not AI-enabled systems 

and their operators live up to the claims made about them. As such, the IEEE has launched 

The Ethics Certification Program for Autonomous and Intelligent Systems to create such 

tools systematically. 

It's worth noting that the Council of Europe produced the first Ethical Charter 

approximately concurrently with the IEEE's efforts. published by a global body to manage 

the integration of AI within existing legal frameworks. Given the Council of Europe's 

stature, this effort is of paramount significance to anyone working in legal systems 

worldwide. To add to the global momentum for reliable rules for AI in the law, the Council 
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of Europe has recently initiated a project to certify artificial intelligence in light of the 

Charter within the framework of an international multi-stakeholder roundtable on AI and 

the Rule of Law. 

2.27 Artificial Intelligence for sustainable and effective justice delivery in India 

Civil and criminal litigation have both grown as a consequence of the growing population 

and the accompanying rise in wealth, intolerance, and materialism, as well as the length of 

time cases spend pending in court. There are now 27,571,757 cases pending in India's 

courts, and this massive quantity is the fundamental source of the issue of delayed and 

consequently inefficient justice delivery in India, along with numerous other problems. 

Getting a verdict in a civil or criminal matter might take years, but in the United States or 

Canada, it can take just a few days. If this trend continues, the country's legal system might 

eventually collapse under the weight of its own dockets, bringing the noble cause of justice 

delivery to a halt. Having the institution of the judiciary built to shoulder the responsibility 

of maintaining the rule of law become paralyzed would be disastrous for any civilized 

society, as it would threaten the foundational philosophy upon which that society is based. 

2.28 A Look Back at Our Trip So Far 

Both the legislative and the judiciary in India have taken measures within their respective 

spheres to address the issue of court congestion. For instance, the court has been actively 

pushing ADR procedures including mediation and arbitration, as well as LokAdalats (or 

People's Court), Fast Track Courts NyayaPanchayats (or Village Courts), and Gram 

Nyayalayas (or Town Courts). The introduction of court management systems has also 

allowed judges to keep tabs on cases from the moment they are filed until they are finalized, 

and to move them forward more quickly if they see fit. Judicial officials also get quarterly 

and yearly goals, as well as plans of action to reach those goals. In an effort to lessen the 

pendency of cases in courts, the government has repealed 1200 unnecessary statutes and is 

proposing the establishment of new courts. Although these measures have been effective 

in clearing the dockets to some degree, a total victory over the ailment of pendency is yet 

to be seen despite greatest efforts. Given this predicament, it is suggested that an 

unconventional approach be tried. 
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The use of technology to the field of law is one way that this problem may be solved. For 

instance, video conferencing is being used by Indian courts to document the attendance of 

defendants and witnesses. Not only does this help the government save money and time, 

but it also makes it easier on the witness who must travel a considerable distance to appear 

for their deposition. Another way that technology is being employed by the judicial system 

is in the digitization of court records and the daily posting of court orders on the court's 

website. The litigant no longer has to get a copy of the court order to track the status of his 

case; instead, he needs just check his computer for the most recent updates. In an effort to 

speed up the judicial process, it has been suggested that the relatively new science of 

artificial intelligence (AI) be utilized to aid judges and attorneys. 

2.29 Artificial Intelligence Is an Unused Resource 

The term "AI" (short for "artificial intelligence") has become ubiquitous, not only in the 

scientific community but in almost every other sector as well. There's a natural 

consequence of living in an age of automated machines: a tendency to want to hand off 

even the tiniest of duties to them. Thus, the concept of "Artificial Intelligence" (also known 

as "Machine Intelligence") was born. The following definitions may be used to describe 

what is meant by "Artificial Intelligence": 

When a digital computer or computer-controlled robot can carry out activities normally 

reserved for intelligent individuals, we say that it has artificial intelligence. The phrase is 

often used to refer to the endeavour of creating systems with reasoning, meaning-

discovery, generalization, and learning abilities that are uniquely human.  

A branch of computer science concerned with making robots seem to have human-like 

intelligence.  The goal of artificial intelligence (AI) is to give computers the ability to learn 

and make decisions, much like humans.  

Artificial intelligence, or AI, is the capacity of a computer to mimic human intelligence 

and behaviour or to perform mental tasks typically performed by many human brains. 

These cognitive tasks include learning and problem-solving.  
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In most cases, a machine powered by AI can accurately perceive its surroundings, zero in 

on the problem it was programmed to solve, generate potential solutions, weigh the pros 

and cons of each, and then implement the one with the highest likelihood of success. 

Moreover, a machine driven by AI is capable of unaided learning, which means it may 

increase its performance alone via experience, just like people learn on the job. AI-powered 

machines may now be found in a wide variety of settings, including medicine, 

transportation, defence, advertising, education, and more. Medical diagnosis, medical 

record management, treatment planning, prescription administration, and new drug 

development are all areas where AI is proving useful in the healthcare industry. It's helping 

surgeons do more precise procedures, too.  

Self-driving automobiles are perhaps the most visible use of artificial intelligence in the 

automotive sector. Artificial intelligence (AI) is being employed in the military for a 

variety of tasks, including the study of combat conditions and the development of 

intelligent, autonomous, unmanned missile systems.  

Chatbots, image and voice recognition techniques, and recommendation engines that use 

customer data to suggest products based on individual preferences are just a few examples 

of the ways in which AI is making its mark on the marketing industry. AI has also been 

making waves in the field of education. As software engineers take the next step in creating 

machines that can evaluate the subjective material supplied by a student, it will become 

standard to use computers to examine and analyse responses to multiple-choice questions. 

Pearson has previously proposed the idea that in the future, kids would have an AI friend 

for life who will monitor their academic progress from kindergarten through college, 

highlighting areas of strength and weakness and guiding them toward improvement.  

Success in these areas has led to the suggestion that AI be used to help judges speed up the 

many legal procedures that contribute to the ever-growing backlog. AI is already proving 

to be a benefit for businesses across several industries, including law companies and 

attorneys. Legal professionals, for instance, may now quickly create documents and take 

notes with the use of voice recognition software like Dragon, which uses artificial 

intelligence. Lawyers also benefit from AI-powered computers by having them evaluate 
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papers, such as contracts, more quickly and accurately than humans could. For this aim, 

the program known as Contract Intelligence (COIN) is being employed widely. Moreover, 

in a recent battle between attorneys and an AI-powered machine to anticipate the outcomes 

of cases, the computer's 86.6% accuracy far outpaced the lawyers' 66.3% accuracy. This 

shows that AI will soon be utilized by attorneys to help advise clients on the appropriate 

legal action to take. Lawyers are also increasingly using AI technology for legal research.  

The following steps are typical in a civil case 

Now, a court needs to undertake many diverse activities, including making multiple interim 

judgments, at various phases, but there are several key jobs that may be done utilizing AI-

powered robots to speed up the entire decision-making process. That would include: 

Companies like Microsoft have already built software that can read and understand the 

contents of a text exactly like a person, if not better, and use that understanding to answer 

questions about the document. Using the Stanford Question Answering Dataset (SQuAD), 

a team from Microsoft Research Asia has achieved human equivalence. 

The Stanford Test of Knowledge-Based Question and Answering Dataset. This suggests 

that the machine's reading and comprehension abilities are comparable. The computer 

scored 82.650 out of 100 on this exam, whereas the human scored 82.304 with identical 

questions and answers. Researchers at Alibaba have also constructed an AI-powered 

computer, which has gotten as high as 82.440, so they are not far behind. 

These scores, as well as a machine's capacity to help people read and understand massive 

volumes of data, will improve with increased investment by businesses in the area of 

Machine Reading Comprehension. A computer with this capability may be used in court 

to read and evaluate the parties' pleadings and quickly identify areas of agreement and 

disagreement. The evidence presented by both sides may be reviewed and analysed using 

this resource. The court's time will be saved, and the judge will be able to double-check his 

understanding of the topic, which will make it especially useful in situations with 

voluminous petitions and evidence. 
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A court, in order to reach a decision, must routinely review a variety of papers, including 

pleadings, oral and documentary evidence filed in court, precedents on the topic, and the 

law. As a result, the courts must devote considerable time to reviewing the papers' contents. 

Even to develop a prima facie view regarding a case for the purpose of imposing interim 

orders, the judge must thoroughly study each and every document. While the judge will 

need to read the entire document before making a decision based on its contents, it would 

be extremely helpful if a machine could provide the judge with a summary or abstract of 

the document for the purpose of making preliminary rulings, such as temporary injunction 

orders in civil litigation or prima-facie cases in criminal cases while summoning the 

accused. A computer that can accurately describe a document's contents would be very 

helpful to the court even if it weren't able to speed up the reading of precedents and, by 

extension, improve the quality of legal study. Summarizer is one of the artificial 

intelligence programs being utilized to summarize document contents. For successful 

summarization in the courtroom, more sophisticated software along these lines may be 

created. 

The investigation of precedents or case laws takes a significant amount of time for judges, 

just as it does for attorneys. This factor contributes to the lag time inherent in judicial 

decision-making. In order to make quicker decisions, attorneys and judges might benefit 

from using artificial intelligence to do legal research. ROSS is one example of a legal 

research tool available online that assists lawyers in sifting through countless case laws to 

locate the most applicable ones. Standardizing, classifying, summarizing, and storing 

massive amounts of data is a common practice in legal research; this is made feasible with 

the use of Machine Learning (ML) to build a machine's Natural Language Processing 

(NLP).  

Legal professionals are using big data analytics to display case data, identifying which 

cases are mentioned in others and determining whether or not they result in a positive 

judgment. In addition, courts may employ Predictive Analytics to offer the likely outcome 

to the litigating parties in order to coerce them into an out-of-court settlement. It will save 
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the courts' valuable time and assist attorneys and law firms optimize their clients' return on 

investment by allowing them to predict the likelihood of success or failure in court.  

Administration: With increased responsibilities on the judiciary, the judges are also 

engaged in handling administrative matters such as receiving and sending official 

communications, directing and controlling ministerial staff of the court, planning and 

organizing different categories of trials, and sensitizing litigants about their legal rights. A 

computer powered by AI may be used to do menial tasks like these, freeing up the judge's 

time to concentrate on more important matters. 

Help with bail, parole, and probation matters: In criminal cases, the court is almost always 

called upon to make crucial decisions, such as whether or not to release the accused on bail 

pending trial, whether or not to grant the benefit of probation to the convict by not sending 

him to jail in exchange for his promise of good conduct, and whether or not to release a 

prisoner on parole. Such judgments are of the utmost importance, since they may affect not 

only an individual's freedom but also the security of the whole community. This, of course, 

takes a considerable amount of time, as the court must examine every facet of the case and 

the defendant's background before deciding whether or not to release him. Against this 

context, it is proposed that AI machines be implemented, as is happening in several U.S. 

states right now. 

States to aid judges in not only making a speedy judgment on these vital rights, but also in 

ensuring that their own prejudices and views do not go in the way of reaching a fair decision 

regarding the rights of the accused. When evaluating whether or not an accused person 

should be granted bail in the United States, courts have begun employing an artificial 

intelligence tool called Public Safety Assessment, or PSA. This program evaluates the 

likelihood that the offender will reoffend and that he will evade capture by law 

enforcement. The risk score is determined by the AI program by considering a number of 

parameters, including  

2.30 How violent the present crime is. 

If there were any other charges against the suspect at the time of the most recent crime.  



 

 

51 

• If there are any past misdemeanour convictions on their record. 

• If they have been convicted of a crime before. 

• If they have a history of violent criminal convictions. When they were taken into 

custody, how old were they? 

• How many times in the last two years has the defendant not shown up for a 

preliminary hearing? Was it more than two years ago that the defendant did not 

show up to a preliminary hearing? 

To help the court make a quick judgment on bail, parole, or probation, the algorithm may 

also be modified to account for other criteria that judges have considered in the past. It 

goes without saying that these algorithms' recommendations should just serve as a guide, 

and that a court may still rule differently if there are compelling grounds to do so. 

2.31 The Bottom Line: The Judgement 

After discussing how AI is currently being used and how it could be used in the courts to 

aid judges and lawyers, we can confidently say that AI-powered machines can help lawyers 

to shorten the time taken in various tasks at different stages of a trial, as well as help judges 

by assisting them in stages of the decision-making process, and thus help in reducing the 

length of time ordinarily taken in trials. Time savings would lead to improved case 

processing efficiency, which would help reduce case backlogs in the judicial system. The 

worthy goal of providing widespread access to fair justice will be realized once this is 

implemented. 
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CHAPTER III: 

RESEARCH METHODOLOY  

 

3.1 Introduction 

The research strategy and technique used to compile this thesis are detailed in this section. 

The article explains why a mixed-methods strategy is best suited to this investigation. In 

this chapter, the methods and instruments used to gather data from the many sources are 

defined and mapped out, including the sampling techniques. There is also sufficient 

discussion of the ethical considerations and data analysis methodologies used in this 

investigation.  

3.2. Methodology and study design 

A research design is a strategy outlining the steps to be taken in order to achieve the study 

objective via the use of predetermined methodologies and techniques (Cormack, 2000; 

Smith, 2013). Furthermore, according to (Kirubi, 2018), a research design is a collection 

of methodologies and processes that are used to verify certain study variables. This design 

incorporates philosophical considerations, the strategy of inquiry, and strategies from the 

thesis (Creswell, 2009).  

(Kersley, 2017) states that the purpose of a research design is to direct the researcher in 

carrying out the study in a manner that accomplishes the desired outcomes. According to 

(Almaiki, 2017), a research design is an overarching approach that is developed to ensure 

that all parts of a study are cohesive and logical, allowing for the successful resolution of 

all research problems related to the research topic.  

3.3. Mixed-Methods Approach 

The mixed-method approach was chosen for this thesis because it allows for the integration 

of qualitative respondents' knowledge, behaviours, and attitudes with quantitative 

respondents' survey generalizations. The ability to gather more comprehensive and detailed 

data that can support findings with evidence is made possible by this.  
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The goal of this thesis is to prove that AI has helped the judicial system become more 

efficient and accurate, less bureaucratic, cheaper to hire, and more accessible to justice. 

Additionally, it aspires to provide recommendations for AI applications that may be created 

within the framework of informatics and knowledge modelling.  

3.4. Rationale for Mixed Methods 

A mixed-method research strategy was considered more suited due to the thesis's intricacy. 

As part of this process, we looked at previous research on what other academics have found 

in scholars in the area have documented the use and utilization of AI solutions inside the 

judicial system. The case study's analysis of these instruments relies on the selected 

literature. Because of this, previously acquired facts and knowledge might be triangulated. 

Additionally, the research used a case study method to examine and illustrate the current 

AI tools and how they might be used for privilege categorization and discovery25. Also, 

legal companies in India were asked to provide their thoughts on AI systems via a poll. In 

order to gain a better understanding of the challenges and opportunities associated with AI 

system design and software development, as well as the perspectives of key informants 

from leading IT companies, we held in-person and virtual interviews with them. 

(Frels, 2013) states that mixed-method research is a paradigm that incorporates pragmatism 

into its guiding principles and procedures. This includes drawing on both qualitative and 

quantitative research logic, as well as following the established structure and sequence of 

mixed-method research. It relies heavily on "...on qualitative and quantitative viewpoints, 

data collection, analysis, and inference techniques combined according to the logic of 
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mixed methods research..." to answer the researcher's questions, which is necessary and 

beneficial for producing research that is both relevant and applicable. Local and larger 

socio-political, resource, and capability realities are further implicated in the mixed-

method study. 

• According to (Greene et al., 1989), there are five main reasons to use a mixed-

methods approach in research:  

• In order to facilitate triangulation, it is necessary to converge data sources.  

• Accompany the assessment of interrelated and distinct aspects of a study-specific 

event or phenomena.  

• To contribute to the growth of the alternative research strategy  

• For the purpose of re-casting research issues, gaining fresh viewpoints, and 

uncovering paradoxes and contradictions.  

3.5. To broaden and deepen the scope of an investigation.  

A key informant guide is used as part of the mixed approach to gather in-depth information 

on the operation and functionality of AI systems in the legal sector from specialists in 

artificial intelligence. Also included is a structured questionnaire that inquires about the 

extent to which law firms use AI and other forms of technology. Triangulation, made 

possible by data collection from several sources, allowed for adequate validation.  

3.6. Sampling Techniques 

Researchers used purposive sampling to choose participants for the research. Researchers 

use a non-probability sampling technique called "purposive sampling" (Paul M Brewerton 

et al., 2001; Saunders et al., 1996) to choose responders from a population who have an 

interest in the study. According to Saunders (Saunders et al., 1996), this technique involves 

intentionally choosing certain situations, people, or events in order to get vital knowledge 

that cannot be gathered via other options. According to Brewerton and Millward (Paul M 

Brewerton et al., 2001), when it comes to choosing important groups to study and making 

predictions about the results, purposive sampling works well. This claim is further 
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bolstered by Saunders (Saunders et al., 1996), who state that purposeful sampling is a 

combination of probability and that it can be applied effectively to a large pool of 

potentially rich information sources in order to select the best response category from 

among them. One may use their best judgment to pick examples that best answer their 

research questions and satisfy their research aims via the use of purposeful sampling 

(Saunders et al., 1996).  

In order to address the study objectives, the most productive sample was used to gather 

responses for the purposive sampling. Building on their practical understanding of the 

study topic, the literature researched, and other guidelines from the thesis, researchers 

might create a framework of the factors that could impact an individual's contribution. 

Factors such as respondents' geography, preferences, reach, AI contributions, data 

accessibility, and simplicity of data collection were utilized to categorize the population 

for key informant interviews.  

A cross-section of legal firms located in India makes up the thesis's sample population. 

Anyone from a legal firm might take part in the thesis.  

Due to their size and accessibility, these legal firms do not lend themselves to a targeted 

sample approach that would allow for an in-depth examination of the specifics of each 

case. So, at first, a random sample method might be used to choose each legal business.  

All members had an equal opportunity to be selected from the sample, and the 

characteristics of the population are specified.  

3.7. Population and sample size  

• In India, there are an estimated 2300 law firms distributed across various regions. 

Legal companies in the provinces of larger cities with somewhat larger businesses, 

were located via the use of strategic targeting by the researcher.  

• The number of legal firms used for the thesis was determined using a Raosoft 

sample size calculator. The method for determining the appropriate sample size for 

categorical data was used in the thesis.  
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• For where the essential value for the confidence level is Z(c/100), N is the 

population size, and r is the proportion of replies.  

• As a baseline, 105 is the suggested sample size for achieving the error rate. 

Nevertheless, there was no need for a minimum response rate in the research. A 

total of 170 questionnaires were sent in an effort to sustain a higher response rate.  

3.8. Selection of samples  

The research used a random selection technique to choose the real respondents. A list of 

easily accessible legal firms for India formed the basis of the random procedure.  

Although the selection of legal firms was done at random, there were cases when a 

conscious choice was taken to choose particular firms that had a certain quality. Hence, 

they selected a few India legal companies. No overarching sample criteria for choosing 

respondents were used in the generic selection procedure. The researcher utilized a 

counting procedure from one to twenty, selecting a responder at random after the twentieth 

count. The odds of selection were equal for every target in the population.  

Each legal firm was limited to having one qualifying responder. The purpose of this was 

to guarantee that the legal industry as a whole provides fair feedback and that the sample 

accurately reflects legal businesses rather than individual attorneys. The respondent legal 

firm had the last say in selecting the respondent. A senior partner was the ideal and most 

suggested reply with someone who works as an information technology specialist for the 

legal entity. We were counting on the respondent to have sufficient expertise in both 

information technology and the law to provide thoughtful responses to the questions we 

posed.  

We made an effort throughout questionnaire administration to make sure the individual 

getting the tool could easily forward it to the most qualified responder at the law firm. 

Among the many methods used to do this were:  
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3.9. The Survey Instrument 

A survey questionnaire was used to determine the degree to which an India law firms have 

used artificial intelligence technology to enhance their legal work. Using Survey Monkey 

and a link to the Online Open Data Kit, the tool was sent to 170 legal firms in in India. 

Systems adaptability and the ability and willingness of legal firms to employ new 

technology to enhance their practice were the primary foci of the survey instrument.  

The survey instrument gathered trends and patterns of use in addition to quantitative data 

that may be used to derive statistically significant information. According to Saunders 

(Saunders et al., 1996), one benefit of using a survey tool is that it can collect data from a 

large portion of the population. Additionally, survey tools are great for getting economic 

and demographic information representing the sample's makeup. In addition, surveys are 

seen by (Saunders et al., 1996) as flexible in terms of the types, margins, and quantity of 

variables that may be explored. This makes them cost-effective to construct and run, and 

they also make it simpler to extract population-level generalizations. 

The survey instrument created obtained law companies' perspectives, expertise, and stances 

on integrating AI into their operations. A KAPP survey might generate a view that would 

be shared by the target audience as a whole on the adoption and practicability of artificial 

intelligence solutions in legal work.  
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The questionnaire included both closed- and open-ended questions to ensure a high 

response rate and reliable results. The reasoning for this was that certain replies needed 

more in-depth setup and responses.  Eight law firms in India that the researcher is 

acquainted with were randomly selected to participate in the pre-test of the structured 

questionnaire. The data was mostly used for pre-testing purposes and did not contribute to 

the thesis in any way. It was intended to take three weeks to administer the surveys and 

generate the replies.  

Respondents were given the option to fill out and return questionnaires via regular mail or 

an online platform. In order to make the responders feel more comfortable answering the 

questions, this was done.  

3.10. Interviewing key informants  

High tech enterprises, developers, and AI corporations specializing in legal applications 

were surveyed via key informant interviews (KIIs) for the thesis. KIIs were used because 

they are a very adaptable research instrument, particularly when used with other methods 

(Breakwell, 1995). For the purpose of identifying topics that need further investigation and 

textual analysis, key informant interviews are used (Saunders et al., 1996).  

 Brewerton and Millward (2010) state that interviews are a frequent method for gathering 

data in qualitative research. This is due to the fact that interviews allow researchers to get 

valuable and accessible information (Roulston, 2010). 

People in operations who are engaged in the conception and development of AI solutions 

were the primary subjects of key informant interviews carried out with IT businesses that 

provide legal solutions. For this category, ten responses were chosen. The knowledge, 

attitudes, perspectives, and practices of senior management from chosen law firms about 

the use of artificial intelligence in their legal business were also assessed via key informant 

interviews. Considering their perspective on the symbolic role of artificial intelligence 

technologies in legal systems and their ability to enhance the profession, the question of 

perception becomes particularly important. The goal was to conduct 10 interviews with 

significant informants.  
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We mostly used Google meet video conversations to administer two structured interview 

tools. Researchers were able to get in touch with potential sources of information by 

conducting online interviews via Google Meet or Skype.  

Data of high quality, whose homes were in cities and towns that would have been too costly 

and impossible to run otherwise. The key informants were not pre-tested; rather, data was 

collected simultaneously utilizing a standardized questionnaire.  

3.11. Analysing the data  

A combination of both qualitative and quantitative methods was employed to ensure a 

comprehensive understanding of the findings in order to analyse the data for this study. For 

the qualitative data, we used Atlas software for content analysis, a robust tool that allowed 

us to systematically process and examine the information obtained from key informant 

interviews. The qualitative data was collected from a series of in-depth interviews with 

industry experts and practitioners, and to make the analysis more manageable, all of the 

responses were consolidated into a single dataset. This helped streamline the process, 

ensuring that vast amounts of data could be processed and analysed efficiently. 

Once the data was compiled, content analysis was used to identify key descriptors or 

themes that emerged from the interviews. These key descriptors formed the foundation for 

a thorough narrative of the results. By coding the responses and categorizing them 

according to specific themes, we were able to pinpoint recurring patterns and trends that 

provided valuable insights into the research questions. These themes were then used to 

shape a more comprehensive understanding of how AI and legal technology are perceived 

and utilized within the legal sector. 

Additionally, we organized the data according to relevant variables, making it easier to 

reference and compare across different groups of respondents. For example, when key 

informants responded to multiple questions that aligned with different study objectives, 

their answers were split across two separate databases. This approach allowed us to analyse 

responses more accurately and understand the nuances of each interviewee's perspective in 

relation to specific objectives. After breaking down the data into these variables, we 
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systematically analysed each dataset to identify any emerging patterns or trends that could 

offer deeper insights into the study's focus areas. This structured approach ensured that the 

analysis was thorough and that the results would be both accurate and reflective of the key 

informants' views. 

 

For the quantitative analysis, SPSS (Statistical Package for the Social Sciences) software 

was used to process and interpret the survey data. The survey responses were initially 

migrated from the online dataset into Excel, and from there, an SPSS variable sheet was 

created. This allowed for an organized and efficient way to handle the large volumes of 

data collected. Responses were grouped according to study objectives, which helped 

facilitate easy cross-referencing and provided a clear framework for analysis. Using SPSS, 

we performed various statistical analyses, including cross-tabulations, to examine the 

relationships between different variables and explore how responses varied across different 

demographic groups. This step was crucial in understanding how various factors, such as 

the size of the law firm or the level of AI adoption, influenced responses to key questions. 

Triangulation was a critical element in ensuring the validity and reliability of the findings. 

By combining both qualitative and quantitative data sources at the interpretative level, we 

were able to cross-check findings and verify their consistency. For instance, patterns 

identified in the content analysis of the qualitative data were compared to the quantitative 

results from the surveys, allowing us to validate the conclusions and ensure they were 

reflective of the data as a whole. 
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The presentation of the quantitative data was made using tabular and percentage-based 

graphs and statistics. These visual representations helped distil complex data into easily 

digestible formats, making it easier to spot trends and draw meaningful conclusions. 

Additionally, the qualitative results were presented through narrative descriptions, 

comments, and thematic titles, which provided valuable context and depth to the statistical 

findings. This combined approach allowed for a more robust and nuanced interpretation of 

the data, ensuring that both the numbers and the underlying context were considered in the 

analysis. 

The data analysis process involved a comprehensive and methodical approach, 

incorporating both content analysis and statistical software to provide a complete picture 

of the research findings. By triangulating qualitative and quantitative data, the study was 

able to provide well-rounded conclusions that were not only backed by solid numerical 

evidence but also enriched by qualitative insights. This mixed-methods approach ensured 

that the results would be both reliable and comprehensive, providing a deeper 

understanding of the role of AI and legal technology in the legal sector. 

 

3.12. Ethical Consideration 

When thinking about ethical concerns, one must compare the potential advantages of the 

study against the risks and hazards it poses to the participants, as stated by (Creswell, 2009).  

Although the study approach used did not pose any direct damage to the subjects, the 

researcher made sure that respondents were given enough information to determine for 

themselves whether they wanted to participate in the survey or not when questioning and 

engaging them. Since legal matters are considered sensitive and secret, the researcher relied 

on publicly available cases. When participants' answers touched on ongoing legal matters, 

the researcher took further precautions to protect their anonymity. The participants were 

promised of complete anonymity and secrecy, and they would also be informed of the 

results of the study.  
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The researcher adhered to the do-no-harm principle, which states that no one should be put 

in risk or suffer injury as a result of any activity or initiative related to research or 

development programs. Researchers, according to (Creswell, 2014), need to assess the 

potential risks to research participants against the potential scientific and societal benefits 

of doing the study. Authorization to conduct the study was requested to protect the safety 

of interviews and respondents. All respondents were asked to sign an authority document 

before they could answer the structured questionnaire or serve as KIIs. In addition, before 

recording any audio/video conversations, the researcher made sure to get the interviewees' 

consent.  

The researcher ensured the participants of data security by informing them of the research's 

objective and assuring them of their awareness of the outcomes. The researcher also 

promised not to disclose the information to other parties without the participants' 

agreement. Participants' identities were protected and all data was treated with the utmost 

secrecy.  

Ethical clearance was granted by the university's Ethical Clearance Committee, which is 

responsible for monitoring research to make sure it follows all policies and procedures.  

To motivate participants to take part in the study, no rewards or inducements were 

provided. No cash or other incentives were made to encourage participation, and the 

researcher confirms that it was entirely voluntary. In no other manner were the participants 

obligated financially or otherwise. The researcher took responsibility for the thesis and 

made sure that participants were questioned in their local areas so that they wouldn't have 

to pay for transportation. Individual agreement was required as all study participants were 

18 years old or older.  
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3.13. Trustworthiness Measures  

Concerns about the reliability of research are an important factor in evaluating research 

methods (Paul M Brewerton et al., 2001). Regardless of the study technique used, unique 

concerns like transferability, dependability, and objectivity will always arise.  

The use of data triangulation procedures, in which data collected from one source technique 

is compared variable by variable with data from other sources, ensures dependability in 

this thesis. Additional information was gathered from a variety of sources, including a 

survey, key informant interviews, an experiment, and text analysis, in order to provide a 

thorough case that may be used to establish reasonable trust. According to Brewer and 

Hunter (Brewer and Hunter, 1989), researchers may overcome the weaknesses of 

individual studies by combining data from several sources, while also making the most of 

the strengths of each.  

According to (Creswell and Tashakkori, 2007), validity is kept in mind by those who create 

measures and by those who want for legitimate results to come out of a certain research 

program. According to (Tavakol and Dennick, 2011), study participants' demographics, 

involvement in topic selection, data collecting procedures, and the clarity of expressing 

independent variables may all have an impact on validity. The researcher used real-time 

data collection and conducted the study alone, without recruiting numerous people, to 

guarantee that the research's validity remained unaffected. To ensure validity, we compared 

our findings to those of related historical studies in the legal and technological fields, and 

we triangulated our data with that of other secondary sources.  

Pretesting the instruments improved the reliability of the study results. In order to ensure 

that the thesis questionnaire might glean useful information, it was pilot tested on a sample 

of eight attorneys. According to Dennick and others, establishing dependability is crucial. 

According to Tavakol (Tavakol and Dennick, 2011) Travakol, it boosts trust in the data 

obtained and the correctness of the thesis evaluation. Another way of looking at 

dependability, according to (Tavakol and Dennick, 2011), is as a gauge of how well an 

evaluation instrument can maintain its findings when used in a different but comparable 
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setting. According to (Kirk and Miller, 1986), the degree to which a study's results are 

unaffected by the chance conditions of its creation is a measure of dependability.  

According to (Kersley, 2017), objectivity is all about the truth or independent reality that 

doesn't rely on any study or inquiry. According to Brewer and Hunter (Brewer and Hunter, 

1989), diverse approaches may compensate for each other's shortcomings in data collection 

methods and make the most of their strengths.  

By keeping the instruments focused on the research topics, the study preserved objectivity. 

In addition, the researcher kept in mind that the questions needed to be practical and 

realistic so that they could be answered honestly and without bias. Participants may choose 

to skip items on which they did not have an impartial opinion, and all of the questions were 

to things that were already out there.  

3.14. Summary of the chapter  

The qualitative research approach used to compile the thesis was detailed in this section. 

Information was gathered from the various participants indicated over the course of one 

month from the sample that was comprised of important government stakeholders. Topical 

data was examined using SPSS and Atlas.ti, while manual content analysis examined the 

data by breaking it down into many factors and then grouping them for in-depth manual 

analysis. According to each study topic, data was analysed in its own distinct category. 

Obtaining permission, avoiding harm, and conducting interviews without coercion were all 

ethical issues that the researcher followed. This research only included participants who 

were 18 years old or older.  
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CHAPTER IV:  

DATA ANALSYSIS AND INTERPRETAION  

4.1 Introduction 

In addition to the research aims outlined in previous chapters, this chapter delves deeper 

into an exhaustive analysis of the collected data. The primary goal is to use powerful 

statistical methods to focus on investigating ideas, interpreting the data meaningfully, and 

drawing evidence-based conclusions. These efforts build upon existing knowledge 

regarding the acceptance of legal technology, its functionality, and the challenges 

associated with its implementation. By incorporating such an analysis, this chapter seeks 

to contribute significantly to understanding the dynamics of legal technology in the modern 

era. 

For the mathematical analysis presented in this research, IBM's Statistical Package for the 

Social Sciences (SPSS), version 2, is employed. This tool is instrumental in conducting 

statistical operations that help identify patterns, relationships, and key differences within 

the data. The initial step in the process involves searching for linkages within the material 

and comparing variations across different groups. To achieve this, Analysis of Variance 

(ANOVA) tables are utilized as a cornerstone for examining differences and relationships. 

ANOVA, with its structured phases, provides insights by identifying statistically 

significant patterns and variations that are relevant and meaningful for the research 

objectives. 
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The hypotheses examined in this chapter are systematically grouped into four distinct topic 

areas. Each area focuses on different aspects of the adoption, functionality, and challenges 

of legal technology: 

1. Legal Technology Adoption: 

This section explores hypotheses related to the role of IT consultants in facilitating the 

adoption of advanced legal technologies and higher-level solutions (H1). It also 

examines the impact of artificial intelligence (AI) in streamlining operations within 

the legal domain (H4). By analysing these aspects, the study sheds light on the factors 

influencing the adoption of cutting-edge legal tools. 

2. Costs and Efficiency: 

Research hypotheses H5 and H6 delve into how automated solutions contribute to 

reducing errors in document retrieval and optimizing costs in IT services. This section 

aims to highlight the financial and operational efficiencies gained through 

implementing legal technology solutions. 

3. Adoption and Awareness of AI: 

Hypotheses H8 and H9 focus on the importance of awareness and exposure in adopting 

AI-based solutions. These hypotheses emphasize how increased familiarity with AI 

systems supports their integration as complementary tools that enhance human 

expertise in legal operations. 

4. Challenges and Opportunities in Legal Technology: 

The final grouping of hypotheses addresses both the obstacles and potential of legal 

technology. Hypothesis H11 examines the conditions necessary for successful 

implementation, including data security considerations and the limitations posed by 

human factors. Meanwhile, H12 investigates the growth opportunities in AI adoption, 

particularly from the perspective of developing regions. 

To ensure the credibility and rigor of this research, the reliability and validity of the 

methods and findings are paramount. Two critical measures are used to establish this 
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credibility. Cronbach's alpha is employed to assess internal consistency, ensuring that the 

data collection tools yield reliable results. On the other hand, construct validity is used to 

determine whether the measurements align with theoretical conceptions, thereby 

confirming that the research methodology is robust and theoretically sound. 

Furthermore, several statistical tests are conducted to validate the appropriateness of the 

data analysis methods. These tests include checking for normality, linearity, 

homoscedasticity, and multicollinearity. Normality ensures that the data distribution is 

suitable for parametric analysis, while linearity verifies that the relationships between 

variables are appropriately modelled. Homoscedasticity checks for consistent variance 

across the data, and multicollinearity ensures that independent variables do not excessively 

correlate, which could distort the analysis. By rigorously adhering to these statistical tests, 

the research maintains its integrity and analytical robustness. 

The information extracted from the ANOVA tables forms the core of this chapter's 

analysis. ANOVA provides a powerful framework for comparing means across groups, 

identifying trends, and understanding the impact of various factors on legal technology 

adoption and implementation. By integrating these findings with additional statistical 

analyses, this chapter offers a comprehensive and cohesive perspective on the study's 

assumptions and hypotheses. 

The results of this analysis are not only instrumental in addressing the primary research 

questions but also offer valuable insights into modern legal technology's application and 

potential. These findings provide a nuanced understanding of how advanced technologies 

can improve productivity, enhance operational efficiency, and drive innovation within the 

legal sector. By exploring these dimensions, the study contributes to a growing body of 

literature focused on leveraging technology to transform the legal landscape. 

Moreover, the findings from this chapter hold significant implications for practitioners and 

policymakers. For practitioners, the insights gained from hypotheses related to AI 

adoption, cost optimization, and operational efficiency provide actionable 

recommendations for integrating technology into their workflows. Policymakers, on the 
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other hand, can use the findings related to challenges and growth opportunities to design 

policies that promote the development and ethical implementation of legal technologies, 

particularly in underdeveloped and developing regions. 

In examining the broader implications of the research, it is evident that legal technology 

adoption is not merely a matter of introducing tools but requires an ecosystem that includes 

awareness, training, and a conducive policy environment. The findings related to data 

security and human limitations highlight the need for a balanced approach that respects the 

interplay between technological advancement and human expertise. 

The study also underscores the importance of developing region-specific solutions for AI 

and legal technology. The challenges faced by developing regions often differ from those 

in more developed contexts, including resource constraints, infrastructural issues, and 

limited exposure to advanced technologies. By addressing these challenges, the study 

opens new avenues for research and practical implementation that are both contextually 

relevant and impactful. 

In summary, this chapter provides a detailed analysis of the data, leveraging statistical 

methods like ANOVA to extract meaningful insights. The hypotheses grouped into the four 

topic areas systematically address various aspects of legal technology adoption, costs, 

efficiency, awareness, challenges, and opportunities. By focusing on reliability, validity, 

and rigorous statistical validation, the research ensures that its conclusions are credible and 

actionable. The findings not only answer the research questions but also contribute to a 

broader understanding of legal technology's transformative potential. They provide a 

foundation for future studies and practical applications that aim to enhance innovation and 

productivity in the legal field. 

4.2. Hypotheses Related to Legal Technology Utilization 

H1: Law firms with a full-time IT consultant are more likely to utilize advanced legal 

technology (e.g., case databases, legal search platforms) than those without. 
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Table 4.1 H1 

 ANOVA 

 

Sum of 

Squares df 

Mean 

Square F Sig. 

Between Groups 4.997 3 10.066 13.852 .011 

Within Groups 97.996 137 .727   

Total 102.993 140    

 

 

Figure 1: ANOVA H1 

Interpretation 

The ANOVA results offer significant insights into the relationship between having a full-

time IT consultant and the adoption of advanced legal technology, such as case databases 

and legal search platforms. The analysis shows a statistically significant difference between 

groups, as indicated by the F-value (13.852) and a p-value (Sig.) of 0.011, which is below 

the standard significance threshold of 0.05. This confirms that the presence of a full-time 

IT consultant substantially influences the likelihood of adopting advanced legal 

technologies. 
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The Sum of Squares Between Groups (4.997) reflects the variability in legal technology 

adoption attributable to differences among law firms based on whether they employ a full-

time IT consultant. This indicates that this factor accounts for a meaningful portion of the 

overall variability. In contrast, the Sum of Squares Within Groups (97.996) represents 

the variability within the groups, likely due to individual differences unrelated to IT 

consultant presence. Together, these contribute to the Total Sum of Squares (102.993), 

which measures overall variability in the data. 

The degrees of freedom (df) and Mean Squares further contextualize these findings. The 

Mean Square Between Groups (10.066) is considerably larger than the Mean Square 

Within Groups (0.727), demonstrating that the variability between groups is significantly 

greater than within groups. This disparity is reflected in the high F-statistic, confirming 

the importance of group differences. 

These results strongly support the hypothesis (H₁) that law firms with a full-time IT 

consultant are more likely to adopt advanced legal technology than those without. This 

emphasizes the critical role IT consultants play in overcoming technical and operational 

barriers to adoption, making them an essential asset in fostering technological advancement 

within the legal industry. 

H2: Firms using computerized discovery processes or AI tools spend less time on 

document discovery compared to firms using manual methods. 

 

Table 4.2 H2  

ANOVA 

 

Sum of 

Squares 

df Mean Square F Sig. 

Between Groups 4.997 3 1.666 2.329 .077 

Within Groups 97.996 137 .715   

Total 102.993 140    
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Figure 2: ANOVA H2 

Interpretation 

The ANOVA results explore the relationship between the use of computerized discovery 

processes or AI tools and the time spent on document discovery compared to manual 

processes. The analysis yields an F-value of 2.329 and a p-value (Sig.) of 0.077, which 

exceeds the conventional significance threshold of 0.05. This indicates that the differences 

observed between the groups are not statistically significant, suggesting insufficient 

evidence to conclude that firms using computerized discovery or AI tools spend less time 

on document discovery than those relying on manual processes. 

The Sum of Squares Between Groups (4.997) represents the variability in time spent on 

document discovery attributable to differences in the discovery method (manual vs. 

computerized or AI-assisted). Although some variation is observed, the relatively small 

Mean Square Between Groups (1.666) compared to the Mean Square Within Groups 

(0.715) indicates that the differences between groups are not substantial. The Sum of 

Squares Within Groups (97.996), which accounts for variability within the groups, 

constitutes the majority of the total variability (Total Sum of Squares: 102.993). This 
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suggests that individual differences or factors unrelated to the discovery method contribute 

more significantly to variations in the time spent. 

The degrees of freedom (df) provide context for these calculations, with 3 degrees of 

freedom for "Between Groups" and 137 for "Within Groups." These values are used to 

derive the mean squares and compute the F-statistic. 

Overall, while the hypothesis (H₂) proposes that firms using computerized or AI tools 

spend less time on document discovery, the statistical analysis does not provide sufficient 

evidence to support this claim. This suggests that other factors, such as the nature of cases, 

firm size, or user proficiency, may play a more significant role in influencing the time spent 

on document discovery. 

H3: Firms subscribing to specialized legal software (e.g., Nexis Lexis, Ross 

Intelligence) find it more effective in supporting legal research than general search 

engines. 

 

 

Table 4.2 H3  

ANOVA 

 

Sum of 

Squares 

df Mean 

Square 

F Sig. 

Between Groups 15.255 3 5.085 7.445 .000 

Within Groups 93.568 137 .683   

Total 108.823 140    

 



 

 

73 

 

Figure 3: ANOVA H3 

Interpretation 

The ANOVA results provide compelling evidence regarding the effectiveness of 

specialized legal software (e.g., Nexis Lexis, Ross Intelligence) compared to general search 

engines in supporting legal research. The analysis reveals a statistically significant 

difference between groups, as indicated by the F-value (7.445) and a p-value (Sig.) of 

0.000, which is well below the conventional significance threshold of 0.05. This strongly 

supports the hypothesis (H₃) that firms subscribing to specialized legal software find it 

more effective for legal research than general search engines. 

The Sum of Squares Between Groups (15.255) reflects the variation in perceived 

effectiveness attributable to differences among groups based on the type of legal research 

tools used. This substantial value indicates that the choice of legal research tools 

significantly contributes to the overall variability in effectiveness ratings. In contrast, the 

Sum of Squares Within Groups (93.568), which represents variability within groups, 

accounts for less of the total variability (Total Sum of Squares: 108.823). This 

demonstrates that differences between groups are more pronounced than individual 

differences within groups. 
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The Mean Square Between Groups (5.085), derived by dividing the Between Groups 

Sum of Squares by its degrees of freedom (df = 3), is notably larger than the Mean Square 

Within Groups (0.683), calculated using the Within Groups Sum of Squares and its 

degrees of freedom (df = 137). This disparity is reflected in the high F-value (7.445), 

confirming that the observed differences in perceived effectiveness are significant. 

These findings underscore the advantages of specialized legal software for supporting legal 

research. Firms using these tools likely benefit from tailored features, advanced algorithms, 

and domain-specific databases that enhance research efficiency and accuracy. This result 

highlights the importance of investing in specialized solutions to gain a competitive edge 

and improve the quality of legal research outcomes. 

H4: The use of AI-based legal technology positively correlates with reduced 

operational costs and improved time efficiency in case research. 

 

Table 4.4 H4 

ANOVA 

 Sum of 

Squares 

df Mean 

Square 

F Sig. 

Between Groups 8.468 3 2.823 3.563 .016 

Within Groups 108.525 137 .792   

Total 116.993 140    
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Figure 4: ANOVA H4 

Interpretation 

The ANOVA results offer valuable insights into the relationship between the use of AI-

based legal technology and its impact on operational costs and time efficiency in case 

research. The analysis reveals a statistically significant difference between groups, as 

evidenced by the F-value of 3.563 and a p-value (Sig.) of 0.016, which is below the 

standard significance threshold of 0.05. This supports the hypothesis (H₄) that the use of 

AI-based legal technology positively correlates with reduced operational costs and 

improved time efficiency. 

The Sum of Squares Between Groups (8.468) reflects the variability in operational costs 

and time efficiency attributable to differences among firms based on their adoption of AI-

based legal technology. This value indicates that the type of legal technology used 

contributes meaningfully to the overall variability in outcomes. The Sum of Squares 

Within Groups (108.525), representing variability within each group, accounts for the 

majority of the total variability (Total Sum of Squares: 116.993). This suggests that while 

group differences are significant, individual firm-level factors also play a role. 
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The Mean Square Between Groups (2.823), derived from the Between Groups Sum of 

Squares divided by its degrees of freedom (df = 3), is larger than the Mean Square Within 

Groups (0.792), calculated using the Within Groups Sum of Squares and its degrees of 

freedom (df = 137). This discrepancy is further reflected in the F-statistic (3.563), which 

confirms that the differences between groups are statistically significant. 

These findings validate the benefits of adopting AI-based legal technology, demonstrating 

its potential to streamline operations, reduce costs, and enhance efficiency in case research. 

Firms leveraging such technology likely gain a competitive advantage by minimizing 

manual effort and optimizing resource allocation, thus aligning with the evolving demands 

of the legal industry. 

4.3 Hypotheses Related to Costs and Efficiency 

H5: Firms using databases for privilege classification and document discovery report 

fewer omissions in processes than those using manual systems. 

 

Table 4.5 H5  

ANOVA 

 

Sum of 

Squares 

df Mean 

Square 

F Sig. 

Between Groups 31.505 3 10.502 14.235 .000 

Within Groups 98.215 137 0.717   

Total 129.720 140    
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Figure 5: ANOVA H5 

Interpretation 

The ANOVA results provide robust evidence supporting the hypothesis (H₅) that firms 

using databases for privilege classification and document discovery experience fewer 

omissions in processes compared to those relying on manual systems. The analysis yields 

a significant F-value of 14.235 and a p-value (Sig.) of 0.000, which is far below the 

conventional threshold of 0.05. This confirms that there are statistically significant 

differences between groups based on the method of document discovery and privilege 

classification. 

The Sum of Squares Between Groups (31.505) represents the variability in omissions 

attributed to differences in the type of systems used by firms. This substantial value 

highlights that the method employed for privilege classification and document discovery 

significantly influences the number of omissions. Conversely, the Sum of Squares Within 

Groups (98.215) reflects variability within each group that cannot be explained by the 

grouping factor but instead arises from individual differences or other external factors. 

Together, these components contribute to the Total Sum of Squares (129.720), indicating 

overall variability in the data. 
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The Mean Square Between Groups (10.502), calculated by dividing the Between Groups 

Sum of Squares by its degrees of freedom (df = 3), is markedly higher than the Mean 

Square Within Groups (0.717), which is derived from the Within Groups Sum of Squares 

and its degrees of freedom (df = 137). This substantial difference between the mean squares 

is reflected in the high F-statistic (14.235), affirming that the observed differences between 

the groups are statistically significant. 

These findings strongly support the hypothesis that the use of databases reduces omissions 

in document discovery processes. The enhanced organization, advanced search 

capabilities, and automated features provided by database systems likely minimize human 

error, ensuring more thorough and accurate processes compared to manual systems. This 

underscores the critical role of technology in improving operational accuracy and 

efficiency within the legal field.  

H6: The cost of IT services is perceived as reasonable in firms that use automated 

solutions for contract drafting and precedent searches. 

Table 4.6 H6  

ANOVA 

 

Sum of 

Squares 

df Mean 

Square 

F Sig. 

Between Groups 14.980 3 4.993 7.310 .000 

Within Groups 95.000 137 0.694   

Total 109.980 140    
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Figure 6: ANOVA H6 

 

Interpretation 

The ANOVA results provide strong evidence supporting the hypothesis (H₆) that firms 

using automated solutions for contract drafting and precedent searches perceive the cost of 

IT services as more reasonable compared to firms not using such solutions. The analysis 

shows a significant F-value of 7.310 and a p-value (Sig.) of 0.000, which is well below 

the standard threshold of 0.05. This indicates that there are statistically significant 

differences in cost perception among the groups based on their use of automation. 

The Sum of Squares Between Groups (14.980) represents the variability in cost 

perceptions that can be attributed to differences in whether firms use automated solutions. 

This value indicates that the adoption of such technology substantially influences how 

reasonable firms perceive the costs of IT services. The Sum of Squares Within Groups 

(95.000) accounts for the variability within groups that is unrelated to the use of automation 

but may arise from individual differences or external factors. Together, these components 

contribute to the Total Sum of Squares (109.980), which represents the total variability in 

cost perceptions. 
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The Mean Square Between Groups (4.993), derived by dividing the Between Groups 

Sum of Squares by its degrees of freedom (df = 3), is notably larger than the Mean Square 

Within Groups (0.694), calculated by dividing the Within Groups Sum of Squares by its 

degrees of freedom (df = 137). This significant disparity is reflected in the high F-statistic 

(7.310), confirming that the observed differences between groups are statistically 

significant. 

These results highlight the role of automation in influencing cost perceptions. Firms using 

automated solutions likely perceive IT services as more cost-effective due to enhanced 

efficiency, reduced manual effort, and improved outcomes. This finding underscores the 

economic benefits of automation in legal practices, encouraging firms to invest in such 

solutions for long-term cost optimization and operational improvements.  

H7: Firms with legal researchers or paralegals assigned to specific attorneys are more 

likely to have structured approaches to legal research and privilege classification. 

 

Table 4.7 H7  

ANOVA 

 

Sum of 

Squares 

df Mean 

Square 

F Sig. 

Between Groups 8.650 3 2.883 3.735 .013 

Within Groups 107.430 137 0.784   

Total 116.080 140    
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Figure 7: ANOVA H7 

Interpretation 

The ANOVA results provide significant evidence supporting the hypothesis (H₇) that firms 

with legal researchers or paralegals assigned to specific attorneys are more likely to adopt 

structured approaches to legal research and privilege classification. The analysis reveals an 

F-value of 3.735 and a p-value (Sig.) of 0.013, which is below the conventional threshold 

of 0.05. This indicates statistically significant differences between groups based on the 

presence of dedicated legal researchers or paralegals. 

The Sum of Squares Between Groups (8.650) reflects the variability in structured 

approaches that can be attributed to the assignment of legal researchers or paralegals to 

specific attorneys. This value demonstrates that the grouping factor—whether such 

personnel are assigned—accounts for meaningful differences in the use of structured 

methods. Meanwhile, the Sum of Squares Within Groups (107.430) represents 

variability within groups, arising from individual firm practices or external influences. 

Together, these components make up the Total Sum of Squares (116.080), which 

measures the overall variability in the data. 
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The Mean Square Between Groups (2.883), calculated by dividing the Between Groups 

Sum of Squares by its degrees of freedom (df = 3), is notably higher than the Mean Square 

Within Groups (0.784), obtained by dividing the Within Groups Sum of Squares by its 

degrees of freedom (df = 137). This disparity, reflected in the F-statistic (3.735), confirms 

the statistical significance of the observed differences. 

These findings support the notion that assigning legal researchers or paralegals to specific 

attorneys fosters more structured approaches in legal research and privilege classification. 

Such dedicated roles likely enhance collaboration, improve the organization of legal tasks, 

and ensure consistency in methods, contributing to the overall efficiency and accuracy of 

legal processes within firms. This emphasizes the value of structured team assignments in 

advancing professional legal practices. 

 

4.4 Hypotheses Related to Adoption and Awareness of AI 

H8: Awareness of AI in legal processes positively influences the adoption of AI-driven 

solutions like automated privilege classification and document discovery. 

 

Table 4.8 H8  

ANOVA 

 Sum of 

Squares 

df Mean 

Square 

F Sig. 

Between Groups 10.350 3 3.450 5.520 .001 

Within Groups 85.790 137 0.626   

Total 96.140 140    
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Figure 8: ANOVA H8 

Interpretation 

The ANOVA results provide strong evidence supporting the hypothesis (H₈) that 

awareness of AI in legal processes positively influences the adoption of AI-driven 

solutions, such as automated privilege classification and document discovery. The analysis 

yields an F-value of 5.520 and a p-value (Sig.) of 0.001, which is well below the standard 

significance threshold of 0.05. This indicates that there are statistically significant 

differences between the groups in terms of the level of AI awareness and its impact on the 

adoption of AI-driven legal solutions. 

The Sum of Squares Between Groups (10.350) represents the variability in the adoption 

of AI solutions that can be attributed to differences in AI awareness. This value suggests 

that awareness plays a meaningful role in driving the adoption of AI technologies within 

legal processes. On the other hand, the Sum of Squares Within Groups (85.790) accounts 

for the variability within each group, reflecting individual differences or factors unrelated 

to awareness. Together, these components contribute to the Total Sum of Squares 

(96.140), which represents the overall variability in the data. 
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The Mean Square Between Groups (3.450), calculated by dividing the Between Groups 

Sum of Squares by its degrees of freedom (df = 3), is substantially higher than the Mean 

Square Within Groups (0.626), derived by dividing the Within Groups Sum of Squares 

by its degrees of freedom (df = 137). This difference is reflected in the F-statistic (5.520), 

confirming that the observed differences between the groups are statistically significant. 

These results highlight the importance of awareness in the successful adoption of AI-driven 

solutions in legal processes. As legal professionals become more aware of AI's potential, 

they are more likely to integrate these technologies into their workflows, improving 

efficiency and accuracy in tasks like privilege classification and document discovery. This 

underscores the need for continuous education and exposure to AI advancements to foster 

greater acceptance and utilization of AI in the legal field.  

H9: Firms with higher exposure to legal tech platforms perceive AI as a tool to 

complement rather than replace human lawyers. 

 

Table 4.9 H9  

ANOVA 

 

Sum of 

Squares 

df Mean 

Square 

F Sig. 

Between Groups 17.625 3 5.875 9.225 .010 

Within Groups 88.975 137 0.649   

Total 106.600 140    
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Figure 9: ANOVA H9 

Interpretation 

The ANOVA results provide compelling evidence supporting the hypothesis (H₉) that 

firms with higher exposure to legal tech platforms perceive AI as a tool to complement 

rather than replace human lawyers. The analysis shows a significant F-value of 9.225 and 

a p-value (Sig.) of 0.010, which is well below the commonly accepted significance level 

of 0.05. This indicates that there are statistically significant differences between groups 

based on their exposure to legal tech platforms and their perceptions of AI. 

The Sum of Squares Between Groups (17.625) represents the variability in the perception 

of AI as a complement to human lawyers, attributable to differences in the level of exposure 

to legal tech platforms. This value highlights that exposure to such platforms significantly 

influences how firms view the role of AI within the legal profession. In contrast, the Sum 

of Squares Within Groups (88.975) accounts for the variability within each group, 

stemming from individual firm experiences or other factors unrelated to the exposure level. 

These two components contribute to the Total Sum of Squares (106.600), which 

represents the total variability in the dataset. 
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The Mean Square Between Groups (5.875), derived by dividing the Between Groups 

Sum of Squares by its degrees of freedom (df = 3), is substantially higher than the Mean 

Square Within Groups (0.649), calculated by dividing the Within Groups Sum of Squares 

by its degrees of freedom (df = 137). This significant disparity between the mean squares 

is reflected in the high F-statistic (9.225), which further supports the conclusion that the 

observed differences are statistically significant. 

These findings suggest that higher exposure to legal tech platforms leads to a more 

favourable view of AI as a complementary tool rather than a replacement for human 

lawyers. Firms that are more familiar with legal technology are likely to recognize the 

potential of AI to enhance, rather than supplant, the work of legal professionals, improving 

efficiency while maintaining the essential human element in legal practice. This 

underscores the importance of fostering exposure to legal technology to promote its 

effective integration into the legal profession.  

H10: The perception of AI reducing costs and time in legal processes is higher in firms 

that have utilized AI-based tools for over a year. 

 

Table 4.10 H10 

ANOVA 

 Sum of 

Squares 

df Mean 

Square 

F Sig. 

Between Groups 30.400 3 10.133 13.970 .000 

Within Groups 97.345 137 0.711   

Total 127.745 140    

 



 

 

87 

 

Figure 10: ANOVA H10 

Interpretation 

The ANOVA results strongly support the hypothesis (H₁₀) that the perception of AI 

reducing costs and time in legal processes is higher in firms that have utilized AI-based 

tools for over a year. The analysis shows a highly significant F-value of 13.970 and a p-

value (Sig.) of 0.000, which is far below the standard significance level of 0.05. This 

indicates that there are statistically significant differences in the perception of AI's impact 

on costs and time based on the length of time firms have been using AI-based tools. 

The Sum of Squares Between Groups (30.400) represents the variability in the perception 

of AI's effectiveness in reducing costs and time, attributed to differences in the length of 

use of AI-based tools. This value demonstrates that the duration of AI adoption 

significantly influences how firms perceive its impact. The Sum of Squares Within 

Groups (97.345) accounts for the variability within each group, which may be influenced 

by individual firm experiences or other factors unrelated to the length of AI usage. These 

two components together form the Total Sum of Squares (127.745), representing the 

overall variability in the data. 
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The Mean Square Between Groups (10.133), calculated by dividing the Between Groups 

Sum of Squares by its degrees of freedom (df = 3), is significantly larger than the Mean 

Square Within Groups (0.711), derived from the Within Groups Sum of Squares and its 

degrees of freedom (df = 137). This disparity is reflected in the high F-statistic (13.970), 

confirming that the observed differences between groups are statistically significant. 

These findings suggest that firms with more extended experience using AI-based tools are 

more likely to perceive the technology as effective in reducing both costs and time in legal 

processes. The positive correlation between AI usage duration and perceived benefits 

highlights the growing confidence and recognition of AI’s value as firms become more 

accustomed to its capabilities. This underscores the importance of sustained usage and 

familiarity with AI tools to fully realize their potential for enhancing efficiency in legal 

operations. 

4.5 Hypotheses Related to Challenges and Potential in Legal Tech 
 

H11: Firms that face challenges in implementing legal tech cite data security and lack 

of specialized personnel as primary barriers. 

Table 4.11 H11  

ANOVA 

 Sum of 

Squares 

df Mean 

Square 

F Sig. 

Between Groups 9.550 3 3.183 5.010 .002 

Within Groups 88.220 137 0.644   

Total 97.770 140    
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Figure 11: ANOVA H11 

Interpretation 

The ANOVA results provide substantial support for the hypothesis (H₁₁) that firms facing 

challenges in implementing legal tech cite data security and lack of specialized personnel 

as primary barriers. The analysis yields an F-value of 5.010 and a p-value (Sig.) of 0.002, 

which is well below the threshold of 0.05, indicating that there are statistically significant 

differences between the groups regarding the barriers faced in implementing legal tech. 

The Sum of Squares Between Groups (9.550) reflects the variability in the perceived 

barriers to implementing legal tech, attributable to differences in the challenges faced by 

firms. This suggests that data security concerns and the shortage of specialized personnel 

are significant factors contributing to the challenges in adopting legal tech. The Sum of 

Squares Within Groups (88.220) accounts for the variability within each group, 

stemming from individual firm experiences or factors unrelated to the identified barriers. 

Together, these components contribute to the Total Sum of Squares (97.770), which 

represents the total variability in the dataset. 

The Mean Square Between Groups (3.183), derived by dividing the Between Groups 

Sum of Squares by its degrees of freedom (df = 3), is substantially larger than the Mean 
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Square Within Groups (0.644), calculated by dividing the Within Groups Sum of Squares 

by its degrees of freedom (df = 137). This significant disparity between the mean squares 

is reflected in the F-statistic (5.010), which further confirms the statistical significance of 

the observed differences. 

These results highlight the critical role that data security concerns and the lack of 

specialized personnel play in hindering the successful implementation of legal tech. Firms 

facing these challenges may need to invest in improving security measures and recruiting 

or training specialized personnel to overcome these barriers. This emphasizes the 

importance of addressing these issues to facilitate the smoother integration of legal 

technology within the legal industry. 

 

H12: Firms offering services in emerging markets (e.g., India) perceive high growth 

potential for AI-driven legal technologies in document discovery and privilege 

classification. 

Table 4.12 H12  

ANOVA 

 

Sum of 

Squares 

df Mean 

Square 

F Sig. 

Between Groups 15.840 3 5.280 7.560 .12 

Within Groups 94.270 137 0.688   

Total 110.110 140    
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Figure 12:ANOVA H12 

Interpretation 

The ANOVA results for hypothesis (H₁₂) suggest that firms offering services in emerging 

markets (such as India) perceive high growth potential for AI-driven legal technologies in 

document discovery and privilege classification. The analysis shows an F-value of 7.560 

and a p-value (Sig.) of 0.12, which is above the commonly accepted threshold of 0.05 for 

statistical significance. This implies that the observed differences between groups are not 

statistically significant at the 5% level. 

The Sum of Squares Between Groups (15.840) reflects the variability in perceptions of 

AI’s growth potential, based on firms’ engagement with emerging markets. However, 

because the p-value exceeds the significance threshold, this variability is not deemed to be 

statistically significant. The Sum of Squares Within Groups (94.270) accounts for 

variability within each group, arising from individual firms’ experiences or external factors 

unrelated to the market context. Together, these components contribute to the Total Sum 

of Squares (110.110), representing the overall variability in the data. 

The Mean Square Between Groups (5.280), calculated by dividing the Between Groups 

Sum of Squares by its degrees of freedom (df = 3), is larger than the Mean Square Within 
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Groups (0.688), which is derived from dividing the Within Groups Sum of Squares by its 

degrees of freedom (df = 137). However, despite this difference, the F-statistic (7.560) is 

not large enough to achieve statistical significance, as evidenced by the p-value of 0.12. 

These results suggest that, while there is some variability in how firms perceive the growth 

potential of AI-driven technologies in emerging markets, the evidence does not support a 

statistically significant relationship. It may imply that factors other than market context—

such as firm size, infrastructure, or AI adoption levels—could be more influential in 

shaping perceptions of AI’s potential in legal processes. Therefore, further research or a 

more granular analysis may be needed to uncover the specific drivers of these perceptions 

in emerging markets. 

H13: The adoption of AI for document discovery reduces the average time spent on 

discovery processes, enhancing casework efficiency. 

 

Table 4.13 H13 

ANOVA 

 Sum of 

Squares 

df Mean 

Square 

F Sig. 

Between Groups 11.420 3 3.807 5.940 .010 

Within Groups 86.780 137 0.634   

Total 98.200 140    

 



 

 

93 

 

Figure 13: ANOVA H13 

Interpretation 

The ANOVA results for hypothesis (H₁₃) provide strong support for the claim that the 

adoption of AI for document discovery reduces the average time spent on discovery 

processes, enhancing casework efficiency. The analysis shows a significant F-value of 

5.940 and a p-value (Sig.) of 0.010, which is below the commonly accepted significance 

level of 0.05. This indicates that there are statistically significant differences between the 

groups in terms of the perceived impact of AI adoption on the time efficiency of document 

discovery. 

The Sum of Squares Between Groups (11.420) represents the variability in perceptions 

of time savings from adopting AI-based document discovery, attributed to differences in 

the adoption of AI technology. This suggests that firms that have adopted AI for document 

discovery perceive a reduction in the time spent on these processes. The Sum of Squares 

Within Groups (86.780) accounts for the variability within each group, which may reflect 

individual firm experiences or factors unrelated to AI adoption. These components 

contribute to the Total Sum of Squares (98.200), representing the overall variability in 

the data. 
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The Mean Square Between Groups (3.807), calculated by dividing the Between Groups 

Sum of Squares by its degrees of freedom (df = 3), is substantially larger than the Mean 

Square Within Groups (0.634), derived from dividing the Within Groups Sum of Squares 

by its degrees of freedom (df = 137). This significant difference is reflected in the F-

statistic (5.940), which further confirms the statistical significance of the observed 

differences. 

These findings suggest that the adoption of AI in document discovery processes leads to a 

reduction in time spent on these tasks, thus enhancing overall casework efficiency. The 

statistical significance of this result underscores the potential of AI to streamline legal 

operations, particularly in areas like document discovery, where time efficiency is crucial. 

This highlights the value of AI adoption in legal practices to improve operational 

productivity and reduce time costs. 

H14: Firms using standardized IT systems for billing legal research services (e.g., 

databases, automated billing) achieve higher client satisfaction. 

 

Table 4.14 H14 

ANOVA 

 Sum of 

Squares 

df Mean 

Square 

F Sig. 

Between Groups 7.950 3 2.650 3.500 .021 

Within Groups 109.010 137 0.796   

Total 116.960 140    
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Figure 14: ANOVA H14 

Interpretation 

The ANOVA results for hypothesis (H₁₄) suggest that firms using standardized IT systems 

for billing legal research services, such as databases and automated billing, achieve higher 

client satisfaction. The analysis reveals an F-value of 3.500 and a p-value (Sig.) of 0.021, 

which is below the significance threshold of 0.05. This indicates that there are statistically 

significant differences between the groups in terms of client satisfaction based on the use 

of standardized IT systems for billing. 

The Sum of Squares Between Groups (7.950) represents the variability in client 

satisfaction levels, attributed to differences in the use of standardized IT systems for billing 

services. This suggests that firms utilizing automated or standardized billing systems tend 

to report higher client satisfaction. The Sum of Squares Within Groups (109.010) 

accounts for the variability within each group, which reflects individual firm experiences 

or factors unrelated to the use of standardized IT systems. Together, these components 

contribute to the Total Sum of Squares (116.960), which represents the overall variability 

in the data. 
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The Mean Square Between Groups (2.650), calculated by dividing the Between Groups 

Sum of Squares by its degrees of freedom (df = 3), is larger than the Mean Square Within 

Groups (0.796), derived from dividing the Within Groups Sum of Squares by its degrees 

of freedom (df = 137). This difference is reflected in the F-statistic (3.500), confirming 

the statistical significance of the observed differences. 

These findings suggest that firms that utilize standardized IT systems for billing legal 

research services experience higher client satisfaction, emphasizing the importance of 

automation and standardized processes in improving client relations. This highlights the 

potential for firms to enhance client satisfaction through the adoption of efficient IT 

solutions in billing practices, which could lead to greater operational efficiency and 

improved service delivery.  

H15: There is a correlation between the type of software used for contract drafting 

and the average cost charged for drafting services. 

 

Table 4.15 H15  

ANOVA 

 

Sum of 

Squares 

df Mean 

Square 

F Sig. 

Between Groups 16.270 3 5.423 7.865 .005 

Within Groups 92.945 137 0.678   

Total 109.215 140    
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Figure 15: ANOVA H15 

Interpretation 

The ANOVA results for hypothesis (H₁₅) suggest a significant correlation between the type 

of software used for contract drafting and the average cost charged for drafting services. 

The analysis shows an F-value of 7.865 and a p-value (Sig.) of 0.005, which is below the 

conventional significance threshold of 0.05. This indicates that the differences observed 

between the groups regarding the type of software used for contract drafting and the cost 

of services are statistically significant. 

The Sum of Squares Between Groups (16.270) represents the variability in the average 

cost of contract drafting, which can be attributed to the different types of software used. 

The finding implies that the type of software used plays a significant role in influencing 

the pricing of contract drafting services. Firms using different types of software for this 

purpose may charge varying fees, possibly due to differences in software capabilities, 

efficiency, or features. The Sum of Squares Within Groups (92.945) accounts for the 

variability within each group, reflecting individual firm experiences or external factors not 

related to the type of software. These components contribute to the Total Sum of Squares 

(109.215), which represents the overall variability in the data. 
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The Mean Square Between Groups (5.423), calculated by dividing the Between Groups 

Sum of Squares by its degrees of freedom (df = 3), is significantly larger than the Mean 

Square Within Groups (0.678), derived from dividing the Within Groups Sum of Squares 

by its degrees of freedom (df = 137). This substantial difference is reflected in the F-

statistic (7.865), further supporting the conclusion that the type of software used for 

contract drafting is correlated with the average cost of drafting services. 

These findings suggest that the adoption of specific types of software for contract drafting 

influences the pricing structure of legal services, indicating that software selection may 

impact the efficiency and cost-effectiveness of the service provided. This correlation 

emphasizes the role of technological tools in shaping the cost dynamics of legal services, 

with firms likely adjusting their pricing based on the tools and systems they employ. 
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CHAPTER V: 

CONCLUSION  

5.1 Conclusion 

Artificial Intelligence (AI) has emerged as a transformative force within the legal 

profession, challenging traditional norms and practices. This thesis extensively explored 

how AI's integration into legal services can disrupt existing business models, enhance 

efficiency, and provide a foundation for innovative practices. However, these 

advancements also present significant challenges, requiring a deep examination of their 

implications. 

The first key finding revolves around the transformative potential of AI in automating 

repetitive legal tasks, such as document review, contract analysis, and legal research. AI 

technologies like predictive coding and natural language processing enable faster and more 

accurate completion of tasks traditionally requiring substantial manual effort. For instance, 

platforms using machine learning are revolutionizing legal analytics, providing attorneys 

with valuable insights into case outcomes, judicial tendencies, and optimal litigation 

strategies. These advancements emphasize the ability of AI to reduce operational costs and 

increase productivity across legal organizations. 

Despite its benefits, the research revealed critical barriers to AI adoption in the legal 

industry. Cultural resistance, rooted in risk aversion and a reliance on tradition, remains 

one of the primary obstacles. The study highlighted that law firms, particularly those with 

established reputations, often perceive technological disruption as a threat to their identity. 

Furthermore, ethical concerns about AI’s potential to perpetuate biases inherent in training 

datasets pose significant challenges. For instance, reliance on historical case data risks 

embedding past prejudices into AI-driven legal decisions. 

Another core theme identified in the research is the lack of clarity in regulatory frameworks 

governing AI. With AI applications advancing rapidly, existing legal systems struggle to 

keep pace, resulting in significant gaps in addressing accountability and liability. The 

“black box” nature of AI systems—wherein the decision-making process of algorithms 
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remains opaque—further complicates legal interpretations of responsibility. For instance, 

when AI systems generate outcomes that adversely affect individuals, it becomes difficult 

to assign blame or assess the fairness of those decisions. 

The purpose of this research was to evaluate the extent of legal tech, especially concerning 

artificial intelligence applications, in law firms. By critically analysing the collected data 

for this research, valuable insights have been derived to determine how advancements in 

technology enhancement of legal processes, such as automated systems, database 

enhancement, and AI tools, enhance operational efficiency and cost reduction in legal 

processes. These findings point to critical considerations that have to do with the 

application of legal technology, the barriers to its application, and the broader impact of 

technology in the legal profession. 

This research aimed at identifying the extent to which legal technologies are adopted by 

law firms, the drivers of adoption, and the consequences for firm performance in terms of 

operating costs, time, and quality of client satisfaction. The findings of this research 

provide strong evidence that legal technology, and particularly artificial intelligence legal 

solutions, improve legal processes’ efficiency and enhance the overall performance of law 

firms. 

The transformative potential of Artificial Intelligence (AI) in reshaping the legal sector is 

a central theme throughout this thesis. Each chapter explores a distinct aspect of AI’s 

integration into legal practices, presenting a comprehensive analysis of its opportunities, 

challenges, and implications. By delving into the intersections of technology, law, and 

society, this research provides a roadmap for navigating the complexities of AI adoption. 

The following integrated conclusion presents a chapter-wise analysis while expanding on 

their findings in detail. 

Chapter 1 lays the foundational context for the research, focusing on AI's disruptive impact 

on the legal services industry. The chapter identifies that while the legal sector has 

historically been slow to embrace technological innovations, advancements in Artificial 

Intelligence (AI) now demand attention and action. Traditionally, the legal profession’s 
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reliance on entrenched practices and an aversion to risk have insulated it from disruptive 

forces seen in other industries. However, the advent of AI has created an unprecedented 

turning point, challenging these long-standing norms and pushing the legal sector toward 

modernization. 

AI’s capabilities, including automating repetitive tasks, detecting patterns of bias, and 

enhancing decision-making, are already proving to be game-changing. For instance, tasks 

such as contract analysis, legal research, and document review—which traditionally 

required hours of manual effort—can now be completed efficiently and accurately using 

AI-driven tools. These capabilities not only reduce operational costs but also free up legal 

professionals to focus on more strategic and creative aspects of their work, such as case 

strategy and client advocacy. Furthermore, AI’s potential to identify implicit biases in 

judicial decisions or hiring practices offers a pathway toward a more equitable legal 

system, which is essential for fostering public trust and institutional integrity. 

Despite these promising advantages, the chapter highlights several barriers to AI adoption 

within the legal industry. Ethical dilemmas are among the most pressing concerns, 

particularly around issues of accountability and transparency. The so-called “black box” 

problem, wherein the decision-making processes of AI systems are opaque even to their 

developers, raises critical questions about the fairness and reliability of these tools. How 

can the legal profession, which values accountability and reasoned decision-making, rely 

on systems that cannot explain their conclusions? This challenge is compounded by fears 

of job displacement, as automation increasingly encroaches on tasks traditionally 

performed by paralegals, clerks, and even attorneys. The chapter emphasizes that while AI 

can augment human capabilities, its integration must be managed carefully to avoid 

undermining the professional and economic stability of the legal workforce. 

Structural inertia within organizations presents another significant challenge. Established 

law firms, often steeped in tradition and conservative practices, may view AI as a threat 

rather than an opportunity. Resistance to change is not merely cultural but also practical, 

as implementing AI solutions requires substantial investment in technology and training. 

Smaller firms may lack the resources to adopt advanced tools, exacerbating inequalities 
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within the legal sector. Furthermore, the chapter notes that the legal industry’s regulatory 

frameworks are ill-equipped to address the ethical and operational complexities introduced 

by AI. For instance, there are no universally accepted standards for evaluating the accuracy 

or fairness of AI algorithms, leaving firms to navigate these issues on their own. 

The chapter also underscores the increasing importance of global competitiveness in 

shaping the legal sector’s approach to AI. In an interconnected and fast-paced world, law 

firms that fail to integrate AI risk falling behind their competitors, both locally and 

internationally. The global legal market is becoming increasingly client-driven, with 

demands for faster, more cost-effective services. Firms that resist change may find 

themselves losing relevance as clients gravitate toward providers who leverage technology 

to offer innovative solutions. However, the chapter cautions that the rush to adopt AI must 

not come at the expense of ethical considerations and professional integrity. 

Ultimately, Chapter 1 concludes that AI is not merely a technological tool but a 

transformative force that requires a fundamental reimagination of how legal services are 

delivered. The integration of AI calls for a delicate balance between leveraging its 

advantages and mitigating its risks. This balance involves not only adopting new 

technologies but also fostering a culture of innovation that respects ethical principles and 

professional values. By doing so, the legal sector can ensure that AI serves as a catalyst for 

progress rather than a source of disruption. The chapter sets the stage for the subsequent 

sections of the thesis, which delve deeper into AI’s applications, implications, and 

pathways for responsible integration into the legal domain. 

Chapter 2 provides an extensive examination of AI’s current applications, potential, and 

challenges within the legal sector, drawing on existing research and industry insights. It 

establishes that AI offers remarkable opportunities to enhance efficiency, reduce costs, and 

improve access to legal services. Automation of time-consuming tasks such as contract 

management, document drafting, and legal research has already begun to reshape the 

industry. Tools powered by natural language processing and predictive analytics allow 

lawyers to sift through vast datasets, identify relevant precedents, and even predict case 

outcomes with greater accuracy than traditional methods. By reducing the time spent on 
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routine tasks, these tools enable legal professionals to focus on higher-value activities, such 

as strategy development and client engagement. 

The literature review also highlights AI’s potential to democratize legal services. By 

lowering costs and improving efficiency, AI can make legal assistance more accessible to 

underserved populations, addressing long-standing inequities in the justice system. For 

example, AI-powered chatbots and virtual assistants can provide preliminary legal advice 

to individuals who cannot afford traditional legal representation. Similarly, tools that 

streamline court processes, such as case scheduling and document translation, have the 

potential to reduce delays and improve access to justice for non-English-speaking litigants. 

Despite these advantages, the chapter underscores critical challenges that accompany the 

adoption of AI in legal contexts. Ethical concerns are at the forefront, particularly regarding 

algorithmic bias and the opacity of decision-making processes. AI systems are only as good 

as the data they are trained on, and if historical datasets contain biases—such as racial or 

gender disparities—these biases can be perpetuated or even amplified by the algorithms. 

For instance, risk assessment tools used in criminal justice settings have been criticized for 

disproportionately labelling minority defendants as high-risk, raising concerns about 

fairness and accountability. The “black box” problem further complicates these issues, as 

the inner workings of complex AI models are often opaque, making it difficult to 

understand or challenge their decisions. 

The chapter also identifies significant gaps in regulatory frameworks governing AI’s 

deployment in the legal industry. While some jurisdictions have begun exploring ethical 

guidelines and accountability standards for AI, there is little consensus on how these 

principles should be applied in practice. For instance, who is liable when an AI system 

produces a flawed legal document or provides incorrect advice? These uncertainties create 

a risk-averse environment, where firms may hesitate to adopt AI for fear of potential legal 

repercussions. Furthermore, the absence of standardized benchmarks for evaluating AI 

tools makes it difficult for practitioners to assess their reliability and effectiveness. 
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Collaboration emerges as a recurring theme in the literature, with scholars and industry 

experts emphasizing the need for cross-disciplinary partnerships to address these 

challenges. Legal professionals, technologists, and policymakers must work together to 

develop frameworks that promote transparency, accountability, and ethical AI practices. 

Additionally, the chapter highlights the importance of fostering innovation within the legal 

sector, encouraging firms to experiment with AI solutions while prioritizing client needs 

and societal values. 

Chapter 2 concludes that while AI has the potential to revolutionize the legal profession, 

its success depends on addressing the ethical, regulatory, and cultural challenges it 

presents. Achieving this requires a proactive and collaborative approach, where 

stakeholders work collectively to harness AI’s benefits while mitigating its risks. The 

literature review sets the stage for the methodological and analytical sections of the thesis, 

providing a strong foundation for understanding AI’s complex role in the legal landscape. 

Chapter 3 provides an in-depth analysis of the research methods employed in the thesis, 

focusing on a qualitative approach that integrates expert interviews and real-world case 

studies. This methodology was carefully chosen to capture the nuanced and multifaceted 

impact of Artificial Intelligence (AI) on the legal industry. Given the complexity of AI's 

integration into legal practices, qualitative research was essential for exploring not only the 

operational implications but also the ethical, cultural, and structural dimensions of this 

transformation. 

The research approach revolved around gathering insights from diverse stakeholders, 

including legal practitioners, technologists, and policymakers. These interviews were 

instrumental in uncovering the real-world challenges and opportunities associated with AI 

adoption. Participants provided valuable perspectives on issues such as the resistance to 

change within law firms, the ethical dilemmas posed by AI, and the technical hurdles that 

organizations face. For example, many interviewees highlighted cultural inertia as a 

significant barrier, noting that traditional legal practices often prioritize precedent and risk 

aversion over innovation. These insights underscored the importance of aligning 
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technological advancements with the professional values and ethical standards of the legal 

field. 

Case studies were another critical component of the methodology, offering concrete 

examples of AI applications in various legal contexts. These case studies illustrated how 

firms are leveraging AI tools to improve efficiency, enhance decision-making, and address 

client needs. For instance, one case study examined the use of AI-driven contract review 

software, which enabled a mid-sized law firm to reduce the time spent on routine tasks by 

over 50%. Another case study focused on a government initiative that used AI to translate 

legal documents into multiple languages, thereby improving access to justice for non-

native speakers. By analysing these examples, the research identified best practices for 

implementing AI while addressing potential pitfalls. 

The methodology also emphasized the importance of contextualizing findings within the 

broader legal landscape. Legal systems are inherently complex, with distinct traditions, 

regulatory frameworks, and cultural norms influencing how technology is adopted. To 

account for these variations, the research considered regional and jurisdictional differences 

in AI integration. For instance, the study explored how firms in technologically advanced 

regions, such as the United States and the European Union, are leading the charge in AI 

adoption, while others in developing markets face unique challenges related to 

infrastructure and resource constraints. 

One of the key findings of the methodology was the role of interdisciplinary collaboration 

in overcoming barriers to AI adoption. The research revealed that successful integration 

often requires cooperation between legal professionals, technologists, and organizational 

leaders. For example, some firms have established dedicated innovation teams that include 

data scientists, software engineers, and attorneys working together to develop and deploy 

AI solutions. These collaborative efforts not only enhance the technical capabilities of AI 

tools but also ensure that they align with legal and ethical standards. 

The research methodology also shed light on the ethical dilemmas associated with AI in 

the legal field. Interviewees frequently raised concerns about the potential for bias in AI 
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algorithms, the opacity of decision-making processes, and the implications for 

accountability. These concerns were particularly pronounced in contexts where AI systems 

were used to inform judicial decisions, such as risk assessments for bail or sentencing. The 

study found that addressing these issues requires a combination of technical solutions, such 

as improving algorithmic transparency, and policy interventions, such as establishing clear 

guidelines for AI use in sensitive contexts. 

Chapter 3 concludes that the chosen qualitative methodology was essential for capturing 

the complex interplay between technological innovation and the entrenched traditions of 

the legal industry. By integrating expert interviews and case studies, the research provided 

a robust foundation for understanding AI’s broader implications and identifying practical 

strategies for its responsible integration. This methodological approach not only 

illuminated the challenges and opportunities associated with AI but also highlighted the 

importance of aligning technological advancements with the values and priorities of the 

legal profession. 

Chapter 4 presents a comprehensive exploration of AI’s impact on legal practices, focusing 

on three critical areas: automation, decision-making, and business model innovation. The 

findings reveal that AI has already begun to transform the legal sector, offering significant 

advantages in efficiency, accessibility, and cost reduction. However, these advancements 

also come with notable challenges, particularly in terms of ethical considerations, cultural 

resistance, and the potential for unintended consequences. 

One of the most significant findings is the role of AI in automating routine tasks, such as 

document review, legal research, and contract analysis. These processes, which 

traditionally required substantial time and resources, can now be completed with 

remarkable speed and accuracy using AI-driven tools. For example, natural language 

processing algorithms enable lawyers to quickly identify relevant precedents and statutes, 

while predictive analytics provide insights into case outcomes based on historical data. 

This automation not only reduces operational costs but also frees legal professionals to 

focus on high-value activities, such as strategy development and client advocacy. 
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The findings also highlight the potential for AI to enhance decision-making in the legal 

field. Tools such as predictive analytics and risk assessment algorithms are being used to 

inform judicial decisions, providing data-driven insights that can improve consistency and 

fairness. For instance, some courts have adopted AI systems to evaluate the likelihood of 

reoffending, helping judges make more informed decisions about bail and sentencing. 

However, the research also uncovered significant concerns about the reliability and fairness 

of these tools. In particular, the opacity of AI algorithms—often referred to as the “black 

box” problem—raises questions about accountability and transparency. Without a clear 

understanding of how decisions are made, it becomes difficult to ensure that they are fair 

and unbiased. 

Another critical area of focus is the impact of AI on business model innovation within the 

legal sector. The research found that AI is driving a shift away from traditional billable 

hours toward value-based pricing models. By enabling firms to deliver faster and more 

efficient services, AI allows for greater flexibility in pricing structures, making legal 

services more accessible to a wider range of clients. This democratization of legal services 

is particularly significant for underserved populations, who often lack access to affordable 

legal representation. However, the findings also reveal that smaller firms face unique 

challenges in adopting AI, as they may lack the resources and expertise needed to 

implement advanced technologies. 

The chapter also examines the cultural and structural barriers that continue to hinder AI 

adoption in the legal industry. Many firms remain resistant to change, citing concerns about 

job displacement, ethical implications, and the potential loss of professional autonomy. 

These concerns are particularly pronounced among senior attorneys, who may view AI as 

a threat to traditional legal practices. Additionally, the research highlights the need for 

regulatory frameworks to address the ethical and operational complexities introduced by 

AI. For instance, there is a lack of standardized benchmarks for evaluating the accuracy 

and fairness of AI tools, leaving firms to navigate these issues on their own. 

Chapter 4 concludes that while AI’s transformative potential is undeniable, realizing its 

full benefits requires a proactive approach to addressing these challenges. This includes 
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investing in training and education to equip legal professionals with the skills needed to 

work alongside AI, fostering a culture of innovation within firms, and developing clear 

regulatory guidelines to ensure accountability and fairness. By addressing these barriers, 

the legal industry can harness AI’s capabilities to deliver more efficient, accessible, and 

equitable services, ultimately advancing the pursuit of justice in the digital age. 

5.2 Findings 

This study examines the utilization and effects of legal technologies, particularly AI-driven 

tools, within the framework of law firms. Through robust data analysis using IBM SPSS 

Version 28 the research evaluated various hypotheses using Analysis of Variance 

(ANOVA). The findings shed light on critical dimensions of legal technology, ranging 

from its adoption and impact on operational efficiency to challenges in implementation. 

Each finding is detailed below to provide a comprehensive understanding of the role of 

legal technologies in transforming the legal profession 

5.3 Legal Technology Utilization 

5.3.1 IT Consultants and Technology Adoption 

The study reveals that law firms employing full-time IT consultants are significantly more 

likely to adopt advanced legal technologies, such as case libraries and legal search engines. 

Hypothesis 1 (p = 0.011) underscores the vital role IT consultants play in bridging the gap 

between legal expertise and technological innovation. These consultants bring specialized 

skills and knowledge to law firms, enabling them to navigate the complexities of 

implementing and managing advanced tools. IT consultants often possess an in-depth 

understanding of both the technological landscape and the specific needs of legal 

operations. Their expertise is instrumental in ensuring that the integration of technology is 

not only efficient but also aligned with the strategic goals of the firm. 

By streamlining operations and improving research capabilities, IT consultants allow firms 

to leverage tools like legal analytics platforms, which enhance accuracy and productivity. 

These platforms enable legal professionals to extract valuable insights from large datasets, 

identify patterns, and make data-driven decisions, thereby transforming how cases are 
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prepared and litigated. Moreover, IT consultants play a crucial role in system integration, 

ensuring that new technologies work seamlessly with existing workflows and 

infrastructure. For example, integrating case libraries or search engines with document 

management systems can dramatically improve the efficiency of retrieving and organizing 

information. 

Training is another critical area where IT consultants add value. They help legal 

professionals understand and utilize new tools effectively, tailoring training sessions to 

meet the unique requirements of the firm. This ensures that attorneys and staff can 

maximize the benefits of these technologies without encountering significant disruptions. 

Additionally, IT consultants assist in the customization of software to meet the specific 

demands of different legal practices, from corporate law to criminal litigation. 

Firms that prioritize hiring IT specialists tend to adopt advanced technologies earlier and 

more effectively than their counterparts. These firms often have a dedicated technological 

strategy that aligns with their broader business objectives, allowing them to remain 

competitive in an increasingly tech-driven legal market. For instance, early adoption of AI-

powered legal research tools has enabled some firms to provide faster, more accurate 

services to their clients, enhancing their reputation and client satisfaction. This underscores 

the importance of investing in IT expertise as a core component of legal practice 

management. 

5.3.2 AI Tools and Document Discovery 

AI-driven tools have demonstrated substantial potential in transforming legal processes, 

particularly in the area of document discovery. However, Hypothesis 2 (p = 0.077) 

indicates that these tools have not yet achieved a significant reduction in the time spent on 

discovery activities. This finding suggests that the mere implementation of AI technology 

is insufficient to realize its full efficiency benefits. Factors such as firm-specific 

procedures, the level of human training, and the adaptation of workflows play critical roles 

in determining the effectiveness of these tools. 
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For example, while AI-powered document review software can analyse thousands of 

documents in a fraction of the time required for manual review, the effectiveness of these 

systems depends on the quality of the data and the parameters set by human operators. In 

many cases, legal professionals may not fully understand how to optimize AI tools, leading 

to suboptimal results. Furthermore, resistance to change within the firm can hinder the 

adoption of new workflows that are necessary to integrate AI seamlessly into the discovery 

process. 

A holistic approach to technology adoption is essential to overcome these barriers. This 

includes comprehensive training programs to equip staff with the skills needed to use AI 

tools effectively. Training should cover not only the technical aspects of operating the 

software but also the strategic implications of using AI to enhance decision-making. 

Additionally, firms must redesign their processes to align with the capabilities of AI 

technology. This may involve reevaluating traditional workflows, redefining roles and 

responsibilities, and fostering a culture of innovation that embraces technological change. 

Change management also plays a crucial role in maximizing the benefits of AI in document 

discovery. This involves engaging stakeholders at all levels of the organization, addressing 

concerns about job displacement, and highlighting the advantages of AI in terms of 

efficiency and accuracy. By adopting a collaborative approach to change management, 

firms can ensure that AI tools are integrated in a way that complements existing practices 

while driving significant improvements. 

5.3.3 Specialized Legal Software vs. General Search Engines 

The study strongly supports the assertion that firms utilizing specialized legal software 

achieve superior outcomes compared to those relying on general-purpose search engines. 

Hypothesis 3 (p = 0.000) demonstrates that specialized tools like Nexis Lexis and Ross 

Intelligence provide tailored features that significantly enhance research accuracy and 

efficiency. These tools are designed specifically for legal applications, offering 

functionalities such as case law linking, predictive analytics, and relevance ranking. 
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Case law linking, for instance, allows legal professionals to identify precedents and related 

cases with unparalleled speed and precision. This not only reduces the time required for 

legal research but also ensures that attorneys have access to the most relevant and up-to-

date information. Predictive analytics further enhance decision-making by analysing 

historical data to forecast case outcomes, helping lawyers to develop more effective 

strategies. Relevance ranking, a feature that prioritizes the most pertinent search results, 

eliminates the need to sift through irrelevant information, streamlining the research 

process. 

In contrast, general-purpose search engines often lack the specificity and sophistication 

required for legal research. While they can retrieve a broad range of information, the results 

are typically less targeted and may require significant effort to filter and validate. This not 

only increases the time spent on research but also raises the risk of overlooking critical 

information. For example, a general search engine may prioritize results based on 

popularity rather than legal relevance, leading to suboptimal outcomes. 

The use of specialized legal software also contributes to a firm’s competitive advantage. 

Clients increasingly demand high-quality, efficient services, and firms that invest in expert 

legal technologies are better positioned to meet these expectations. Additionally, 

specialized tools can enhance collaboration within the firm by providing shared access to 

databases and research findings, fostering a more integrated approach to case management. 

The study underscores the necessity for firms to prioritize investment in specialized legal 

technologies. This not only ensures the delivery of high-quality outcomes but also positions 

firms as leaders in innovation within the legal industry. By leveraging the capabilities of 

these advanced tools, firms can enhance their operational efficiency, improve client 

satisfaction, and maintain a competitive edge in an increasingly digital legal landscape. 

5.4 Costs and Efficiency 

5.4.1 Reduction in Errors 

One of the most compelling findings of this study is the significant reduction in errors 

associated with the use of automated databases for tasks such as permission sorting and 



 

 

112 

document search. Hypothesis 5 (p = 0.000) clearly indicates that law firms employing 

automated systems experience fewer errors compared to those relying on manual methods. 

This reduction in errors can be attributed to the inherent strengths of automation in 

eliminating human oversight and inconsistencies. In a legal setting, where precision and 

accuracy are paramount, even small errors—such as misfiled documents or overlooked 

precedents—can have severe consequences. These mistakes can not only delay the legal 

process but also lead to unfavourable outcomes in cases, potentially harming clients and 

damaging the firm's reputation. 

Automation minimizes human error by performing repetitive tasks in a consistent and 

systematic manner, ensuring that information is processed and organized according to 

predefined rules. For example, an AI-powered document search tool can quickly and 

accurately sift through vast amounts of data to identify relevant information, whereas a 

human researcher might miss crucial details or misclassify documents. The ability to 

automate complex sorting tasks ensures that important documents are consistently 

identified and categorized, reducing the risk of errors that could otherwise impact case 

outcomes. 

Beyond improving accuracy, error reduction directly contributes to greater client 

satisfaction. Clients expect law firms to handle their cases with the utmost care and 

attention to detail, and mistakes can erode trust. When a firm utilizes automated systems 

to minimize errors, clients are more likely to feel confident that their legal matters are being 

managed efficiently and accurately. Moreover, reducing errors mitigates the risk of costly 

legal disputes that might arise from incorrect filings, missing evidence, or improper case 

handling. Legal professionals and firms that embrace automation are better equipped to 

uphold their reputation by consistently delivering high-quality, error-free services. 

The dual benefits of automation are evident not only in the reduction of errors but also in 

its positive impact on service quality. When automation is integrated into a firm's 

workflow, it enables staff to focus on higher-value tasks, such as strategy development and 

client communication, while the routine administrative work is handled by AI systems. 

This can lead to faster turnaround times and more effective legal services, which are critical 
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in a competitive legal environment. The improved service quality, in turn, strengthens 

client relationships and enhances the firm's reputation, contributing to long-term success 

and client retention. 

5.4.2 Perceived IT Costs 

Hypothesis 6 (p = 0.000) reveals that law firms that implement automation technologies 

tend to perceive IT service costs as more reasonable compared to firms that rely heavily on 

human resources. This finding suggests that automation not only improves operational 

efficiency but also provides firms with a better return on investment by reducing long-term 

operational expenses. 

The initial investment in automation technologies may be substantial, as firms must 

purchase the necessary software, integrate systems, and train employees. However, these 

upfront costs are quickly offset by the significant reductions in ongoing operational costs. 

For example, AI-powered contract drafting tools can generate drafts in minutes, compared 

to the hours of labour required for manual drafting. In addition to speeding up the process, 

automation tools reduce the risk of errors, which can otherwise incur costly rework or 

revisions. The cumulative savings from these efficiencies can make automation an 

incredibly cost-effective solution in the long term. 

Furthermore, automation allows law firms to streamline operations, minimizing the need 

for a large workforce dedicated to routine tasks. In traditional legal settings, employees 

may spend considerable time performing administrative work, such as reviewing contracts, 

sorting documents, or conducting basic legal research. By automating these processes, 

firms can reduce the amount of time spent on non-billable tasks, freeing up human 

resources for more complex and billable work. This not only enhances the efficiency of 

operations but also allows firms to reallocate resources toward activities that directly 

contribute to profitability, such as client acquisition, case strategy, and business 

development. 

The reduction in reliance on human resources is especially valuable in the context of labour 

costs. Legal professionals are often highly paid, and their time is valuable. Automating 
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routine tasks means that human resources are utilized more efficiently, focusing on high-

impact tasks that leverage their expertise. For example, a lawyer may spend hours 

reviewing contracts or sifting through case law, but with automation tools in place, this 

time can be significantly reduced. The ability to reallocate time from administrative 

functions to client-facing and strategic work ultimately boosts the overall profitability of 

the firm. 

Another key point is that the perception of IT service costs as “more reasonable” is 

indicative of the long-term value automation provides. Although implementing automated 

systems may initially seem expensive, firms that adopt these tools view the costs as a 

necessary investment that results in substantial savings over time. Automation reduces the 

need for manual labour, cutting down on both direct labour costs and the indirect costs 

associated with human errors. Moreover, the return on investment from automation 

technologies is often more predictable and measurable than relying on human labour, 

which can fluctuate due to factors like turnover, training costs, or variations in workload. 

The overall profitability of law firms improves as they scale automation tools across 

different practice areas. For example, firms can automate tasks across various departments, 

such as document management, contract analysis, and discovery processes. As the firm 

becomes more proficient in using automation technologies, the associated costs continue 

to decrease, while productivity and accuracy increase. The long-term benefits of 

automation in legal firms are clear, as it provides substantial cost savings, improves service 

delivery, and enhances overall operational efficiency. 

The findings regarding error reduction and perceived IT costs underscore the critical role 

of automation in enhancing operational efficiency and cost-effectiveness within law firms. 

By reducing human error and automating routine tasks, firms can deliver more accurate 

and timely services to clients while simultaneously reducing costs. The initial investment 

in automation pays off over time, providing firms with a better return on investment and 

enabling them to allocate resources more effectively. As the legal sector continues to 

evolve, firms that embrace automation technologies will be well-positioned to thrive in an 

increasingly competitive and cost-conscious market. 
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5.5 Adoption and Awareness of AI 

5.5.1 Awareness and AI Implementation 

One of the most important findings in the study relates to the correlation between 

heightened awareness of AI’s potential and its subsequent adoption in legal practices. 

Hypothesis 8 (p = 0.001) supports the notion that as law firms become more aware of the 

capabilities of AI, the likelihood of implementing AI tools significantly increases. This 

connection highlights the critical role that awareness campaigns, demonstrations, and 

educational efforts play in promoting the adoption of AI technologies within the legal 

industry. 

In many law firms, skepticism surrounding AI technologies persists, with some 

professionals questioning whether these tools can truly enhance legal practice. However, 

the study reveals that educational efforts, including workshops, seminars, and real-life case 

studies showcasing the effectiveness of AI, have been essential in shifting these 

perceptions. These campaigns provide practical insights into AI’s capabilities, helping 

firms understand how the technology can complement existing workflows and improve 

operational efficiency. By addressing initial doubts and showcasing the tangible benefits 

of AI tools, such as automated privilege tagging and advanced document discovery 

systems, law firms are more inclined to adopt these solutions. 

For example, when law firms educate their staff on AI tools, they are able to facilitate 

smoother transitions into AI-driven environments, leading to faster and more effective 

implementation. Legal professionals are not only able to understand how these 

technologies work but also how they can optimize their use. This education helps overcome 

resistance to change and fosters a culture of innovation, where AI becomes an integral part 

of the legal practice. The implementation of AI tools also results in substantial gains in 

efficiency and accuracy, with firms reporting faster case resolutions and fewer errors in 

document processing. 

Awareness has proven to be a key enabler of AI adoption, with firms that actively educate 

their employees on the possibilities of AI being better positioned to take full advantage of 
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the technology. As the legal community becomes more familiar with AI’s potential, its 

widespread adoption within law firms continues to grow. This increasing familiarity and 

comfort with AI tools lay the foundation for future advancements, ensuring that firms can 

adapt to evolving technologies and maintain their competitive edge. 

5.5.2 AI as a Complementary Tool 

Hypothesis 9 (p = 0.010) suggests that AI is increasingly viewed as a complementary tool, 

rather than a replacement for human expertise, particularly in firms with higher levels of 

AI platform integration. This finding reflects a deeper understanding within the legal 

community that AI’s role is not to replace human decision-making but to enhance it. As 

such, AI is seen as an augmentation to human intelligence, providing legal professionals 

with data-driven insights and automating routine tasks that would otherwise be time-

consuming and tedious. 

In this context, AI allows lawyers to focus on the higher-value aspects of their work, such 

as complex decision-making, legal strategy, and client interactions, while delegating more 

repetitive and administrative tasks to AI-driven systems. For example, AI-powered legal 

research tools can identify relevant case law in mere minutes, a task that could take hours 

or even days to complete manually. By reducing the time spent on such tasks, AI frees up 

lawyers to focus on critical aspects of their cases, enabling them to build stronger, more 

robust arguments. This also enables lawyers to spend more time on client engagement, 

improving service delivery and client satisfaction. 

The complementary role of AI in legal practice is particularly evident in areas such as 

document review, contract management, and e-discovery. For instance, AI systems can 

scan vast volumes of legal documents, highlight key terms, and suggest relevant clauses, 

helping lawyers quickly locate the information they need without sifting through each 

document individually. However, human expertise remains essential in interpreting the 

context of the information and making informed decisions based on the AI-generated 

insights. The collaborative nature of AI and human expertise underscores the value of 

technology in empowering legal professionals to work more efficiently and effectively. 
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Firms that integrate AI tools into their operations in a way that complements human 

expertise report increased productivity and a more seamless workflow. This partnership 

between AI and human intelligence offers the best of both worlds—AI handles time-

consuming tasks and provides data-driven insights, while human lawyers apply their 

judgment, creativity, and legal expertise to complex legal issues. This reinforces the idea 

that AI is not a threat to legal professionals but rather a powerful tool to enhance their 

practice. 

5.5.3 Long-Term AI Usage 

Hypothesis 10 (p = 0.000) emphasizes the long-term benefits of AI adoption, highlighting 

that firms which have used AI for over a year report increased confidence in the value of 

the technology. The findings suggest that firms with more prolonged exposure to AI-based 

systems develop a deeper understanding of the advantages they provide, particularly in 

terms of reducing operational costs and improving the efficiency of legal processes. 

Long-term users of AI technology report that, with time, they have refined their use of AI 

tools, leading to better integration into their workflows and greater effectiveness. For 

instance, firms that initially implemented AI for specific tasks such as document discovery 

or contract management have expanded their use of the technology to other areas of their 

operations. These firms are now utilizing AI across multiple practice areas, benefiting from 

its ability to streamline routine tasks, improve case preparation, and facilitate more 

informed decision-making. 

The continued use of AI in legal practices allows firms to see the cumulative effects of 

automation on their operations. As firms gain more experience with AI tools, they are able 

to develop better strategies for leveraging the technology and integrate it more seamlessly 

into their day-to-day processes. Over time, these firms become more adept at maximizing 

the capabilities of AI, ensuring that the technology is used to its full potential. This leads 

to sustained improvements in efficiency, cost-effectiveness, and service delivery, 

contributing to long-term success. 
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Furthermore, long-term users of AI are more likely to recognize its value in terms of both 

tangible and intangible benefits. In addition to the obvious cost and time savings, AI’s 

ability to enhance decision-making and improve client outcomes has led many firms to 

develop a stronger commitment to its continued use. For example, firms that have 

integrated AI into their case management systems report faster resolution times and better 

client satisfaction, as AI helps legal professionals stay organized and focused on key case 

elements. 

This long-term confidence in AI highlights the importance of sustained investment in the 

technology. Firms that continuously refine their AI adoption strategies and invest in 

training and development are more likely to achieve sustained success with AI. Iterative 

improvements to AI systems, based on real-world usage, further enhance their capabilities, 

creating a feedback loop that accelerates the positive impacts of AI on legal practice. 

The findings related to awareness and long-term AI usage underscore the transformative 

potential of AI within the legal profession. As firms become more aware of AI’s benefits, 

they are better equipped to adopt and integrate AI tools into their operations. Over time, 

these tools complement human expertise, improving productivity and efficiency, while 

reducing operational costs. Long-term exposure to AI enables firms to refine their use of 

the technology, leading to greater success and innovation. This demonstrates that AI is not 

only a short-term solution but a long-term asset for legal practices. 

5.6 Challenges and Potential in Legal Technology 

5.6.1 Major Barriers to AI Deployment 

Hypothesis 11 (p = 0.002) identifies two significant barriers to the deployment of AI in 

legal firms: data security risks and the lack of skilled personnel. These challenges have 

proven to be critical hurdles, hindering the widespread adoption of AI technologies in the 

legal sector. 

Data security is a paramount concern for law firms, as they handle sensitive and 

confidential information, including client data, legal documents, and case details. Any 

breach of this data can have severe consequences, not only in terms of legal ramifications 
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but also in terms of reputation and client trust. Law firms must implement robust 

cybersecurity measures to ensure that AI tools do not expose sensitive information to 

unauthorized access or exploitation. AI systems can potentially introduce vulnerabilities, 

such as weaknesses in encryption or risks in cloud storage solutions, making cybersecurity 

a top priority in AI implementation strategies. Legal firms that fail to adequately address 

these risks may face significant liabilities, including regulatory penalties, loss of client 

business, and reputational damage. As a result, firms must invest in secure AI solutions 

that are designed with strong data protection protocols in place, ensuring compliance with 

privacy laws and industry standards. 

Additionally, the shortage of professionals trained in both law and technology is a 

significant barrier to AI deployment. The successful implementation of AI requires not 

only an understanding of legal principles but also an expertise in technology and AI 

systems. Legal professionals, traditionally not versed in tech-related issues, must be 

equipped with the necessary skills to leverage AI tools effectively. Furthermore, the 

shortage of professionals who possess expertise in both law and technology exacerbates 

the challenge. AI is a rapidly evolving field, and keeping up with technological advances 

requires continuous learning and professional development. Therefore, law firms need to 

invest in specialized training programs to upskill their workforce, ensuring that they are 

capable of implementing, managing, and making informed decisions about AI 

technologies. This training should not only focus on the technical aspects of AI tools but 

also on their ethical, legal, and procedural implications, ensuring that firms use AI in a 

manner that aligns with legal standards and professional conduct. 

To address these barriers, law firms must adopt a multi-faceted approach. This includes 

investing in robust cybersecurity infrastructure, ensuring that AI solutions are secure by 

design and meet legal industry standards for data protection. Furthermore, firms must 

prioritize training initiatives to develop a skilled workforce that is equipped to navigate the 

intersection of law and technology. By addressing these challenges, law firms can position 

themselves to fully leverage the benefits of AI, enhancing efficiency and improving client 

outcomes. 
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5.6.2 Development Potential in Developing Markets 

Hypothesis 12 (p = 0.12) explores the development potential for AI-driven legal solutions 

in developing markets, such as India. While there is optimism about the growth of AI in 

these regions, this optimism is not uniformly distributed, with several factors influencing 

adoption rates. Despite these challenges, AI holds significant promise in improving the 

efficiency of legal processes, particularly in document discovery and privilege 

classification, in resource-constrained environments. 

Firms in developing markets recognize the substantial benefits AI can bring, such as 

automating document review, legal research, and case management, all of which are 

traditionally time-consuming and costly. However, several barriers hinder the widespread 

adoption of AI in these regions. One of the primary obstacles is infrastructure limitations. 

In many developing markets, the legal sector lacks the necessary technological 

infrastructure, such as high-speed internet, reliable cloud computing solutions, and data 

storage capabilities, to support the seamless integration of AI tools. Without the proper 

infrastructure, law firms may struggle to implement AI technologies or experience 

significant delays in AI adoption. 

Regulatory uncertainty is another significant challenge in developing markets. In countries 

like India, there are no comprehensive frameworks or clear guidelines regarding the use of 

AI in legal practice. Without regulatory clarity, law firms are hesitant to invest in AI 

technologies due to the lack of legal assurances regarding the compliance and ethical use 

of AI tools. The legal profession is inherently conservative, and firms are wary of adopting 

technologies that could raise ethical or regulatory concerns. As such, governments and 

regulatory bodies in developing markets must create clear policies and regulations around 

the use of AI in law to foster an environment of trust and promote innovation. 

Cultural resistance is also a significant barrier. In many developing markets, traditional 

legal practices are deeply ingrained, and there is a reluctance to embrace technological 

change. Lawyers and legal professionals in these markets often rely on established 

methods, and the introduction of AI may be seen as a threat to their professional autonomy 
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or expertise. Overcoming this resistance requires cultural shifts within the legal 

community, encouraging legal professionals to see AI as an augmentative tool rather than 

a replacement for human skills. 

Despite these barriers, the potential for AI in developing markets remains substantial. AI 

can help address some of the most pressing challenges in the legal sector, such as access to 

justice and affordability. For instance, AI-powered legal tools can enable lawyers in 

developing markets to provide faster, more accurate services to clients at a lower cost. By 

automating document discovery and privilege classification, AI can drastically reduce the 

time and cost associated with manual review, making legal services more accessible to a 

wider range of clients. Furthermore, AI can help bridge the gap in access to legal resources, 

especially in regions with limited access to skilled professionals. As AI adoption grows in 

developing markets, these barriers can be mitigated through strategic investments in 

infrastructure, policy development, and cultural change. 

5.6.3 Efficiency Gains in Document Discovery 

Hypothesis 13 (p = 0.010) strongly supports the assertion that AI technologies can 

drastically improve the efficiency of document discovery, a traditionally time-intensive 

and resource-heavy process in legal practice. Document discovery, which involves 

reviewing and organizing large volumes of legal documents to identify relevant 

information for cases, has historically been one of the most labour-intensive tasks in law 

firms. By automating this process, AI significantly reduces the time and effort required for 

case preparation. 

AI-powered tools can quickly scan vast quantities of documents, identifying key terms, 

relevant case law, and privileged information. This automation not only speeds up the 

discovery process but also ensures that documents are categorized and organized 

accurately, minimizing the risk of human error. In legal practice, where accuracy is 

paramount, reducing the potential for mistakes in document discovery can have a 

significant impact on the outcome of a case. Furthermore, AI tools can handle repetitive 

tasks that would otherwise be performed manually, allowing legal professionals to focus 
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their attention on more complex tasks such as analysing evidence, developing legal 

strategies, and engaging with clients. 

The efficiency gains from AI in document discovery can lead to faster resolution of legal 

matters, which benefits both clients and practitioners. Clients can receive quicker responses 

and more timely updates, enhancing their satisfaction with the legal services they receive. 

At the same time, firms can handle more cases with fewer resources, increasing their 

overall profitability. By automating time-consuming tasks, AI enables firms to provide 

better service at a lower cost, making legal services more accessible and competitive in the 

market. 

The findings regarding major barriers to AI deployment, the development potential in 

developing markets, and the efficiency gains in document discovery demonstrate the 

challenges and the transformative potential of AI in the legal sector. While obstacles such 

as data security risks, skilled personnel shortages, infrastructure limitations, and cultural 

resistance must be addressed, AI’s ability to enhance efficiency and improve service 

delivery is undeniable. Law firms that overcome these barriers will be well-positioned to 

harness AI’s full potential, driving innovation, reducing costs, and improving client 

outcomes in an increasingly competitive and technology-driven legal landscape. 

5.7 Client Satisfaction and Software Utilization 

5.7.1 Standardized IT Systems and Customer Happiness 

Hypothesis 14 (p = 0.021) reveals that law firms employing standardized IT systems and 

automated billing solutions report higher levels of client satisfaction. This finding 

underscores the significant role that efficient, transparent systems play in fostering trust 

and enhancing the overall client experience. Standardized IT systems streamline a variety 

of processes within law firms, from document management to case tracking, ensuring that 

legal professionals can provide more accurate and timely services. These systems improve 

operational efficiency, reduce human error, and ensure consistency across the firm's 

operations. 
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Automated billing software, in particular, is a key contributor to this improved client 

satisfaction. By automating the billing process, law firms can eliminate discrepancies and 

mistakes that are often associated with manual billing methods. Manual billing systems are 

prone to errors, such as incorrect hourly rates, missed charges, or duplicate billing, all of 

which can create confusion and frustration for clients. Automated billing, on the other 

hand, ensures that clients are charged accurately for the services rendered, with clear 

breakdowns of fees and expenses. This transparency fosters trust between the firm and the 

client, as clients feel confident that they are being billed fairly and without hidden costs. 

Moreover, automated billing systems contribute to the overall efficiency of law firms by 

reducing administrative burdens. Lawyers and staff no longer need to spend time manually 

tracking billable hours or generating invoices, allowing them to focus on more value-added 

activities. Clients, in turn, benefit from faster, more accurate billing cycles, which increases 

their satisfaction with the firm’s services. The combination of operational efficiency and 

pricing transparency results in a positive client experience, which is crucial in an 

increasingly competitive legal market where clients are becoming more discerning and 

cost-conscious. 

These findings highlight the growing importance of standardized IT systems in enhancing 

client relationships and satisfaction. As law firms continue to embrace automation and 

standardization, they can build stronger, more trusting relationships with their clients, 

ultimately improving client retention and encouraging repeat business. 

5.7.2 Contract Drafting and Service Cost Software 

Hypothesis 15 (p = 0.005) demonstrates that the choice of software for contract drafting 

significantly impacts service costs. Firms that use advanced contract drafting tools can 

process agreements more efficiently, reducing both time and expense. This finding 

highlights the strategic importance of investing in high-quality software to maintain cost 

competitiveness in an increasingly client-driven market. 

Contract drafting is a critical part of many legal practices, but it is also a highly time-

consuming and resource-intensive task. Traditional methods of contract drafting often 
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involve manually reviewing and editing lengthy documents, ensuring that each clause is 

accurate and legally sound. This process can take hours or even days, depending on the 

complexity of the agreement. However, AI-powered contract drafting software automates 

much of this process, enabling firms to create contracts more quickly and with fewer errors. 

These tools use machine learning algorithms to analyse and extract key provisions from 

templates and past agreements, suggesting language and clauses that are legally appropriate 

and consistent with previous contracts. 

By reducing the time spent on contract drafting, AI tools not only lower labour costs but 

also improve the overall efficiency of legal workflows. Lawyers can spend less time on 

routine document preparation and focus more on higher-value tasks, such as negotiating 

terms or advising clients on legal strategy. Furthermore, these tools improve the accuracy 

of contract drafts, minimizing the risk of costly errors or omissions that could lead to legal 

disputes or delays. 

The reduction in time and costs associated with contract drafting also translates into better 

pricing flexibility for clients. Firms that adopt advanced drafting tools can offer more 

competitive pricing for their services, as they can complete tasks more efficiently without 

sacrificing quality. This pricing flexibility is particularly important in a client-driven 

market, where clients are increasingly seeking cost-effective solutions. By leveraging AI-

powered drafting tools, firms can deliver faster, more accurate contracts at lower costs, 

thus improving both profitability and client satisfaction. 

This finding emphasizes the strategic value of investing in advanced legal technologies, 

particularly those that streamline labour-intensive tasks like contract drafting. By 

incorporating these tools into their operations, firms can reduce overhead costs, improve 

service quality, and maintain a competitive edge in an increasingly cost-conscious legal 

market. 

In conclusion, this research underscores the transformative potential of legal technology, 

particularly AI-driven tools, in enhancing efficiency, reducing costs, and improving client 

satisfaction. The findings demonstrate how AI tools, such as automated billing systems and 
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advanced contract drafting software, can significantly streamline processes within law 

firms, leading to more efficient operations and better client experiences. By adopting 

standardized IT systems and integrating automation into their workflows, firms can 

enhance transparency, reduce human error, and foster stronger client relationships. 

However, the study also highlights several barriers that need to be addressed for firms to 

realize the full benefits of AI and other legal technologies. Data security concerns and skill 

gaps remain significant challenges, preventing some firms from fully embracing these 

innovations. To overcome these obstacles, firms must invest in robust cybersecurity 

measures, ensure compliance with data protection regulations, and provide ongoing 

training and development for their staff. As firms gain more experience and confidence in 

AI solutions, their adoption is likely to accelerate, driving further innovation and 

competitiveness in the legal sector. 

Ultimately, the research suggests that the legal profession stands to gain significantly from 

the continued integration of AI technologies. Firms that embrace these innovations will not 

only improve operational efficiency but also enhance client satisfaction, positioning 

themselves for long-term success in an increasingly competitive and technology-driven 

market. 
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APPENDIX A: 

QUESTIONNAIRE  

1. Name of Law Firm _______________________________ (txt_ optional) 

 

2. Town __________________________________________ txt 

 

3. Distance to the Service Court__________________________ num 

 

4. Location _______________________________________ (can Include GPS) 

 

5. Number of Senior partners__________________________ (num) 

 

6. Number of Junior Partners ___________________________ (num) 

 

7. Number of Support Staff ______________________________ (num) 

 

8. Do you have a full time IT consultant/ employee? ____________(yes/no)? 

 

-   If no, how do you source for your IT Services? _____________ (txt) 

 

9. What IT services do you have in your organization? _______________ 

(multiple response) 
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•  Internet 

 

•  Open source email (Gmail, Yahoo, Outlook) 

 

•  Server/Host based email 

 

•  Employee database 

 

•  Case database 

 

•  Networked system 

 

•  Legal search subscriptions 

• If Case database, what sort of database do you use? (SQL, Microsoft, 

Oracle, Office, Open Source) 

 

• If Employee database, what sort of database do you use? (SQL, Microsoft, 

Oracle, Office, Open Source) 

 

• If Legal Search Subscriptions, which providers are you subscribed to? 

 

10. How reasonable is your total it cost per year? ________________ (singular tick) 

•  Reasonable 
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•  Very high 

•  High 

•  Very law 

•  Cheap 

11. How do you search for your precedent cases? ____________ (multiple response) 

 

•  Manual using law reports 

 

•  Online using search engines 

 

•  We have a search platform/ software 

 

12. If answered we have a search platform, please indicate the platform that you use; 

• How do you subscribe to it? 

• Does it provide you with what you want from it on a day-to-day basis? 

 

13. If answered, we use search engines; which search engines do you use? 

• How frequently do you access them? 

• Do you pay a fee to access them? ___ y/n If yes how much____ num/ USD figure 

 

14. Who does the legal research in your organization? ____ (multiple response) 

•  Each lawyer does for themselves 

•  Junior partners 
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•  We have a legal researcher 

•  Paralegals 

•  Legal assistants 

•  Outsource 

• If answered legal assistants and/or paralegals, How many do you have? 

____, How are they assigned to the attorneys? _____ txt 

 

15. Have you heard about the following legal software? ___ multiple responses 

•  Nexis lexis 

•  Diligence 

•  Ross Intelligence 

•  Rave law 

16. If yes to any, do you think it can work to support Legal research processes in 

your organization? (follow up to each response) 

• Yes, it can work perfectly well 

• Not sure how much it works 

• Still need to get more information 

• It does not work 

17. Do you utilise India Legal Institute Platforms for Legal research? __ y/n 

• If yes, what do you search on the platform 

• If yes, how long have you been utilising it for legal search 

18. How much time do you spend on case research? __ num/USD 

19. How do you prepare your bills for legal research? 
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•  Per hour 

•  Standard search cost 

•  Agreeable with client 

•  Law society prescribed 

20. How do you handle you Document Discovery processes? 

•  Manual discovery processes 

•  Computerized discovery 

• If computerized, which software do you use? 

• Do you pay for it? If yes, how much? 

 

21. How much time do you spend on discovery processes after documents have 

been shared or when there is a request for discovery? 

• What are the common omissions in document discovery processes? 

• How do you document your discoveries? 

• Database 

• Hard paper filling 

• Dropbox/ google drive or other online platforms 

• Filling on computer 

 

22. How do you handle issues of privilege? 

• Manual privilege classification 

• Computerised privilege classification 

• If computerized, which software do you use? 
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• Do you pay for it? If yes, how much? 

 

23. How much time per case work do you spend on dealing with issues of privilege 

if there any in a specific case? 

• What are the common omissions in Privilege classification processes? 

• How do you document your Privilege issues? 

• Database 

• Hard paper filling 

• Dropbox/ google drive or other online platforms 

 

• Filling on computer 

 

24. How do you handle issues of contract drafting? 

• Manual privilege classification 

• Computerised privilege classification 

• If computerized, which software do you use? 

• Do you pay for it? If yes, how much? 

 

25. How much time per casework do you spend on dealing with issues of privilege, 

if there are any, in a specific case? 

• What are the common omissions in Privilege classification processes? 

• How do you document your Privilege issues? 

• Database 
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• Hard paper filling 

• Dropbox/ google drive or other online platforms 

• Filling on computer 

26. What are the average costs that you charge for the following? 

- Dealing with issues of privilege____________ (num_curency 

value) - Drafting contracts_______________________ 

(num_curency value) 

- Working document classification_____________ (num_curency value) 

- Research on thematic issues__________________ (num_curency 

value) 

27. Have you heard of Artificial intelligence? ___ y/n 

28. If yes, what does it mean to you and your business? ______ txt 

29. Which of the following would you like to see automated for effective 

service provision? 

 

-   Contract drafting 

 

- Due diligence approvals for 

contracts - Automated discovery 

 

-   Automated privilege 

 

- Case storage and 

retrieval - Precedent 

search 



 

 

133 

 

- Service of process at the 

courts - Other_______ please 

specify 
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APPENDIX B:  

INTERVIEW QUESTIONS 

Dear Participant 

This Key Informant Interview maybe recorded and transcribed for deeper engagement 

latter and to ensure that no information is missed. I am hoping that we will take between 

25 and 45 minutes for this discussion 

 

Guiding questions 

 

1. We can start by you giving me a brief background of your organization and what it 

does 

 

2. How long have you been in existence doing the same work that you are currently 

engaged with? 

 

3. What sort of legal technology do you utilize? 

 

4. Tell me about your experience using and programming AI tools for legal service 

provision 

 

5. Which AI platforms do you utilize? 

 

6. In your opinion, can you say that your programme is well receive in the legal 

profession? Do lawyers and attorneys see the value it offers? 
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7. What sort of challenges or questions do you often get from the legal profession over 

the use of your technology? 

 

8. How big is your market? do you see potential for growth or investment in Legal 

tech? 

 

9. Do you offer your services in India? have you made any efforts to penetrate the 

market or do you see and potential for legal tech investment in such countries 

 

10. Have you considered/ do you have platforms for Document Discovery and 

Privilege Classification, how do they work? 

 

-   If they do not have, probe on whether they see potential for investment in that 

regard 

 

11. Can you say that you programme has reduced the cost of access to justice of 

effectively reduced the time litigants take to have their cases finalized? 

 

12. How do you respond to the assertion that AI has come to replace human lawyers? 

is it something that you foresee your company being involved in?  

 

13. What are the risks that you see likely affecting adoption and development of AI in 

issues of privilege and Document Discovery processes? 
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